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Chapter 1. 

Introduction 

Peers tend to be powerful driving forces behind individuals’ behaviours. Moving from this 

simple impression that a positive association exists between peers’ behaviours, social scientists have 

long analyzed peers’ roles - and tried to quantify their impact - across a variety of contexts and for 

both desirable and undesirable outcomes (see, for example, Sacerdote, 2014). While results are 

somewhat outcome-specific, the main point is that peers are an important determinant of human 

behaviour. 

More recently, this peer lens has been employed to analyze corporate behaviours. Hence, 

peer effects studies have emerged in corporate finance and accounting, providing a new framework 

to interpret companies’ decisions. Not surprisingly, an increasing interest led scholars to investigate 

these corporate social dynamics deeply and to shed light - among other aspects - on which domains 

peers companies exert their influence, when this influence is stronger, and which peers matter 

most. Thus, at present, it is known that the broad spectrum of corporate choices clearly under the 

influence of one’s peers extends from financial (e.g. Leary and Roberts, 2014; Kaustia and Rantala, 

2015; Grennan, 2019) to non-financial policies (e.g. Bird et al., 2018; Seo, 2021) and that influential 

peers may range, for instance, from product-market competitors (Cao et al., 2019) to geographically 

close companies (Matsumoto et al., 2022). 

The distinctive feature of peer effects – and probably the crucial reason for the growing 

attention given to this phenomenon in literature - is their potential for social multipliers, whereby 

the action undertaken by firm i affects the reference group, which then affect back firm i, and so 

on, thus amplifying any minimal decision of firms belonging to the reference group. This means 

that, when peer effect exists, at one extreme, there is room to strategically interact with peers in 

order to optimize corporate decisions; at the other extreme, it implies that bad practices can 

worryingly spread within industries and infect entire sectors. While it would be pleasant to assume 
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that companies will follow peers only when this does not entail perils for themselves, this may not 

necessarily be the case. And yet, despite this new awareness of interdependencies among 

companies’ decisions (and their proliferation potential), little is known about the optimality of 

mimicking behaviours for firms involved. This thesis tries to shed some light on this aspect by 

investigating peer effects on financial misreporting choices, or more formally, the propensity of a 

company to engage in misreporting practices in a way that varies with the utilization of such 

practices among its peers. 

Broadly speaking, social interactions in corporate misreporting would affect the entire 

quality of reported earnings by deteriorating it for the average company and the relevant groups to 

which it belongs. By weakening the reliability of financial statements and impairing their usefulness 

for decision-making processes, peer effects would mainly harm external users and their need to 

retrieve information about firms’ financial performance. Ostensibly, this would not only distort 

capital market operations and efficiency, but firms that engage in cosmetic activities would also 

seem to remain negatively unaffected. However, earnings management strategies are not all the 

same, and the damages of their implementation increase substantially when real ones are 

employed1. Precisely, since real misreporting requires companies to undertake abnormal 

operational decisions, thus compromising their ability to create economic value, peer effect in such 

specific misreporting choice will generate a devastating vicious circle in which companies do their 

own damage by altering operations in an inefficient way and, finally, reinforce this choice by 

interacting with peers.  

 
1 Following extant literature (e.g. Roychowdhury, 2006; Cohen et al., 2008; Cohen and Zarowin, 2010; Zang, 2012), I 

distinct accrual-based earnings management from real-based earnings management. While the first implies a purposeful 

intervention in the representation of firm’s performance, the latter entails alterations of underlying operations. They 

indeed reach the same goal – to misrepresent firms’ performance – but through dissimilar interventions.  
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Hence, I first examine peer effects in financial misreporting focusing on real activities 

manipulation2. This strategy incorporates both incentivizing and deterring elements concerning 

mimicking behaviours. As an earnings management tool, the incentive to adopt such a strategy is 

closely linked to peers’ behaviours because firms know that their results are benchmarked against 

those of peers and that any artificial interventions in peers’ reported earnings will influence the 

external perception of their own results. However, as a deviation from an otherwise optimal path, 

its adoption requires an intentionally inefficient use of the firm’s resources and a willingness to risk 

compromising future profitability, which peers might not be able to trigger. For these reasons, 

investigating peer effects in real misreporting choices offers valuable insight into the extent to 

which companies are vulnerable to peers’ pressure and how much they are willing to sacrifice to 

keep up with their peers, even when this entails undertaking suboptimal decisions. Next, I take a 

complementary perspective to understand how powerful peer influence can be when companies’ 

manipulative strategy does not clash with their own interests. To this end, peer effects in earnings 

smoothing practices are analyzed. In this case, incentives to keep pace with peers should be 

exacerbated due to the strong signaling power of such earnings management tools and the absence 

of substantial drawbacks. 

