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A B S T R A C T

High rates of metabolic risk factors contribute to premature mortality in patients with severe mental disorders, 
but the molecular underpinnings of this association are largely unknown. We performed the first analysis on 
shared genetic factors between severe mental disorders and metabolic traits considering the effect of sex. We 
applied an integrated analytical pipeline on the largest sex-stratified genome-wide association datasets available 
for bipolar disorder (BD), major depressive disorder (MDD), schizophrenia (SZ), and for body mass index (BMI) 
and waist-to-hip ratio (WHR) (all including participants of European origin). We observed extensive genetic 
overlap between all severe mental disorders and variants associated with BMI in women or men and identified 
several genetic loci shared between BD, or SZ and BMI in women (24 and 91, respectively) or men (13 and 208, 
respectively), with mixed directions of effect. A large part of the identified genetic variants showed sex differ-
ences in terms of location, genes modulated in adipose tissue and/or brain regions, and druggable targets. By 
providing a complete picture of disorder specific and cross-disorder shared genetic determinants, our results 
highlight potential sex differences in the genetic liability to metabolic comorbidities in patients with severe 
mental disorders.

1. Introduction

Patients with severe mental disorders such as bipolar disorder (BD), 
major depressive disorder (MDD) and schizophrenia (SZ) show excess 
mortality and decreased life expectancy, mainly due to a high preva-
lence of comorbid chronic disorders such as cardiovascular disorders 
(Han et al., 2021). High rates of metabolic risk factors greatly contribute 
to this comorbidity. A recent meta-analysis including 107 studies and 
139,282 participants, showed that patients with severe mental disorders 
are three times more likely to have obesity compared with the general 
population (Afzal et al., 2021). Importantly, the meta-analysis also 

showed that women with SZ are 1.44 times more likely than men with 
SZ to live with obesity, suggesting potential sex differences in the co-
morbidity between mental and metabolic disorders. Besides contrib-
uting to increased incidence of cardiovascular disorders, obesity may 
also exert a negative impact on the clinical course and treatment 
outcome in mental disorders. In patients with BD, obesity is associated 
with worse global functioning, poorer treatment response and a chronic 
course of illness (Gimenez-Palomo et al., 2022), as well as worse 
response to mood stabilizers (McElroy et al., 2016). Furthermore, both 
BD and BMI have been suggested to additively impact the structure of 
many of the same brain regions and to be negatively associated with 
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cortical thickness (McWhinney et al., 2023). Similarly, metabolic 
comorbidities have been associated with worse depression outcome 
(Garcia-Toro et al., 2016) and with more severe cognitive deficits in 
patients with SZ (Bora et al., 2017).

Although a link between mental disorders and metabolic traits has 
been established, the molecular underpinnings of this comorbidity have 
only recently started to be investigated and are still largely unknown. 
The factors underlying the association between mental disorders and 
metabolic risk factors are manyfold and include, among others, lifestyle 
factors (e.g. diet, physical activity, smoking habits), metabolic adverse 
effects of psychotropic drugs, but also shared genetic determinants 
(Bahrami et al., 2020; Chen et al., 2023; Pisanu et al., 2019; Yu et al., 
2023). Substantial sex differences characterize metabolic phenotypes 
such as body composition, muscle mass, adipose distribution, glucose 
homeostasis, incidence of metabolic disorders as well as genetic de-
terminants of metabolic traits (Chella Krishnan et al., 2018; Pulit et al., 
2019). However, the effect of biological sex on shared heritability be-
tween mental disorders and metabolic phenotypes has scarcely been 
investigated. A recent study used bivariate linkage disequilibrium score 
regression (LDSC) to investigate pairs of traits with shared genetic fac-
tors by computing sex-specific genetic correlations among 12 psychiatric 
phenotypes from the Psychiatric Genomics Consortium (PGC) and body 
composition traits derived from the UK Biobank (Hubel et al., 2019). In 
this study, anorexia nervosa showed a stronger negative correlation with 
body fat percentage in women (genetic correlation coefficient [rg] =
− 0.44) than in men (rg = − 0.26) with a significant difference of δrg =

− 0.17 (p = 4.2 × 10− 5), while no significant sex differences emerged for 
other mental disorders. Since global genetic correlation does not allow 
to identify which genetic loci contribute to the observed signal, and 
might not detect associations between pairs of traits for which shared 
genetic signals are limited to specific parts of the genome or show 
opposite direction of effect, novel analytical methods taking into ac-
count these aspects can increase our understanding of the genetic 
overlap between mental disorders and metabolic traits (Bahrami et al., 
2020; Rodevand et al., 2021a; Rodevand et al., 2021b; Torgersen et al., 
2022). Bahrami and colleagues used the conjunctional false discovery 
rate (conjFDR) method and identified 63, 17, and 32 loci shared be-
tween BMI and SZ, BD and MDD, respectively (Bahrami et al., 2020). 
The authors observed a mixture of direction of effects, especially for SZ, 
as the majority of loci associated with increased risk of SZ was also 
associated with lower BMI. Similar results were reported by a more 
recent study investigating the genetic overlap between SZ and two 
cardiometabolic risk factors (BMI and triglyceride levels) (He et al., 
2022). This study confirmed a discordant direction of effect for most of 
the identified variants and reported four novel loci (nearest genes: 
DERL2, SNX4, LY75 and EFCAB6) shared between SZ and BMI (He et al., 
2022). In addition, a recent study using mendelian randomization on 
large GWAS datasets showed a significant causal effect of BMI on SZ (Yu 
et al., 2023). Concerning other mental disorders, two studies conducted 
by Rødevand and colleagues suggested substantial polygenic overlap 
between cardiovascular risk factors (including BMI) and BD (Rodevand 
et al., 2021a) or different mental disorders (Rodevand et al., 2021b). 
While previous studies greatly contributed to the identification of shared 
genetic loci between mental disorders and metabolic phenotypes, to our 
knowledge no study considered the effect of sex. Therefore, the aim of 
the present study was to investigate whether shared genetic de-
terminants between severe mental disorders and metabolic traits might 
be associated with metabolic factors in a sex-specific way. We used 
state-of-the-art approaches to perform the analyses on the largest 
available public datasets on severe mental disorders and two metabolic 
phenotypes (BMI and waist-to-hip ratio adjusted for BMI, WHRadjBMI). 
Using bivariate causal mixture models (MiXeR) we quantified the 
trait-specific and shared architecture of sex-stratified mental disorders 
and metabolic phenotypes. Next, we used the conjFDR method to 
identify shared genetic loci between sex-stratified mental disorders and 
metabolic phenotypes. Finally, we integrated gene expression data from 

adipose tissue and brain regions and used different tools to functionally 
annotate and prioritize identified loci and investigate their druggability. 
Our results point to relevant sex differences among severe mental dis-
orders and metabolic phenotypes in terms of shared genetic loci, 
enriched pathways and druggable targets.

2. Methods

2.1. GWAS data

We used the largest publicly available releases of sex-stratified 
GWAS summary statistics from PGC and iPSYCH for BD, MDD and SZ 
(Blokland et al., 2022; Trubetskoy et al., 2022). The BD sample included 
19,924 cases (11,897 females and 8,027 males) and 30,547 controls (15, 
538 females and 15,009 males) of European origin (Blokland et al., 
2022). The SZ sample included 50,807 cases (17,710 females and 33, 
097 males) and 71,993 controls (36,803 females and 35,190 males) of 
European origin (Trubetskoy et al., 2022). Finally, the MDD sample 
included 32,408 cases (22,214 females and 10,194 males) and 38,522 
controls (19,723 females and 18,799 males) of European origin from 
iPSYCH2012 and PGC cohort (Blokland et al., 2022) and 9,469 cases (6, 
325 females and 3,144 males) and 15,207 controls (7,521 females and 7, 
686 males) from the iPSYCH2015i cohort (Als et al., 2023). A 
standard-error weighted meta-analysis across the two MDD datasets was 
conducted with METAL (Willer et al., 2010). We investigated the genetic 
overlap between these three severe mental disorders and two metabolic 
traits: BMI and WHRadjBMI. The latter was selected based on previous 
evidence suggesting that fat distribution, as assessed by waist-hip ratio 
(WHR), is a trait with a strong heritable component, independent of 
overall adiposity measured by BMI, and that WHRadjBMI is an 
easily-measured fat distribution trait that shows a good correlation with 
imaging-based fat distribution measures (Pulit et al., 2019). Sex strati-
fied GWAS summary statistics for BMI (434,794 women and 374,756 
men) and WHRadjBMI (379,501 women and 315,284 men) were ob-
tained from GIANT consortium and UK Biobank (Pulit et al., 2019). For 
all GWAS datasets quality control procedures, including adjustment for 
population stratification, were performed by the original studies, 
informed consent was obtained from all participants and approval was 
obtained by the relevant ethics committees. Analyses were conducted on 
autosomal variants, after exclusion of ambiguous variants (A/T and 
C/G) or variants located in regions characterized by strong LD such as 
the MHC region (chr6:25119106-33854733), chromosome 8p23.1 
(chr8:7200000-12500000) and the MAPT gene 
(chr17:40000000-47000000).

2.2. Global genetic correlation analysis

Cross-trait global genetic correlation analysis was conducted using 
LDSC (Bulik-Sullivan et al., 2015a; Bulik-Sullivan et al., 2015b). To this 
aim, summary statistics were converted into the LDSC format, while LD 
Scores were computed using 1000 Genomes European data 
(Bulik-Sullivan et al., 2015a; Bulik-Sullivan et al., 2015b). The 
cross-trait LDSC method represents an extension of single-trait LDSC to 
estimate heritability and genetic correlation from GWAS summary sta-
tistics. This method allows studying the genetic correlation between 
pairs of traits globally, considering the average of the shared signals 
across the genome, including the contribution of single nucleotide 
polymorphisms (SNP) that do not reach genome-wide significance 
(Bulik-Sullivan et al., 2015a). The method is also robust to possible 
sample overlap and population stratification. A p < 0.0016 was 
considered to be significant according to a multiple testing correction 
based on the Bonferroni correction (i.e. p = 0.05/32 tested genetic 
correlations).
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2.3. Polygenic overlap between severe mental disorders and metabolic 
traits

We first used MiXeR (v. 1.3) to construct conditional QQ plots, which 
represent modified versions of the standard QQ plots that allow to 
visualize the cross-trait polygenic enrichment between pairs of traits. 
These plots are constructed by creating subsets of SNPs based on the 
level of association with the secondary phenotype (using three thresh-
olds p ≤ 0.10, p ≤ 0.01 and p ≤ 0.001). Under the null hypothesis, 
nominal p-values follow the straight line, while under cross-trait poly-
genic enrichment they show leftward deflections as levels of SNP asso-
ciation with the secondary phenotype increase. Next, to quantify the 
genetic overlap between mental disorders and metabolic phenotypes, 
we applied causal mixture models using MiXeR. We computed univari-
ate estimates to quantify trait-influencing loci for each trait of interest 
and bivariate estimates of genetic overlap between pairs of mental dis-
orders and metabolic phenotypes. Additive genetic effects are modeled 
as a mixture of components, that are plotted in Venn diagrams and that 
represent SNPs not associated with any of the two traits, SNPs associated 
with only one trait or with both. These components are plotted in Venn 
diagrams. The rg as well as the dice coefficient (DC), representing the 
proportion of SNPs shared between two traits out of the total number of 
SNPs estimated to be associated with both traits, were also computed. 
The Akaike Information Criterion (AIC) was used to evaluate whether 
the input data (the GWAS summary statistics) had enough statistical 
power.

Finally, to identify specific shared genetic loci between mental dis-
orders and metabolic phenotypes, we used the condFDR/conjFDR 
method implemented in pleioFDR (Andreassen et al., 2013), which al-
lows to re-adjust the GWAS statistics in a primary phenotype (e.g. BD) by 
leveraging pleiotropic enrichment with a GWAS in a secondary pheno-
type (e.g. BMI). For each p-value in the primary phenotype, condFDR 
estimates are obtained by calculating the stratified empirical cumulative 
distribution function of the p-values (Smeland et al., 2020). The strata 
are obtained by the enrichment of SNP associations depending on 
increased p-values in a secondary phenotype (Smeland et al., 2020). The 
conjFDR method is an extension of condFDR aimed at discovering SNPs 
associated with two phenotypes simultaneously. After inverting the 
roles of the primary and secondary phenotypes, the conjFDR is defined 
as the maximum of the two condFDR values. Thresholds for significant 
conjFDR associations were set at 0.05 as in previous studies (Smeland 
et al., 2017; Smeland et al., 2020; Smeland et al., 2021; Smeland et al., 
2018). Loci were considered to be sex-specific in case they did not 
overlap with any locus involving the other sex. To further assess the 
sex-specificity of the identified loci, we searched whether they would 
overlap with any locus involving the other sex in case a more relaxed 
FDR threshold was considered (conjFDR = 0.1).

2.4. Functional enrichment and identification of druggable targets

Independent significant genetic loci were defined according to the 
FUMA protocol (Watanabe et al., 2017). Lead SNPs were defined by 
double clumping (a clumping of SNPs significant and independent at r2 

< 0.6, and a secondary clumping of these SNPs at r2 < 0.1). Loci sepa-
rated by a distance lower than 250 kb were merged. 1000 genome phase 
3 was used as a reference panel to compute LD in FUMA. The direction of 
allelic effects for lead SNPs was evaluated by comparing betas obtained 
from the original GWAS. Positional and functional annotation of lead 
SNPs was performed using different tools. Nearest gene and functional 
category as well as the combined Annotation Dependent Depletion 
(CADD) score (Rentzsch et al., 2019), which predicts how deleterious a 
variant is on protein structure/function by contrasting variants that 
survived natural selection with simulated mutations, were obtained in 
FUMA. RegulomeDB rank (from 1 to 7, with 1 being associated with 
highest evidence of functional effects) was calculated using Reg-
ulomeDB (Dong and Boyle, 2019) based on known and predicted 

regulatory elements including regions of DNase hypersensitivity, bind-
ing sites of transcription factors and promoter regions.

We searched whether lead SNPs acted as significant expression 
quantitative trait loci (eQTL) in adipose tissue and brain regions based 
on genotyping and gene expression data (obtained from a range of 114 - 
209 samples) from Genotype-Tissue Expression (GTEx) v.8. In the GTEx 
project, gene expression was measured with Illumina TrueSeq RNA 
sequencing or Affymetrix Human Gene 1.1 ST Expression Array, while 
genotyping data were obtained with whole genome sequencing, whole 
exome sequencing, Illumina OMNI 5M, 2.5M or Exome SNP arrays 
(GTEx Consortium, 2020). We reported cis eQTLs in a ± 1Mb cis win-
dow around the transcription start site and significant based on FDR. 
Genes suggested to be modulated by these SNPs were tested for func-
tional enrichment for KEGG pathways and gene ontology (GO) terms 
using webGestalt (Liao et al., 2019), adjusting results based on FDR. For 
all modulated genes, we also extracted information from the Drug Gene 
Interaction Database (DGIdb) (Cotto et al., 2018) to assess whether they 
are ‘potentially druggable’ or clinically actionable based on their 
involvement in selected pathways, molecular functions or gene families 
(druggable genome), according to information retrieved from different 
drug target repositories (including DrugBank, PharmGKB, Chembl, Drug 
Target Commons and Therapeutic Target Database).

Finally, we searched for upstream regulators of our genes of interest 
using Ingenuity Pathway Analysis (IPA, Ingenuity System Inc, USA). 
Upstream regulators are defined as genes, microRNAs, transcription 
factors or chemical compounds that affect the genes of interest through 
effects on expression, transcription, activation, molecular modification, 
transport or binding events according to the Ingenuity Knowledge Base, 
a large collection of observations in various experimental contexts [59]. 
P-values of overlap computed by IPA were adjusted according to FDR.

3. Results

3.1. Global genetic correlation

Using LDSC, female-stratified MDD was the only dataset showing 
significant positive correlations with metabolic traits, and specifically 
with BMI in women and men, and WHRadjBMI in men (Fig. 1). While 
MDD in men did not show a significant association with any metabolic 
trait, all correlations showed the same direction of effect observed in 
women (Fig. 1). In addition, both the female and male stratified SZ 
GWAS datasets showed a significant negative correlation with BMI in 
either women or men (Fig. 1). While BD showed some nominally sig-
nificant correlations with metabolic traits, none was significant after 
multiple testing correction.

3.2. Polygenic overlap between severe mental disorders and metabolic 
traits

Based on the AIC values obtained in the univariate analyses, the 
MDD GWAS datasets did not have enough power to use MiXeR. There-
fore, analyses with this tool were conducted only for the BD and SZ 
GWAS datasets. The conditional QQ plots generated with MiXeR showed 
significant cross-trait enrichment in variants associated with mental 
disorders when conditioning on metabolic traits and vice versa (Fig. 2). 
Consistently, results shown in the Venn diagrams provide evidence of 
polygenic overlap between severe mental disorders and BMI or 
WHRadjBMI in either women or men (Fig. 3). However, the amount of 
polygenic overlap varied based on the considered metabolic trait as well 
as across mental disorders. We observed a higher polygenic overlap 
between mental disorders and BMI compared with WHRadjBMI, as 
indicated by higher values of the DC measure, which quantifies the 
polygenic overlap on a scale from 0 to 1 (Table 1). As shown in Fig. 3, 
WHRadjBMI showed a lower polygenicity compared with BMI. Among 
variants associated with BMI, the proportion of those also associated 
with mental disorders ranged from 55% to 72% with no sex differences, 
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while these percentages were much lower when considering variants 
associated with WHRadjBMI (22% to 46%, Table 1). Similarly, variants 
associated with mental disorders showed high percentages of overlap 
with variants associated with BMI, ranging from 76% for BD to 82% for 
SZ in women and from 59% for BD to 67% for SZ in men. A much lower 
overlap was observed when considering variants shared between mental 
disorders and WHRadjBMI, ranging from 5% for BD and SZ in women, to 
16 and 18% for BD and SZ in men. Based on the DC, the overlap between 
severe mental disorders and BMI was similar in women and men for BD 
(DC women = 0.63, DC men = 0.60) and higher in women than men for 
SZ (DC women = 0.80, DC men = 0.70). Conversely, a higher polygenic 
overlap was observed in men than women for both BD (DC women =
0.09, DC men = 0.26) and SZ (DC women = 0.08, DC men = 0.26). 
Overall, results provided by MiXeR point to potential sex differences in 
the total amount of genetic variants shared between sex-stratified severe 
mental disorders and metabolic traits.