Although the existence of peer effects may, in many cases, appear intuitively convincing, it 

is inherently challenging to detect and quantify because of the endogenous nature of peer 

interactions. In effect, a positive correlation in peers’ behaviours may be due to factors other than 

real peer influence, which is why literature often regards it as insufficient evidence to claim causality 

(Angrist, 2014). For example, members of the same group could share common characteristics or 

be exposed to similar external factors, elements that could be accountable for the similarity of their 

 
2 Note that real misreporting tools are suboptimal by definition: “[real earnings management] occurs if the manager 

undertakes transactions that are inefficient from the firm’s perspective, but generate a desired profit or loss in the current 

period” (emphasis added) (Ewert & Wagenhofer, 2005 pag. 1104). 
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actions. But, above all, it is the extensively mentioned reflection problem (Manski, 1993) to make 

estimating peer effect a challenging objective. Since company i and its peer group affect each other 

simultaneously, how may we identify the effect that firm i has on its own group from the effect 

that the peer group has on firm i? Arguably, causality cannot be inferred by an OLS regression in 

which an individual’s behaviour is regressed against its peers’ behaviours. However, to address this 

specific form of endogeneity, a widely adopted and endorsed approach in accounting studies has 

been to identify a source of variation in peers’ outcomes which is exogenous to firm i and assess 

how peer firms’ reactions to that variation affect firm’ i outcome. Thus, drawing on existing 

literature, our empirical approach relies on this strategy. 

Three empirical studies form this thesis. The first study investigates peer effects presence 

in real activities manipulation among publicly held companies. In principle, capital market pressure, 

product market and managers’ labour market competition may all support a mimicking outcome 

in misreporting strategies (Bagnoli and Watts, 2000; Bagnoli and Watts, 2010; Gao and Zhang, 

2019). And yet, the peculiar detrimental nature of real misreporting might make the imitation of 

peers’ choices a merely unsustainable strategy. Building on these opposing forces, I examine a 

sample of US listed firms to verify if peer influence may exert any role in such a misreporting 

strategy that is beneficial for short-term performance but detrimental over the long-term. Using 

firm-specific and time-varying peer classifications based on product market similarities (Text-based 

Network Industry Classification, Hoberg and Phillips, 2010; 2016) and relying on an instrumental 

variable estimation approach (2SLS-IV) in which peers’ average idiosyncratic market returns (Leary 

and Roberts, 2014) serves as instrument for peers’ real activities manipulation, I find a positive 

statistically and economically significant association between peer companies’ real misreporting 

strategies: firms respond to peers’ choices with their own misreporting. Clearly, the detrimental 

nature of the real misreporting tool does not dissuade firms from following their peers’ earnings 

management strategies, leading to a vicious circle in which both firms and stakeholders seem to be 

harmed by peers’ pressure. However, firms do not appear to completely disregard all the costs 
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associated with mimicking suboptimal actions. In fact, I find that peers’ effect is mitigated when 

managers’ expected costs, as proxied by the likelihood external monitors would question their 

actions, are higher. This is extremely interesting because it points to the trade-off experienced by 

firms when deciding whether to follow their peers or not. 

The second analysis extends my previous investigation and examines peer effects in real 

activities manipulation in a private setting. Although different reporting incentives shape private 

companies’ earnings management choices (Beuselinck, Elfers, Gassen, Pierk, 2021), peer pressure 

may still play an important role. Specifically, as long as companies’ stakeholders (such as banks, tax 

authorities, analysts etc.) are interested in evaluating firms on a comparative basis, firms should be 

tempted to follow peers’ misreporting actions. In any case, there are no reasons to believe real 

misreporting costs are any lower in such a setting. Analyzing a large sample of Italian private firms 

and adopting an instrumental variable estimation approach (2SLS-IV) in which peers’ average 

idiosyncratic return on assets (Fiordelisi and Ricci, 2015) serves as an instrument for peers’ real 

activities manipulation, I document a positive statistical and significant economic association 

between private companies’ real earnings management and their industry peers. Then, guided by 

peculiar private firms’ incentives, I conduct subsequent analysis by splitting real misreporting 

strategies into income-decreasing and income-increasing ones. This separate investigation shows 

that misreporting interdependence occurs in upwards and downward actions, although with greater 

strength in the latter. Additional analyses reveal that peer pressure among private firms is mainly 

due to tax authorities’ and lenders’ information requests. That is, firms’ misreporting seems to be 

reinforced by peers’ choices, whereby companies are especially prone to peer pressure when their 

firm-specific incentives - induced by tax authorities and lenders information requests- would 

already induce them to conform with peers. 