Loci shared between metabolic traits and BD (Supplementary Ta-
bles 1-4), MDD (Supplementary Tables 5-7) or SZ (Supplementary Ta-
bles 9-11) were identified with conjFDR. Only a few loci were shared 
between MDD and metabolic traits, consistent with the reduced power 
of the MDD datasets suggested by the univariate analysis conducted with 
MiXeR. We observed mixed patterns of direction of effect between 
mental disorders and metabolic traits for SZ and BD, while MDD showed 
a higher rate of variants with concordant direction of effect (Table 2). 
Overall, SZ shared the highest number of genetic loci with metabolic 
traits regardless of the direction of effect, followed by BD and MDD.

The specific genetic loci identified by pleioFDR showed substantial 
sex differences and several non-overlapping loci were identified for all 
comparisons (Supplementary Table 12). For instance, of 87 genomic loci 
shared between female-stratified SZ and BMI, only 23 and 36 were 

overlapping with loci shared between male-stratified SZ and BMI when 
considering the standard threshold of conjFDR < 0.05 or a relaxed 
threshold of conjFDR < 0.1 (Supplementary Table 12). Accordingly, a 
high number of genes to which SNPs were mapped was non-overlapping 
when considering SNPs associated with sex-stratified metabolic traits 
(Supplementary Table 13). For instance, SNPs shared between SZ and 
BMI in either women or men were mapped to 63 and 129 genes, 
respectively, of which only 8 were overlapping (Supplementary 
Table 13).

3.3. Identification of eQTLs and druggable or clinically actionable genes

Next, we explored which SNPs associated with mental disorders and 
metabolic traits act as eQTLs and are therefore able to modulate gene 
expression (Supplementary Tables 1-11). We focused on genes modu-
lated in both adipose tissue and brain areas, as these might be particu-
larly promising targets to underlie molecular mechanisms involved in 
both obesity and mental disorders. We did not observe any significant 
functional enrichment among genes modulated by eQTLs with a 
concordant direction of effect between mental disorders and metabolic 
traits, while among genes with eQTLs with an opposite direction of ef-
fect, genes modulated by SNPs associated with BD and BMI in women 
were enriched for the “membrane raft organization” biological process 
GO term (p = 1.8E-05, FDR = 0.01, odds ratio [OR] = 286.8, genes =
NPC1 and YJEFN3).

Table 3 shows genes modulated by eQTLs with a concordant direc-
tion of effect between mental disorders and metabolic traits. A large 
proportion of these genes was sex specific, with the highest percentage 
observed for genes modulated by SNPs associated with increased risk of 
SZ and increased BMI in men, all of which were sex specific.

Fig. 1. Correlation plot of pairwise genetic correlations between severe mental disorders and metabolic traits estimated with LDSC regression
*: significant correlations after multiple testing correction (p < 0.0016, i.e. 0.05 / 32 correlations) Abbreviations: BD, bipolar disorder; BMI, body mass index; F, 
females; M, males; MDD, major depressive disorder; SZ, schizophrenia; WHR, waist-to-hip-ratio adjusted for BMI
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We queried the DGI database to assess which genes modulated in 
both adipose tissue and brain regions by SNPs shared between mental 
disorders and metabolic traits are part of the druggable genome or 
clinically actionable (Table 4). We identified eight female-specific and 
seven male-specific druggable genes, while two genes (ITIH4 and NEK4) 
were shared between mental disorders and metabolic phenotypes both 
in women and men (Table 4). Lists of nominally significant upstream 
regulators of genes shared between mental disorders and metabolic 
phenotypes in women and men are reported in Supplementary Tables 14 

and 15, respectively. No upstream regulator of genes modulated by SNPs 
shared between mental disorders and metabolic traits in women was 
significant after multiple testing correction (Supplementary Table 14), 
while two upstream regulators of genes modulated by SNPs shared be-
tween mental disorders and metabolic traits in men were significant: the 
INSL3 growth factor for the NUCB2 gene and the SAP30BP transcrip-
tional regulator for the SF3B1 gene (Supplementary Table 15).

Fig. 2. Conditional QQ plots suggesting cross-phenotype polygenic enrichment between severe mental disorders and metabolic traits
The progressive leftward deflection from the null line as levels of SNP associations with the secondary phenotype increase shows significant cross-trait enrichment 
between primary and secondary phenotypes
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4. Discussion

In this study, we explored for the first time pleiotropy between severe 
mental disorders and metabolic traits taking into consideration the ef-
fect of sex. Specifically, we aimed to assess whether genetic loci asso-
ciated with predisposition to BD, MDD or SZ might also be associated 
with BMI or WHRadjBMI in a sex-specific way. Consistently with pre-
vious studies, we identified a high number of genetic loci shared be-
tween metabolic phenotypes and severe mental disorders, although 
relevant differences across mental disorders were observed. Specifically, 
a much higher number of loci was found to be shared between metabolic 

phenotypes and SZ compared with the other mental disorders, although 
it must be noted that the MDD dataset was underpowered. However, a 
large part of the identified loci was associated with predisposition to 
mental disorders and lower BMI or WHRadjBMI. This finding is in line 
with previous results (Rodevand et al., 2021a; Rodevand et al., 2021b) 
and suggests that global rg patterns might mask considerable heteroge-
neity in the bivariate local rg across the genome. Indeed, based on the 
AIC values, for BD and SZ, models fitted by MiXeR were able to explain 
the shared heritability between mental disorders and metabolic traits 
better than a model with an overlap constrained to a specific value of the 
global genetic correlation, while the MDD dataset was not powered 

Fig. 3. Venn diagrams showing unique and shared trait-influencing variants for sex-stratified mental disorders and metabolic traits 
The Venn diagrams show the estimated number of causal variants (in thousands, with the corresponding standard error), explaining 90% of heritability for severe 
mental disorders or metabolic traits. Shared variants are colored in gray, variants specific for BMI in blue, while variants specific for mental disorders in orange. The 
size of the circles reflects the degree of polygenicity of each trait. The genetic correlation for each pair as estimated by MiXeR (rg) is indicated in blue (negative 
correlation) or red (positive correlation).
Abbreviations: BD, bipolar disorder; BMI, body mass index; MDD, major depressive disorder; SZ, schizophrenia; WHRadjBMI, waist-to-hip-ratio adjusted for body 
mass index

Table 1 
Proportion of overlapping genetic variants on the total polygenicity of each trait

Trait1 Trait2 DC, mean 
(se)

% of variants associated with BMI or WHRadjBMI 
and shared with mental disorders

% of variants associated with mental disorders and 
shared with BMI or WHRadjBMI

best vs min 
AIC

best vs max 
AIC

Females
BMI BD 0.63 

(0.11)
55% 76% 8.09 2.17

WHRadjBMI BD 0.09 
(0.04)

23% 5% 2.36 11.27

BMI SZ 0.80 
(0.08)

72% 91% 43.0 1.38

WHRadjBMI SZ 0.08 
(0.04)

22% 5% 9.74 27.62

Males
BMI BD 0.60 

(0.17)
56% 59% 9.06 2.18

WHRadjBMI BD 0.26 
(0.16)

35% 16% 1.49 6.03

BMI SZ 0.70 
(0.05)

74% 67% 59.26 10.19

WHRadjBMI SZ 0.26 
(0.08)

46% 18% 3.01 15.65

best vs max AIC: comparison of the best model fitted by MiXeR versus the model with maximum possible polygenic overlap given trait’s genetic architecture (i.e. in this 
model the causal variants of the least polygenic trait form a subset of the causal variants of the most polygenic trait). A positive value means that best model explains 
the observed GWAS signal better than the max model, despite its additional complexity (due to the fact that MiXeR has to find the value of the polygenic overlap). best 
vs min AIC: comparison of the best model versus the model with the minimal possible polygenic overlap (i.e. a model constrained to a specific value of the genetic 
correlation). A positive value supports the existence of a polygenic overlap beyond the minimal level need to explain observed genetic correlation between traits.
Abbreviations: AIC, Akaike Information Criterion; BD, bipolar disorder; BMI, body mass index; DC, dice coefficient; se, standard error; SZ, schizophrenia; WHRadjBMI, 
waist-to-hip-ratio adjusted for BMI
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enough to use MiXeR based on results from the univariate analyses.
When analyzing global genetic correlation between psychiatric and 

metabolic phenotypes (Fig. 1), we did not identify relevant sex differ-
ences, suggesting that a similar number of genetic variants is shared 
between severe mental disorders and sex-specific metabolic traits. 
Similarly, also when quantifying the amount of shared heritability using 
MiXeR, only for some phenotypes sex differences were identified, with 
WHRadjBMI found to share a larger portion of heritability with mental 
disorders in men compared with women (Table 1). However, when 
using the conjFDR approach, a large part of the identified loci showed 
sex differences as regards to the genes in which significant SNPs were 
located (Supplementary Table 13), the genes modulated by these SNPs 
in adipose tissue and brain regions (Table 3), or druggable genes 
(Table 4).