Finally, the third empirical analysis takes a complementary perspective and analyzes peer 

effects in a misreporting tool far more susceptible to imitation than the real one, precisely earnings 

smoothing. In this case, the forces counteracting the imitative propensity should disappear because 
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accrual smoothing has no negative consequences on future firms’ prospects and because 

stakeholders assess this practice most positively, thus resulting in a theoretically intensified 

propensity to follow peers. By investigating a sample of Italian private firms where accruals 

smoothing is a widespread practice (Mura & Roberto, 2020) and employing the same approach 

used for detecting peer influence in real earnings management (i.e. a 2SLS-IV estimation approach 

in which peers’ average idiosyncratic return on assets is the instrumental variable), I document that 

the more industrial peers show the aptitude to deliver constant earnings, the more each firm will 

do the same. Mainly, I highlight that in this setting peers’ choices became the main driver of 

earnings management choices, with no other factors having an economic significance remotely 

comparable. These results align with rational expectations: the feedback process explodes when 

mimicking peers is costless. 

The rest of the thesis is structured as follows. Chapter 2 studies peer effects in real activities 

manipulation focusing on the US context. Chapters 3 and 4 present the two empirical investigations 

conducted on the Italian data, respectively on peer effects in real activities manipulation and in 

accrual-based smoothing. The final Chapter (5) draws conclusions, presents the limitations of this 

thesis, and offers suggestions for future research. 
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Chapter 2. 

Peer Effects in Real Activities Manipulation 

1 Introduction  

Peer effects have recently been the subject of a growing literature exploring the social 

determinants of corporate decisions (e.g. Leary & Roberts, 2014; Kaustia & Rantala, 2015; Bird et 

al., 2018; Armstrong et al., 2019; Grennan, 2019; Seo, 2020). In different contexts, this literature 

has documented that peers exert a crucial role in shaping firm behaviour. Despite the increasing 

awareness of peers’ influence, there is no evidence on whether the peer effects extend also over 

corporate practices that can be beneficial for short-term performance but damaging over the long-

term. In this paper we focus on this aspect by examining whether peer effects exist in real activities 

manipulation or real earnings management (REM). REM refers to any voluntary deviation from 

normal operational practices that is undertaken with the intention to misrepresent the firm’s 

financial performance (Roychowdhury, 2006; Gunny, 2010; Zang, 2012; Vorst, 2016). Although 

real activities manipulation implies the sacrifice of economic value and potentially compromises 

long-term survival of firms (e.g. Bhojraj et al., 2009; Cohen & Zarowin, 2010; Bereskin et al., 2018), 

it is a widely held practice across firms (see, for instance, Graham et al., 2005).  

From a theoretical perspective, real earnings management provides firms with both short-

term clear incentives and strong long-term deterrents to mimic peer behaviours. Competitors 

commonly represent a benchmark against which a firm’s performance is assessed (Jennings et al., 

2020). Hence, firms could strategically imitate peers’ real manipulation activities in order to keep 

pace with peers’ performance and satisfy users’ expectations as in game-theoretic prediction 

wherein the more competitors manipulate the more peers will manipulate (i.e. Bagnoli & Watts 

2000, Gao & Zhang, 2019),  
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Alternatively, firms might perceive the costs of real activity manipulation as unsustainable, 

thus being discouraged to engage in this form of manipulation in response to peers (Bagnoli & 

Watts, 2000). Indeed, the costs of real earnings management are not likely to be trivial since the 

actual increase of firms’ current profitability may be at the expense of a more damaging decrease 

in firms’ future profitability (e.g. Cohen & Zarowin, 2010; Bereskin et al., 2018). From this 

perspective, as long as managers opt for a long-term view and believe that the costs of real earnings 

management outweigh the benefits, we should not detect any peer effects in real earnings 

management.  