Most of the druggable genes we predicted to be modulated in adipose 
tissue and brain areas by eQTLs shared between mental disorders and 
metabolic traits were sex- and disease-specific. Two genes were shared 
across sexes and predicted to be modulated by variants associated with 
BD and SZ. Namely, ITIH4 and NEK4 were predicted to be down-
regulated and upregulated, respectively, by eQTLs associated with 
metabolic traits and BD or SZ (Table 4).

ITIH4 encodes a glycoprotein that regulates immunity and inflam-
mation and has been suggested to exert anti-inflammatory effects, with 
reduced levels having been associated with poor prognosis in patients 
with brain injury (Pihl et al., 2021; Tian et al., 2024). NEK4 has been 
previously suggested to be potentially involved in mental disorders. This 
gene encodes a serine/threonine kinase that has been implicated in 
primary cilia stabilization, DNA damage response, autophagy, and 
regulation of mitochondrial function (Basei et al., 2022). Besides having 

been previously implicated in different neuropsychiatric disorders (Li 
et al., 2020; Psychiatric, 2011), NEK4 has also been outlined as a 
promising drug-target for SZ and BD by a recent study aimed at identi-
fying therapeutic targets for mental disorders using mendelian 
randomization (Li et al., 2023).

To our knowledge, our work represents the first analysis of shared 
genetic determinants between severe mental disorders and metabolic 
traits considering the effect of sex. Our results should be interpreted in 
light of some limitations. First, several factors other than genetic vari-
ants underlie the comorbidity between mental and metabolic disorders. 
Among the most relevant, several psychotropic drugs used for the 
management of severe mental disorders have relevant metabolic adverse 
effects and, for some of these, sex differences have been described. 
Namely, while controversial results have also been reported, female 
patients treated with antipsychotics seem to show greater weight gain 
then men, a finding that was replicated in preclinical research, espe-
cially upon exposure to olanzapine (Castellani et al., 2019). While the 
mechanisms underlying these differences are not entirely known, pro-
posed factors include changes in food intake patterns, the effect of sex 
hormones as well as a potential role of the gut microbiome (Castellani 
et al., 2019). However, while the hypothesis has not been investigated 
by previous studies, we can hypothesize that sex differences in metabolic 
responses to the adverse effects of psychotropic medications might also 
be modulated by genetic factors such as variants affecting expression or 
activity of enzymes involved in drug metabolism. Interestingly, among 
SNPs associated with increased risk for SZ and increased BMI in women, 
the rs5751250 variant acts as an eQTL for reduced expression of CYP2D6 
in adipose tissue and different brain regions. Moreover, lifestyle factors 
that play a relevant role in metabolic phenotypes and that might also act 

Table 2 
Lead SNPs and genetic loci shared between mental disorders and metabolic traits

BD MDD SZ
Sample Lead SNPs (loci) Lead SNPs concordant dir. (%) Lead SNPs (loci) Lead SNPs concordant dir. (%) Lead SNPs (loci) Lead SNPs concordant dir. (%)

Females
BMI 24 (23) 11 (46%) 4 (4) 4 (100%) 91 (85) 32 (35%)
WHRadjBMI 4 (4) 2 (50%) 0 0 27 (26) 10 (37%)
Males
BMI 13 (13) 6 (46%) 3 (3) 1 (33%) 208 (188) 74 (36%)
WHRadjBMI 8 (8) 3 (38%) 1 (1) 1 (100%) 52 (49) 24 (46%)

Abbreviations: BD, bipolar disorder; BMI, body mass index; Concordant dir, concordant direction of effect between mental disorders and metabolic traits; MDD, major 
depressive disorder; SNP, single nucleotide polymorphism; SZ, schizophrenia; WHRadjBMI, waist-to-hip ratio adjusted for BMI

Table 3 
Genes modulated in adipose tissue and brain areas by SNPs associated with mental disorders and metabolic traits with a concordant direction of effect

Sample eQTLs in adipose tissue and brain areas % sex 
specific

% disorder 
specific

Druggable genes

BD and BMI Women AMT, DALRD3, GMPPB, NCKIPSD, P4HTM, PPP1R13B, RBM6, RNF123, XRCC3 67% 56% NCKIPSD, P4HTM, 
RNF123, XRCC3

BD and BMI Men C15orf61, RP11-502I4.3 0% 0% –
BD and WHRadjBMI 

Women
GNL3, ITIH4, SFMBT1 33% 33% ITIH4

BD and WHRadjBMI 
Men

BBS1, CTSF, GNL3, ITIH4, NEK4, REEP2 50% 33% CTSF, ITIH4, NEK4

SZ and BMI Women C15orf61, CYP2D6, CTSW, DNAH10OS, FIBP, MEI1, NAGA, PGPEP1, PPP1R13B, RP1- 
257I20.14, RP11-380L11.4, RP11-502I4.3, SKA2, SLC25A17, SNX32, SP4

69% 81% CYP2D6, CTSW, NAGA, 
SLC25A17

SZ and BMI Men AC073343.13, ADAL, BTBD1, C15orf40, CATSPER2, CCZ1B, GIGYF1, IGSF9B, LA16c- 
349E10.1, LCMT2, LY6H, MAP1A, MAP1LC3A, NUCB2, PMS2CL, RERE, RNF180, RP11- 
159N11.4, RP1-283E3.4, RP5-1115A15.1, RRAS2, SLC35E2B, STRCP1, TRF2, TTC12, 
WDR90, ZNF12

100% 96% ADAL, CATSPER2, NUCB2, 
PMS2CL, WDR90

SZ and WHRadjBMI 
Women

ARL3, GNL3, ITIH4, NEK4, RP11-53O19.3 20% 40% ITIH4, NEK4

SZ and WHRadjBMI 
Men

COX11, DHX35, GNL3, NEK4, LY6H, MRM2, RERE, RP5-1115A15.1, SEC1P, SF3B1, 
TOM1L2, ZZEF1

83% 83% NEK4, SF3B1

Sex specific genes (reported in bold) were defined as genes shared with e.g. female-stratified BD and BMI and not shared between any mental disorder and any 
metabolic phenotype in men. Disease specific genes were defined as genes modulated by SNPs associated with e.g. female-specific BD and BMI loci, but not with loci 
shared between either MDD or SZ and any metabolic phenotype.
Abbreviations: BD, bipolar disorder; eQTL, expression quantitative trait locus; SZ, schizophrenia
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in a sex-specific way, such as diet, physical activity and alcohol intake, 
have not been investigated in this study. In addition, while we mapped 
SNP to genes based on their predicted functional effect rather than on 
physical proximity, there is still high uncertainty in mapping SNPs to 
causal genes since most variants that are associated with traits might not 
play a causal role but be correlated with the causal variants through 
linkage disequilibrium.

Taken together, our results suggest that shared genetic determinants 
might play a role in the observed increased frequency of metabolic 
disorders in patients with severe mental disorders and that some of these 
shared genetic determinants are sex specific. Future developments of 
this work will include replication of the identified loci in independent 
cohorts of patients with severe mental disorders with and without co-
morbidity with metabolic disturbances as well as evaluation of other 
relevant factors such as the effect of pharmacological treatments and the 
role of lifestyle factors.

In conclusion, we investigated for the first time shared genetic de-
terminants between severe mental disorders and metabolic traits 
considering the effects of sex. Understanding how sex and gender in-
fluence health and might contribute to severe mental disorders and their 
comorbidities is a required step to implement gender medicine and to 
move towards precision medicine in psychiatry. Our results dissecting 
sex-specific genes associated with mental disorders and increased BMI or 
WHRadjBMI might lay the basis for more personalized approaches 
aimed at preventing and treating metabolic disturbances in patients 
with severe mental disorders.
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Table 4 
Druggable or clinically actionable genes modulated in both adipose tissue and 
brain areas by SNPs associated with mental disorders and metabolic traits with a 
concordant direction of effect

Gene SNP EA Increased risk 
of

Tissue

ADAL rs1077421 C SZ and BMI 
Men

↑ Adipose subcutaneous, 
adipose visceral, amygdala, 
anterior cingulate cortex, 
caudate, cerebellum, 
cortex, hippocampus, 
hypothalamus, nucleus 
accumbens, putamen, 
substantia nigra

CATSPER2 rs1077421 C SZ and BMI 
Men

↑ Adipose visceral, ↓ 
cerebellum

CTSF rs1671064 G BD and 
WHRadjBMI 
Men

↓ Adipose subcutaneous, 
caudate, cerebellum, 
hypothalamus, nucleus 
accumbens, putamen

CTSW rs78028320 A SZ and BMI 
Women

↓ Adipose subcutaneous, 
adipose visceral, cortex

CYP2D6 rs5751250 G SZ and BMI 
Women

↓ Adipose subcutaneous, 
adipose visceral, amygdala, 
anterior cingulate cortex, 
caudate, cerebellum, 
cortex, hippocampus, 
hypothalamus, nucleus 
accumbens, putamen, 
substantia nigra

ITIH4 rs2256332 G BD and 
WHRadjBMI 
Women

↓ Adipose subcutaneous, 
adipose visceral, amygdala, 
hypothalamus, putamen

rs2164884 C BD and 
WHRadjBMI 
Men

↓ Adipose subcutaneous, 
adipose visceral, amygdala, 
caudate, cortex, 
hypothalamus, putamen

rs2071044 C SZ and 
WHRadjBMI 
Women

↓ Adipose subcutaneous, 
adipose visceral, putamen

NAGA rs5751250 G SZ and BMI 
Women

↑ Adipose subcutaneous, 
adipose visceral, caudate, 
cerebellum, cortex, 
hypothalamus, nucleus 
accumbens, putamen

NCKIPSD rs62262671 G BD and BMI 
Women

↓ Adipose subcutaneous, 
adipose visceral, 
cerebellum, cortex, 
hippocampus, 
hypothalamus

NEK4 rs2164884 C BD and 
WHRadjBMI 
Men

↑ Adipose subcutaneous, 
adipose visceral, 
cerebellum

rs2071044 C SZ and 
WHRadjBMI 
Women

↑ Adipose subcutaneous, 
adipose visceral, 
cerebellum

rs13083798 A SZ and 
WHRadjBMI 
Men

↑ Adipose subcutaneous, 
adipose visceral, 
cerebellum

NUCB2 rs644419 T SZ and BMI 
Men

↑ Adipose subcutaneous, 
adipose visceral, 
cerebellum

P4HTM rs62262671 G BD and BMI 
Women

↓ Adipose subcutaneous, 
cerebellum, cortex

PMS2CL rs7779296 G SZ and BMI 
Men

↓ Adipose subcutaneous, 
adipose visceral, amygdala, 
anterior cingulate cortex, 
caudate, cerebellum, 
cortex, hippocampus, 
hypothalamus, nucleus 
accumbens, putamen

RNF123 rs62262671 G BD and BMI 
Women

↓ Adipose subcutaneous, 
adipose visceral, 
cerebellum

SF3B1 rs4685 T SZ and 
WHRadjBMI 
Men

↑ Adipose subcutaneous, 
caudate, cerebellum

Table 4 (continued )

Gene SNP EA Increased risk 
of

Tissue

SLC25A17 rs926914 T SZ and BMI 
Women

↑ Adipose subcutaneous, 
nucleus accumbens

WDR90 rs3830140 A SZ and BMI 
Men

↓ Adipose subcutaneous, 
adipose visceral, 
cerebellum

XRCC3 rs1187417 T BD and BMI 
Women

↑ Adipose subcutaneous, 
adipose visceral, 
cerebellum

Abbreviations: BD, bipolar disorder; EA, effect allele; Expr, expression; SZ, 
schizophrenia

C. Pisanu et al.                                                                                                                                                                                                                                  Psychiatry Research 342 (2024) 116195 

8 



ricercatori/ricercatrici impegnati in progetti sulle differenze di sesso/ 
genere nell’efficacia e nella sicurezza dei Farmaci” funded by “Centro 
Studi Nazionale su Salute e Medicina di Genere” to Claudia Pisanu.

Supplementary materials

Supplementary material associated with this article can be found, in 
the online version, at doi:10.1016/j.psychres.2024.116195.

References

Afzal, M., Siddiqi, N., Ahmad, B., Afsheen, N., Aslam, F., Ali, A., Ayesha, R., Bryant, M., 
Holt, R., Khalid, H., Ishaq, K., Koly, K.N., Rajan, S., Saba, J., Tirbhowan, N., 
Zavala, G.A., 2021. Prevalence of Overweight and Obesity in People With Severe 
Mental Illness: Systematic Review and Meta-Analysis. Front. Endocrinol. (Lausanne) 
12, 769309.

Als, T.D., Kurki, M.I., Grove, J., Voloudakis, G., Therrien, K., Tasanko, E., Nielsen, T.T., 
Naamanka, J., Veerapen, K., Levey, D.F., Bendl, J., Bybjerg-Grauholm, J., Zeng, B., 
Demontis, D., Rosengren, A., Athanasiadis, G., Baekved-Hansen, M., Qvist, P., Bragi 
Walters, G., Thorgeirsson, T., Stefansson, H., Musliner, K.L., Rajagopal, V.M., 
Farajzadeh, L., Thirstrup, J., Vilhjalmsson, B.J., McGrath, J.J., Mattheisen, M., 
Meier, S., Agerbo, E., Stefansson, K., Nordentoft, M., Werge, T., Hougaard, D.M., 
Mortensen, P.B., Stein, M.B., Gelernter, J., Hovatta, I., Roussos, P., Daly, M.J., 
Mors, O., Palotie, A., Borglum, A.D., 2023. Depression pathophysiology, risk 
prediction of recurrence and comorbid psychiatric disorders using genome-wide 
analyses. Nat. Med. 29 (7), 1832–1844.

Andreassen, O.A., Thompson, W.K., Schork, A.J., Ripke, S., Mattingsdal, M., Kelsoe, J.R., 
Kendler, K.S., O’Donovan, M.C., Rujescu, D., Werge, T., Sklar, P., Psychiatric 
Genomics, C., Bipolar, D., Schizophrenia Working, G., Roddey, J.C., Chen, C.H., 
McEvoy, L., Desikan, R.S., Djurovic, S., Dale, A.M., 2013. Improved detection of 
common variants associated with schizophrenia and bipolar disorder using 
pleiotropy-informed conditional false discovery rate. PLoS. Genet. 9 (4), e1003455.

Bahrami, S., Steen, N.E., Shadrin, A., O’Connell, K., Frei, O., Bettella, F., Wirgenes, K.V., 
Krull, F., Fan, C.C., Dale, A.M., Smeland, O.B., Djurovic, S., Andreassen, O.A., 2020. 
Shared Genetic Loci Between Body Mass Index and Major Psychiatric Disorders: A 
Genome-wide Association Study. JAMa Psychiatry 77 (5), 503–512.

Basei, F.L., de Castro Ferezin, C., Rodrigues de Oliveira, A.L., Munoz, J.P., Zorzano, A., 
Kobarg, J., 2022. Nek4 regulates mitochondrial respiration and morphology. FEBS. 
J. 289 (11), 3262–3279.

Blokland, G.A.M., Grove, J., Chen, C.Y., Cotsapas, C., Tobet, S., Handa, R., Schizophrenia 
Working Group of the Psychiatric Genomics, C., St Clair, D., Lencz, T., Mowry, B.J., 
Periyasamy, S., Cairns, M.J., Tooney, P.A., Wu, J.Q., Kelly, B., Kirov, G., Sullivan, P. 
F., Corvin, A., Riley, B.P., Esko, T., Milani, L., Jonsson, E.G., Palotie, A., 
Ehrenreich, H., Begemann, M., Steixner-Kumar, A., Sham, P.C., Iwata, N., 
Weinberger, D.R., Gejman, P.V., Sanders, A.R., Buxbaum, J.D., Rujescu, D., 
Giegling, I., Konte, B., Hartmann, A.M., Bramon, E., Murray, R.M., Pato, M.T., 
Lee, J., Melle, I., Molden, E., Ophoff, R.A., McQuillin, A., Bass, N.J., Adolfsson, R., 
Malhotra, A.K., Bipolar Disorder Working Group of the Psychiatric Genomics, C., 
Martin, N.G., Fullerton, J.M., Mitchell, P.B., Schofield, P.R., Forstner, A.J., 
Degenhardt, F., Schaupp, S., Comes, A.L., Kogevinas, M., Guzman-Parra, J., Reif, A., 
Streit, F., Sirignano, L., Cichon, S., Grigoroiu-Serbanescu, M., Hauser, J., 
Lissowska, J., Mayoral, F., Muller-Myhsok, B., Swiatkowska, B., Schulze, T.G., 
Nothen, M.M., Rietschel, M., Kelsoe, J., Leboyer, M., Jamain, S., Etain, B., 
Bellivier, F., Vincent, J.B., Alda, M., O’Donovan, C., Cervantes, P., Biernacka, J.M., 
Frye, M., McElroy, S.L., Scott, L.J., Stahl, E.A., Landen, M., Hamshere, M.L., 
Smeland, O.B., Djurovic, S., Vaaler, A.E., Andreassen, O.A., Major Depressive 
Disorder Working Group of the Psychiatric Genomics, C., Baune, B.T., Air, T., 
Preisig, M., Uher, R., Levinson, D.F., Weissman, M.M., Potash, J.B., Shi, J., 
Knowles, J.A., Perlis, R.H., Lucae, S., Boomsma, D.I., Penninx, B., Hottenga, J.J., de 
Geus, E.J.C., Willemsen, G., Milaneschi, Y., Tiemeier, H., Grabe, H.J., Teumer, A., 
Van der Auwera, S., Volker, U., Hamilton, S.P., Magnusson, P.K.E., Viktorin, A., 
Mehta, D., Mullins, N., Adams, M.J., Breen, G., McIntosh, A.M., Lewis, C.M., Sex 
Differences Cross-Disorder Analysis Group of the Psychiatric Genomics, C., iPsych, 
Hougaard, D.M., Nordentoft, M., Mors, O., Mortensen, P.B., Werge, T., Als, T.D., 
Borglum, A.D., Petryshen, T.L., Smoller, J.W., Goldstein, J.M., 2022. Sex-Dependent 
Shared and Nonshared Genetic Architecture Across Mood and Psychotic Disorders. 
Biol. Psychiatry 91 (1), 102–117.