We contrast the two arguments above using a sample of publicly listed US firms over the 

period 1991-2018. As in Foucault & Fresard (2014), we define peers based on Text-based Network 

Industry Classification (TNIC) provided by Hoberg and Phillips (2010; 2016). This choice enables 

us to rely on peer groups that are highly relevant because firm-specific and time-varying. We 

compute our Rem measure combining the proxies for two real manipulation methods: inventory 

overproduction and opportunistic cuts of discretionary expenditures (e.g. Roychowdhury, 2006; 

Zang, 2012; Huang et al., 2020). In particular, the first strategy allows firms to reduce the cost of 

goods sold by spreading fixed overhead costs over a larger number of units, while the second entails 

the reduction of reported expenses through opportunistic cuts in discretionary expenditures (i.e. 

selling, general and administrative; research and development; and advertising expenses).  

One obvious and well-known challenge in any investigation of peer effects is endogeneity 

(Manski, 1993). That is, the mean behaviour of the peer group may determine the individual’s 

behaviour, as well as the individual’s behaviour may determine peer group behaviour. We rely on 

the identification strategy employed by Leary and Roberts (2014) using a Two Stage Least Square 

approach (2SLS) in which peers’ idiosyncratic stock returns serve as instrument for peers’ real 

earnings management. 
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We start our empirical investigation by documenting that a positive peer effect exists also 

in real earnings management decisions. In other words, we find that firms use real manipulation to 

respond to peers’ real manipulation. This result holds across different model specifications.  

Indeed, the negative long-term consequences of this technique are not able to dissuade 

firms from its strategic use. Overall, peer effect presence would suggest a problematic scenario 

where not only firms engage in choices detrimental for themselves but, at the same time, they drive 

other firms to similar suboptimal choices, in a vicious circle. However, the pervasive implications 

of this finding do not end here. These social interactions would heavily affect the firms’ reporting 

quality. As long as earnings are not the result of the ordinary course of operations but, rather, the 

result of abnormal operations, the reliability of financial statements is potentially compromised.  

We progress our analysis by investigating whether there are potential mitigating elements 

of the peer effect in REM. Extant studies suggest that firms’ use of earnings management strategies 

can be reduced by the action of external monitoring mechanisms (e.g. Commerford et al., 2018; 

Yu, 2008; Bushee, 1998). Based on this expectation, we test if specialized auditors, institutional 

investors and analysts are able to deter harmful mimicking behaviours in real activities 

manipulation. From this analysis, we find evidence that specialized auditors and institutional 

investors are effective monitors and exert a significant role in curtailing firms’ response to peers’ 

misbehaviours. Instead, analyst coverage does not seem to exert any role in discouraging peers’ 

imitation.  

The study contributes to the extant literature in several respects. First, we extend the 

literature on earnings management documenting the crucial role exerted by industry peers in 

shaping real activities manipulation decisions. Previous studies have shown that the content of 

firms’ financial reporting affects peers in several ways, such as in their investment decisions (Beatty 

et al., 2013; Li, 2016) and in their use of accounting discretion (Bratten et al., 2016). However, while 

evidence of associations among firms’ accounting misreporting has also been found (Chiu et al., 

2013; Kedia et al., 2015; Charles et al., 2018; Parsons et al., 2018), these different streams of studies 
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have largely neglected to consider the potential effects of real earnings management on peer firms. 

Thus, building on this work, our study examines the impact of real activities manipulation on peers’ 

corresponding choices. Second, documenting that firms’ mimic behaviours are also common to 

these firms’ decisions, we add to the growing literature on peer effects in corporate policies. Peer 

effects have been documented in financial policies such as capital structure decisions (Leary and 

Roberts, 2014), stock split (Kaustia and Rantala, 2015) and dividend payments (Grennan, 2019) 

and beyond financial policies, being observed in corporate tax planning (Bird et al., 2018; 

Armstrong et al., 2019), information disclosure decisions (Seo 2021; Matsumoto et al. 2021) and 

corporate social responsibility practices (Cao et al., 2019). However, little is known on whether the 

highlighted mimicking behaviour is optimal for a firm. Due to the explicit detrimental nature of 

this manipulative strategy, we provide evidence concerning the optimality of mimicking 

behaviours, adding to the literature above and emphasizing the perils of peer influence. Third, our 

study showing that industry specialisation of auditors and institutional investors play an effective 

role in contrasting REM is relevant for policymakers and regulators. The spread of REM is 

worrying as it has negative consequences on the firms’ prospects, financial reporting quality, and, 

more widely, on the efficient allocation of capitals. Our finding helps orient policies that aim at 

reinforcing external monitors to mitigate peer effects in real activities manipulation.  

The remainder of the paper is organized as follows: Section 2 reviews related literature; 

Section 3 presents the sample and research design; Section 4 reports the empirical results; Section 

5 concludes. 

 

2 Background information and related literature 

The decision to engage in misreporting via REM following peers’ choices can be seen as 

the result of a cost-benefit analysis. Whether, therefore, a firm will mimic the real earnings 

management choices of its peers will likely depend on the trade-off between these potential costs 
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and benefits. The outcome of this trade-off is, however, ex-ante unclear since the potential costs 

and the expected benefits associated with REM differ significantly in terms of timing. 

More precisely in principle, REM actions taken by a group of peers should be very costly 

over the long term if imitated. In fact, by engaging in REM, firms address their need to improve 

short term results, but this is at the expense of future performance (Bhojraj et al., 2009; Cohen & 

Zarowin, 2010; Bereskin et al., 2018). For instance, cutting research and development or advertising 

expenses might undermine the company’s future ability to compete. Similarly, overproducing in 

the absence of an increase in demand results in greater inventory obsolescence, thus exposing firms 

to future losses.  

Nevertheless, in the short-term engaging in REM can lead to significant performance 

benefits that can be valuable in the labour, capital and product markets. Specifically, these benefits 

can be primarily important in the presence of managerial short-termism motivated by career 

concerns or pay incentives. Indeed, managers’ relative performance evaluation is increasingly 

common among companies and underperforming peers results in managers being assessed 

negatively by the labour market, thus compromising future employment opportunities. Hence, if 

manager ability is inferred by comparison with competitors who artificially enhance their results, 

executives could experience a strong incentive to adjust financial results accordingly to boost short-

term performance. Under this condition, managers could herd, regardless of whether Rem actions 

can be clearly dysfunctional over the long term (Scharfstein and Stein, 1990).  

Similarly, firms are regularly compared with their peers by investors, analysts and other 

users of financial statements, who consider improvements in the relative performance ranking of 

a firm within its industry as a signal of its increased ability to compete and realize profits (Jennings, 

2020; Lee et al., 2015). Thus, as meeting market expectations is crucial when firms compete in 

capital markets, managers could respond to peers’ earnings management by increasing their own 

earnings management.  
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Additionally, strong product market competition can give rise to peer effects in real 

earnings management choices. Since these distortions induced by firms impact the product market 

competition (Einhorn et al., 2018; Bagnoli and Watts, 2010), firms may have no other choice but 

to follow competitors. Thus, the distortion of real transactions to mimic peers by managers can be 

a defensive strategy aiming at protecting the competitive position.  

From the trade-off perspective highlighted above, firms would mimic peers only when (and 

if) the expected short-term benefits outweigh the predicted long-term costs (Bagnoli and Watts, 

2000; Nagar and Petacchi, 2016; Gao and Zhang, 2019). Thus, it is the trade-off experienced by 

each firm at a given time, with contingencies varying on both the cost and benefit side, that 

determines the mimic outcome, making then ex-ante unclear whether peer effect is indeed present 

in the context of REM.  

 

3 Data and Research Design 

3.1 Sample construction and definition of peer firms 

Our sample selection procedure begins with all US firms listed on the NYSE, AMEX or 

NASDAQ from 1991 to 2018 and with data available on Compustat and CRSP. We exclude 

financial firms (SIC 6000-6999) and utilities (SIC 4000-4999) due to their highly regulated 

environments and different financial reporting incentives. Furthermore, we impose that each firm-

year observation has the data necessary to compute all the variables used in the analysis and at least 

24 months of return information. This latter requirement is necessary for our instrumental variable 

estimation. Finally, since the intention of this study is to examine group dynamics, we require each 

firm-year observation to have at least two peers. The resulting sample consists of 37,752 firm-years 

observations, corresponding to 3,798 unique firms, over the period 1991-2018. Table 1 shows our 

sample selection process.  
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Table 1. Sample selection procedure   

 Observations Distinct firms 

All US firm-years in Compustat with Stock Exchange Code equal 
to 11, 12 or 14 and Fiscal Year between 1991 and 2018. 

 
152,902 

 
13,403 

   
Less observations of firm-years:   
With SIC codes (6000-6999) and (4000-4999) (60,655) (5,404) 
Without data available for all the variables (50,727) (3,524) 
With less than two peers (3,243) (152) 
Without at least two observations with full data availability (525) (525) 

   
Final sample 37,752  3,798 
This table presents our sample selection procedure. The final sample consists of 37,752 firm-year observations 
corresponding to 3,798 unique firms over the period 1991-2018. 