Bora, E., Akdede, B.B., Alptekin, K., 2017. The relationship between cognitive 
impairment in schizophrenia and metabolic syndrome: a systematic review and 
meta-analysis. Psychol. Med. 47 (6), 1030–1040.

Bulik-Sullivan, B., Finucane, H.K., Anttila, V., Gusev, A., Day, F.R., Loh, P.R., 
ReproGen, C., Psychiatric Genomics, C., Genetic Consortium for Anorexia Nervosa of 
the Wellcome Trust Case Control, C., Duncan, L., Perry, J.R., Patterson, N., 
Robinson, E.B., Daly, M.J., Price, A.L., Neale, B.M., 2015a. An atlas of genetic 
correlations across human diseases and traits. Nat. Genet. 47 (11), 1236–1241.

Bulik-Sullivan, B.K., Loh, P.R., Finucane, H.K., Ripke, S., Yang, J., Schizophrenia 
Working Group of the Psychiatric Genomics, C., Patterson, N., Daly, M.J., Price, A.L., 
Neale, B.M., 2015b. LD Score regression distinguishes confounding from 
polygenicity in genome-wide association studies. Nat. Genet. 47 (3), 291–295.

Castellani, L.N., Costa-Dookhan, K.A., McIntyre, W.B., Wright, D.C., Flowers, S.A., 
Hahn, M.K., Ward, K.M., 2019. Preclinical and Clinical Sex Differences in 
Antipsychotic-Induced Metabolic Disturbances: A Narrative Review of Adiposity and 
Glucose Metabolism. J. Psychiatr. Brain Sci. 4.

Chella Krishnan, K., Mehrabian, M., Lusis, A.J., 2018. Sex differences in metabolism and 
cardiometabolic disorders. Curr. Opin. Lipidol. 29 (5), 404–410.

Chen, W., Feng, J., Jiang, S., Guo, J., Zhang, X., Zhang, X., Wang, C., Ma, Y., Dong, Z., 
2023. Mendelian randomization analyses identify bidirectional causal relationships 
of obesity with psychiatric disorders. J. Affect. Disord. 339, 807–814.

Cotto, K.C., Wagner, A.H., Feng, Y.Y., Kiwala, S., Coffman, A.C., Spies, G., Wollam, A., 
Spies, N.C., Griffith, O.L., Griffith, M., 2018. DGIdb 3.0: a redesign and expansion of 
the drug-gene interaction database. Nucleic. Acids. Res. 46 (D1), D1068–D1073.

Dong, S., Boyle, A.P., 2019. Predicting functional variants in enhancer and promoter 
elements using RegulomeDB. Hum. Mutat. 40 (9), 1292–1298.

Garcia-Toro, M., Vicens-Pons, E., Gili, M., Roca, M., Serrano-Ripoll, M.J., Vives, M., 
Leiva, A., Yanez, A.M., Bennasar-Veny, M., Olivan-Blazquez, B., 2016. Obesity, 
metabolic syndrome and Mediterranean diet: Impact on depression outcome. 
J. Affect. Disord. 194, 105–108.

Gimenez-Palomo, A., Gomes-da-Costa, S., Dodd, S., Pachiarotti, I., Verdolini, N., 
Vieta, E., Berk, M., 2022. Does metabolic syndrome or its component factors alter the 
course of bipolar disorder? A systematic review. Neurosci. Biobehav. Rev. 132, 
142–153.

GTEx Consortium, 2020. The GTEx Consortium atlas of genetic regulatory effects across 
human tissues. Science (1979) 369 (6509), 1318–1330.

Han, X., Hou, C., Yang, H., Chen, W., Ying, Z., Hu, Y., Sun, Y., Qu, Y., Yang, L., 
Valdimarsdottir, U.A., Zhang, W., Yang, H., Fang, F., Song, H., 2021. Disease 
trajectories and mortality among individuals diagnosed with depression: a 
community-based cohort study in UK Biobank. Mol. Psychiatry 26 (11), 6736–6746.

He, Q., Bennett, A.N., Liu, J., Fan, B., Han, X., Cheng, L., Chen, Y., Yang, X., Chan, K.H.K., 
2022. Exploring Lead loci shared between schizophrenia and Cardiometabolic traits. 
BMC. Genomics. 23 (1), 617.

Hubel, C., Gaspar, H.A., Coleman, J.R.I., Hanscombe, K.B., Purves, K., Prokopenko, I., 
Graff, M., Ngwa, J.S., Workalemahu, T., Consortium, A.W.G.o.t.P.G., Meta-Analyses 
of, G., Insulin-related traits, c., Autism Working Group of the Psychiatric 
Genomics, C., Bipolar Disorder Working Group of the Psychiatric Genomics, C., 
Eating Disorders Working Group of the Psychiatric Genomics, C., Major Depressive 
Disorder Working Group of the Psychiatric Genomics, C., Ocd, Tourette Syndrome 
Working Group of the Psychiatric Genomics, C., Consortium, P.W.G.o.t.P.G., 
Schizophrenia Working Group of the Psychiatric Genomics, C., Sex Differences Cross 
Disorder Working Group of the Psychiatric Genomics, C., Substance Use Disorders 
Working Group of the Psychiatric Genomics, C., German Borderline Genomics, C., 
International Headache Genetics, C., O’Reilly, P.F., Bulik, C.M., Breen, G., 2019. 
Genetic correlations of psychiatric traits with body composition and glycemic traits 
are sex- and age-dependent. Nat. Commun. 10 (1), 5765.

Li, M., Shen, L., Chen, L., Huai, C., Huang, H., Wu, X., Yang, C., Ma, J., Zhou, W., Du, H., 
Fan, L., He, L., Wan, C., Qin, S., 2020. Novel genetic susceptibility loci identified by 
family based whole exome sequencing in Han Chinese schizophrenia patients. 
Transl. Psychiatry 10 (1), 5.

Li, X., Shen, A., Zhao, Y., Xia, J., 2023. Mendelian Randomization Using the Druggable 
Genome Reveals Genetically Supported Drug Targets for Psychiatric Disorders. 
Schizophr. Bull.

Liao, Y., Wang, J., Jaehnig, E.J., Shi, Z., Zhang, B., 2019. WebGestalt 2019: gene set 
analysis toolkit with revamped UIs and APIs. Nucleic. Acids. Res. 47 (W1), 
W199–W205.

McElroy, S.L., Kemp, D.E., Friedman, E.S., Reilly-Harrington, N.A., Sylvia, L.G., 
Calabrese, J.R., Rabideau, D.J., Ketter, T.A., Thase, M.E., Singh, V., Tohen, M., 
Bowden, C.L., Bernstein, E.E., Brody, B.D., Deckersbach, T., Kocsis, J.H., Kinrys, G., 
Bobo, W.V., Kamali, M., McInnis, M.G., Leon, A.C., Faraone, S., Nierenberg, A.A., 
Shelton, R.C., 2016. Obesity, but not metabolic syndrome, negatively affects 
outcome in bipolar disorder. Acta Psychiatr. Scand. 133 (2), 144–153.

McWhinney, S.R., Abe, C., Alda, M., Benedetti, F., Boen, E., Del Mar Bonnin, C., 
Borgers, T., Brosch, K., Canales-Rodriguez, E.J., Cannon, D.M., Dannlowski, U., Diaz- 
Zuluaga, A.M., Dietze, L.M.F., Elvsashagen, T., Eyler, L.T., Fullerton, J.M., 
Goikolea, J.M., Goltermann, J., Grotegerd, D., Haarman, B.C.M., Hahn, T., 
Howells, F.M., Ingvar, M., Jahanshad, N., Kircher, T.T.J., Krug, A., Kuplicki, R.T., 
Landen, M., Lemke, H., Liberg, B., Lopez-Jaramillo, C., Malt, U.F., Martyn, F.M., 
Mazza, E., McDonald, C., McPhilemy, G., Meier, S., Meinert, S., Meller, T., 
Melloni, E.M.T., Mitchell, P.B., Nabulsi, L., Nenadic, I., Opel, N., Ophoff, R.A., 
Overs, B.J., Pfarr, J.K., Pineda-Zapata, J.A., Pomarol-Clotet, E., Radua, J., Repple, J., 
Richter, M., Ringwald, K.G., Roberts, G., Ross, A., Salvador, R., Savitz, J., Schmitt, S., 
Schofield, P.R., Sim, K., Stein, D.J., Stein, F., Temmingh, H.S., Thiel, K., 
Thomopoulos, S.I., van Haren, N.E.M., Vargas, C., Vieta, E., Vreeker, A., 
Waltemate, L., Yatham, L.N., Ching, C.R.K., Andreassen, O.A., Thompson, P.M., 
Hajek, T., Group, E.B.D.W., 2023. Mega-analysis of association between obesity and 
cortical morphology in bipolar disorders: ENIGMA study in 2832 participants. 
Psychol. Med. 1–11.

Pihl, R., Jensen, R.K., Poulsen, E.C., Jensen, L., Hansen, A.G., Thogersen, I.B., Dobo, J., 
Gal, P., Andersen, G.R., Enghild, J.J., Thiel, S., 2021. ITIH4 acts as a protease 
inhibitor by a novel inhibitory mechanism. Sci. Adv. 7 (2).

Pisanu, C., Williams, M.J., Ciuculete, D.M., Olivo, G., Del Zompo, M., Squassina, A., 
Schioth, H.B., 2019. Evidence that genes involved in hedgehog signaling are 
associated with both bipolar disorder and high BMI. Transl. Psychiatry 9 (1), 315.

PleioFDR, Psychiatric, G.C.B.D.W.G., 2011. Large-scale genome-wide association 
analysis of bipolar disorder identifies a new susceptibility locus near ODZ4. Nat. 
Genet. 43 (10), 977–983.

Pulit, S.L., Stoneman, C., Morris, A.P., Wood, A.R., Glastonbury, C.A., Tyrrell, J., 
Yengo, L., Ferreira, T., Marouli, E., Ji, Y., Yang, J., Jones, S., Beaumont, R., Croteau- 
Chonka, D.C., Winkler, T.W., Consortium, G., Hattersley, A.T., Loos, R.J.F., 
Hirschhorn, J.N., Visscher, P.M., Frayling, T.M., Yaghootkar, H., Lindgren, C.M., 

C. Pisanu et al.                                                                                                                                                                                                                                  Psychiatry Research 342 (2024) 116195 

9 

https://doi.org/10.1016/j.psychres.2024.116195
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0001
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0001
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0001
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0001
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0001
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0002
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0003
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0003
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0003
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0003
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0003
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0003
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0004
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0004
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0004
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0004
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0005
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0005
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0005
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0006
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0007
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0007
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0007
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0008
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0008
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0008
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0008
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0008
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0009
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0009
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0009
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0009
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0010
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0010
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0010
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0010
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0011
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0011
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0012
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0012
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0012
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0014
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0014
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0014
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0015
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0015
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0017
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0017
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0017
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0017
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0019
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0019
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0019
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0019
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0013
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0013
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0020
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0020
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0020
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0020
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0021
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0021
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0021
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0023
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0027
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0027
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0027
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0027
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0028
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0028
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0028
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0029
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0029
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0029
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0031
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0031
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0031
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0031
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0031
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0031
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0032
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0035
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0035
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0035
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0036
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0036
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0036
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0037
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0037
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0037
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0038
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0038
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0038
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0038


2019. Meta-analysis of genome-wide association studies for body fat distribution in 
694 649 individuals of European ancestry. Hum. Mol. Genet. 28 (1), 166–174.

Rentzsch, P., Witten, D., Cooper, G.M., Shendure, J., Kircher, M., 2019. CADD: predicting 
the deleteriousness of variants throughout the human genome. Nucleic. Acids. Res. 
47 (D1), D886–D894.

Rodevand, L., Bahrami, S., Frei, O., Chu, Y., Shadrin, A., O’Connell, K.S., Smeland, O.B., 
Elvsashagen, T., Hindley, G.F.L., Djurovic, S., Dale, A.M., Lagerberg, T.V., Steen, N. 
E., Andreassen, O.A., 2021a. Extensive bidirectional genetic overlap between bipolar 
disorder and cardiovascular disease phenotypes. Transl. Psychiatry 11 (1), 407.

Rodevand, L., Bahrami, S., Frei, O., Lin, A., Gani, O., Shadrin, A., Smeland, O.B., 
Connell, K.S.O., Elvsashagen, T., Winterton, A., Quintana, D.S., Hindley, G.F.L., 
Werner, M.C.F., Djurovic, S., Dale, A.M., Lagerberg, T.V., Steen, N.E., Andreassen, O. 
A., 2021b. Polygenic overlap and shared genetic loci between loneliness, severe 
mental disorders, and cardiovascular disease risk factors suggest shared molecular 
mechanisms. Transl. Psychiatry 11 (1), 3.

Smeland, O.B., Frei, O., Kauppi, K., Hill, W.D., Li, W., Wang, Y., Krull, F., Bettella, F., 
Eriksen, J.A., Witoelar, A., Davies, G., Fan, C.C., Thompson, W.K., Lam, M., 
Lencz, T., Chen, C.H., Ueland, T., Jonsson, E.G., Djurovic, S., Deary, I.J., Dale, A.M., 
Andreassen, O.A., Neuro, C.C.W.G., 2017. Identification of Genetic Loci Jointly 
Influencing Schizophrenia Risk and the Cognitive Traits of Verbal-Numerical 
Reasoning, Reaction Time, and General Cognitive Function. JAMa Psychiatry 74 
(10), 1065–1075.

Smeland, O.B., Frei, O., Shadrin, A., O’Connell, K., Fan, C.C., Bahrami, S., Holland, D., 
Djurovic, S., Thompson, W.K., Dale, A.M., Andreassen, O.A., 2020. Discovery of 
shared genomic loci using the conditional false discovery rate approach. Hum. 
Genet. 139 (1), 85–94.

Smeland, O.B., Shadrin, A., Bahrami, S., Broce, I., Tesli, M., Frei, O., Wirgenes, K.V., 
O’Connell, K.S., Krull, F., Bettella, F., Steen, N.E., Sugrue, L., Wang, Y., 
Svenningsson, P., Sharma, M., Pihlstrom, L., Toft, M., O’Donovan, M., Djurovic, S., 
Desikan, R., Dale, A.M., Andreassen, O.A., 2021. Genome-wide Association Analysis 
of Parkinson’s Disease and Schizophrenia Reveals Shared Genetic Architecture and 
Identifies Novel Risk Loci. Biol. Psychiatry 89 (3), 227–235.

Smeland, O.B., Wang, Y., Frei, O., Li, W., Hibar, D.P., Franke, B., Bettella, F., 
Witoelar, A., Djurovic, S., Chen, C.H., Thompson, P.M., Dale, A.M., Andreassen, O. 
A., 2018. Genetic Overlap Between Schizophrenia and Volumes of Hippocampus, 
Putamen, and Intracranial Volume Indicates Shared Molecular Genetic Mechanisms. 
Schizophr. Bull. 44 (4), 854–864.

Tian, H., Wang, G., Zhong, Q., Zhou, H., 2024. Usability of serum inter-alpha-trypsin 
inhibitor heavy chain 4 as a biomarker for assessing severity and predicting 
functional outcome after human aneurysmal subarachnoid hemorrhage: A 
prospective observational cohort study at a single institution. Clin. Chim. Acta 552, 
117679.

Torgersen, K., Rahman, Z., Bahrami, S., Hindley, G.F.L., Parker, N., Frei, O., Shadrin, A., 
O’Connell, K.S., Tesli, M., Smeland, O.B., Munkhaugen, J., Djurovic, S., Dammen, T., 
Andreassen, O.A., 2022. Shared genetic loci between depression and 
cardiometabolic traits. PLoS. Genet. 18 (5), e1010161.

Trubetskoy, V., Pardinas, A.F., Qi, T., Panagiotaropoulou, G., Awasthi, S., Bigdeli, T.B., 
Bryois, J., Chen, C.Y., Dennison, C.A., Hall, L.S., Lam, M., Watanabe, K., Frei, O., 
Ge, T., Harwood, J.C., Koopmans, F., Magnusson, S., Richards, A.L., Sidorenko, J., 
Wu, Y., Zeng, J., Grove, J., Kim, M., Li, Z., Voloudakis, G., Zhang, W., Adams, M., 
Agartz, I., Atkinson, E.G., Agerbo, E., Al Eissa, M., Albus, M., Alexander, M., 
Alizadeh, B.Z., Alptekin, K., Als, T.D., Amin, F., Arolt, V., Arrojo, M., Athanasiu, L., 
Azevedo, M.H., Bacanu, S.A., Bass, N.J., Begemann, M., Belliveau, R.A., Bene, J., 
Benyamin, B., Bergen, S.E., Blasi, G., Bobes, J., Bonassi, S., Braun, A., Bressan, R.A., 
Bromet, E.J., Bruggeman, R., Buckley, P.F., Buckner, R.L., Bybjerg-Grauholm, J., 
Cahn, W., Cairns, M.J., Calkins, M.E., Carr, V.J., Castle, D., Catts, S.V., Chambert, K. 
D., Chan, R.C.K., Chaumette, B., Cheng, W., Cheung, E.F.C., Chong, S.A., Cohen, D., 
Consoli, A., Cordeiro, Q., Costas, J., Curtis, C., Davidson, M., Davis, K.L., de Haan, L., 
Degenhardt, F., DeLisi, L.E., Demontis, D., Dickerson, F., Dikeos, D., Dinan, T., 
Djurovic, S., Duan, J., Ducci, G., Dudbridge, F., Eriksson, J.G., Fananas, L., 
Faraone, S.V., Fiorentino, A., Forstner, A., Frank, J., Freimer, N.B., Fromer, M., 
Frustaci, A., Gadelha, A., Genovese, G., Gershon, E.S., Giannitelli, M., Giegling, I., 
Giusti-Rodriguez, P., Godard, S., Goldstein, J.I., Gonzalez Penas, J., Gonzalez- 
Pinto, A., Gopal, S., Gratten, J., Green, M.F., Greenwood, T.A., Guillin, O., 
Guloksuz, S., Gur, R.E., Gur, R.C., Gutierrez, B., Hahn, E., Hakonarson, H., 

Haroutunian, V., Hartmann, A.M., Harvey, C., Hayward, C., Henskens, F.A., 
Herms, S., Hoffmann, P., Howrigan, D.P., Ikeda, M., Iyegbe, C., Joa, I., Julia, A., 
Kahler, A.K., Kam-Thong, T., Kamatani, Y., Karachanak-Yankova, S., Kebir, O., 
Keller, M.C., Kelly, B.J., Khrunin, A., Kim, S.W., Klovins, J., Kondratiev, N., 
Konte, B., Kraft, J., Kubo, M., Kucinskas, V., Kucinskiene, Z.A., Kusumawardhani, A., 
Kuzelova-Ptackova, H., Landi, S., Lazzeroni, L.C., Lee, P.H., Legge, S.E., Lehrer, D.S., 
Lencer, R., Lerer, B., Li, M., Lieberman, J., Light, G.A., Limborska, S., Liu, C.M., 
Lonnqvist, J., Loughland, C.M., Lubinski, J., Luykx, J.J., Lynham, A., Macek Jr., M., 
Mackinnon, A., Magnusson, P.K.E., Maher, B.S., Maier, W., Malaspina, D., Mallet, J., 
Marder, S.R., Marsal, S., Martin, A.R., Martorell, L., Mattheisen, M., McCarley, R.W., 
McDonald, C., McGrath, J.J., Medeiros, H., Meier, S., Melegh, B., Melle, I., 
Mesholam-Gately, R.I., Metspalu, A., Michie, P.T., Milani, L., Milanova, V., 
Mitjans, M., Molden, E., Molina, E., Molto, M.D., Mondelli, V., Moreno, C., 
Morley, C.P., Muntane, G., Murphy, K.C., Myin-Germeys, I., Nenadic, I., Nestadt, G., 
Nikitina-Zake, L., Noto, C., Nuechterlein, K.H., O’Brien, N.L., O’Neill, F.A., Oh, S.Y., 
Olincy, A., Ota, V.K., Pantelis, C., Papadimitriou, G.N., Parellada, M., Paunio, T., 
Pellegrino, R., Periyasamy, S., Perkins, D.O., Pfuhlmann, B., Pietilainen, O., 
Pimm, J., Porteous, D., Powell, J., Quattrone, D., Quested, D., Radant, A.D., 
Rampino, A., Rapaport, M.H., Rautanen, A., Reichenberg, A., Roe, C., Roffman, J.L., 
Roth, J., Rothermundt, M., Rutten, B.P.F., Saker-Delye, S., Salomaa, V., Sanjuan, J., 
Santoro, M.L., Savitz, A., Schall, U., Scott, R.J., Seidman, L.J., Sharp, S.I., Shi, J., 
Siever, L.J., Sigurdsson, E., Sim, K., Skarabis, N., Slominsky, P., So, H.C., Sobell, J.L., 
Soderman, E., Stain, H.J., Steen, N.E., Steixner-Kumar, A.A., Stogmann, E., Stone, W. 
S., Straub, R.E., Streit, F., Strengman, E., Stroup, T.S., Subramaniam, M., Sugar, C.A., 
Suvisaari, J., Svrakic, D.M., Swerdlow, N.R., Szatkiewicz, J.P., Ta, T.M.T., 
Takahashi, A., Terao, C., Thibaut, F., Toncheva, D., Tooney, P.A., Torretta, S., 
Tosato, S., Tura, G.B., Turetsky, B.I., Ucok, A., Vaaler, A., van Amelsvoort, T., van 
Winkel, R., Veijola, J., Waddington, J., Walter, H., Waterreus, A., Webb, B.T., 
Weiser, M., Williams, N.M., Witt, S.H., Wormley, B.K., Wu, J.Q., Xu, Z., Yolken, R., 
Zai, C.C., Zhou, W., Zhu, F., Zimprich, F., Atbasoglu, E.C., Ayub, M., Benner, C., 
Bertolino, A., Black, D.W., Bray, N.J., Breen, G., Buccola, N.G., Byerley, W.F., 
Chen, W.J., Cloninger, C.R., Crespo-Facorro, B., Donohoe, G., Freedman, R., 
Galletly, C., Gandal, M.J., Gennarelli, M., Hougaard, D.M., Hwu, H.G., Jablensky, A. 
V., McCarroll, S.A., Moran, J.L., Mors, O., Mortensen, P.B., Muller-Myhsok, B., 
Neil, A.L., Nordentoft, M., Pato, M.T., Petryshen, T.L., Pirinen, M., Pulver, A.E., 
Schulze, T.G., Silverman, J.M., Smoller, J.W., Stahl, E.A., Tsuang, D.W., Vilella, E., 
Wang, S.H., Xu, S., Indonesia Schizophrenia, C., PsychEncode, Psychosis, 
Endophenotypes International, C., Syn, G.O.C., Adolfsson, R., Arango, C., Baune, B. 
T., Belangero, S.I., Borglum, A.D., Braff, D., Bramon, E., Buxbaum, J.D., Campion, D., 
Cervilla, J.A., Cichon, S., Collier, D.A., Corvin, A., Curtis, D., Forti, M.D., 
Domenici, E., Ehrenreich, H., Escott-Price, V., Esko, T., Fanous, A.H., Gareeva, A., 
Gawlik, M., Gejman, P.V., Gill, M., Glatt, S.J., Golimbet, V., Hong, K.S., Hultman, C. 
M., Hyman, S.E., Iwata, N., Jonsson, E.G., Kahn, R.S., Kennedy, J.L., 
Khusnutdinova, E., Kirov, G., Knowles, J.A., Krebs, M.O., Laurent-Levinson, C., 
Lee, J., Lencz, T., Levinson, D.F., Li, Q.S., Liu, J., Malhotra, A.K., Malhotra, D., 
McIntosh, A., McQuillin, A., Menezes, P.R., Morgan, V.A., Morris, D.W., Mowry, B.J., 
Murray, R.M., Nimgaonkar, V., Nothen, M.M., Ophoff, R.A., Paciga, S.A., Palotie, A., 
Pato, C.N., Qin, S., Rietschel, M., Riley, B.P., Rivera, M., Rujescu, D., Saka, M.C., 
Sanders, A.R., Schwab, S.G., Serretti, A., Sham, P.C., Shi, Y., St Clair, D., 
Stefansson, H., Stefansson, K., Tsuang, M.T., van Os, J., Vawter, M.P., Weinberger, D. 
R., Werge, T., Wildenauer, D.B., Yu, X., Yue, W., Holmans, P.A., Pocklington, A.J., 
Roussos, P., Vassos, E., Verhage, M., Visscher, P.M., Yang, J., Posthuma, D., 
Andreassen, O.A., Kendler, K.S., Owen, M.J., Wray, N.R., Daly, M.J., Huang, H., 
Neale, B.M., Sullivan, P.F., Ripke, S., Walters, J.T.R., O’Donovan, M.C., 
Schizophrenia Working Group of the Psychiatric Genomics, C., 2022. Mapping 
genomic loci implicates genes and synaptic biology in schizophrenia. Nature 604 
(7906), 502–508.

Watanabe, K., Taskesen, E., van Bochoven, A., Posthuma, D., 2017. Functional mapping 
and annotation of genetic associations with FUMA. Nat. Commun. 8 (1), 1826.

Willer, C.J., Li, Y., Abecasis, G.R., 2010. METAL: fast and efficient meta-analysis of 
genomewide association scans. Bioinformatics. 26 (17), 2190–2191.

Yu, Y., Fu, Y., Yu, Y., Tang, M., Sun, Y., Wang, Y., Zhang, K., Li, H., Guo, H., Wang, B., 
Wang, N., Lu, Y., 2023. Investigating the shared genetic architecture between 
schizophrenia and body mass index. Mol. Psychiatry.

C. Pisanu et al.                                                                                                                                                                                                                                  Psychiatry Research 342 (2024) 116195 

10 

http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0038
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0038
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0040
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0040
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0040
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0041
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0041
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0041
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0041
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0042
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0042
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0042
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0042
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0042
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0042
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0043
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0043
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0043
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0043
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0043
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0043
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0043
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0044
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0044
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0044
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0044
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0045
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0045
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0045
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0045
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0045
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0045
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0046
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0046
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0046
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0046
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0046
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0049
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0049
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0049
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0049
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0049
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0050
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0050
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0050
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0050
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0051
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0052
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0052
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0053
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0053
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0055
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0055
http://refhub.elsevier.com/S0165-1781(24)00480-3/sbref0055

	Sex differences in shared genetic determinants between severe mental disorders and metabolic traits
	1 Introduction
	2 Methods
	2.1 GWAS data
	2.2 Global genetic correlation analysis
	2.3 Polygenic overlap between severe mental disorders and metabolic traits
	2.4 Functional enrichment and identification of druggable targets

	3 Results
	3.1 Global genetic correlation
	3.2 Polygenic overlap between severe mental disorders and metabolic traits
	3.3 Identification of eQTLs and druggable or clinically actionable genes

	4 Discussion
	Data availability
	CRediT authorship contribution statement
	Declaration of competing interest
	Acknowledgements
	Supplementary materials
	References