 

We identify as a firm’s peer any firm that belongs to the same “industry” according to Text-

based Network Industry Classification (TNIC) developed by Hoberg and Phillips (2010, 2016). 

This classification relies on a measure of similarity obtained through textual analysis of firms’ 10-

K filings, filed every year with the Securities and Exchange Commission (SEC). Data on product-

market peers are available for our entire sample period. Firms that share similar words in their 

mandated product description fall within the same group. This results in defining firm-specific and 

time-varying “industry” groups that perform better than fixed industry classification (e.g. SIC, 

NAICS) in explaining several firms’ decisions (Hoberg and Phillips, 2010; 2016). This is because 

using this classification, we define a distinct set of peers for each firm every year and allow peers 

to change over time, capturing dynamics that fixed industry classification fails to detect. Table 2 

reports statistics on TNIC peer groups in our sample. On average each peer group consists of 35 

firms, with a standard deviation of 42 peers, and approximately half of the firms have at least 18 

peers. The size of the groups increases slightly over the sample years, ranging from an average of 

about 24 firms in the first sub-period (1991-1999) to about 40 firms in the last sub-period (2010-

2018), while the median remains relatively stable over the three subperiods. 
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Table 2. Group size statistics 

 Mean P5 P25 P50 P75 P95 SD 
# Peers 34.74 3 7 18 46 134 41.54 
        
# Peers (by years)        
1991-1999 23.68 3 6 13 33 80 25.15 
2000-2009 39.45 3 8 22 55 140 43.02 
2010-2018 39.86 3 7 17 48 153 48.23 
This table reports statistics on peer groups based on Hoberg and Phillips (2010; 2016)’s TNIC classification in our 
sample. The group size represents the number of firms in each peer group with available information.  

 

3.2 The measure of Real Earnings Management 

The measurement of our dependent variable stems from Roychowdhury’s models (2006). 

Specifically, to identify our proxies for real earnings management, we consider two methods: 1) 

inventory overproduction and 2) opportunistic cuts of discretionary expenditures3. As proposed 

by Huang et al. (2020) and Kothari et al. (2016), we estimate abnormal production costs and 

abnormal discretionary expenditures as residuals from the corresponding first-order autoregressive 

models incorporating fixed effects (see Appendix). Then, we combine the two metrics to obtain a 

comprehensive measure of total real earnings manipulation (REM). 

 

3.3 The peer effects model 

Similarly to Leary and Roberts (2014) and Seo (2020), we employ the following structural 

model to test whether peer effects exist in real earnings management practices: 

𝑅𝑒𝑚𝑖𝑗𝑡 = 𝛽0 + 𝛽1𝑃𝑒𝑒𝑟𝑠_𝑅𝑒𝑚−𝑖𝑗𝑡 + 𝛽2𝑋𝑖𝑗𝑡−1 + 𝛽3�̅�−𝑖𝑗𝑡−1 + 𝐹𝑖𝑟𝑚𝐹𝐸 + 𝑌𝑒𝑎𝑟𝐹𝐸 + 𝜀𝑖𝑗 (1) 

Where 𝑅𝑒𝑚𝑖𝑗𝑡 is our proxy for real earnings management for firm i in peer group j in year t and  

𝑃𝑒𝑒𝑟𝑠_𝑅𝑒𝑚−𝑖𝑗𝑡 is the average real earnings management of firms in peer group j in year t excluding 

firm i. 𝑋𝑖𝑗𝑡−1 and �̅�−𝑖𝑗𝑡−1 are vectors of lag values of  firm’s i characteristics and peer firms’ 

characteristics, respectively. In this way, we control for observable factors that previous studies 

 
3 Following recent studies (e.g. Huang et al., 2020; Zang, 2012), we do not examine sales manipulation due to 

ambiguous relations with the other strategies 
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have shown to impact real manipulation, such as firm size (Size), performance (Roa), growth 

opportunities (MtB) and leverage (Lev) (see Cheng et al., 2016; Zang 2012; Cohen & Zarowin, 

2010). Also, we replicate the same control variables for peer groups (Peers_Size; Peers_Roa; 

Peers_MtB; Peers_Lev) in order to isolate firms’ response to peer characteristics from firms’ 

response to peers’ actions (All variables are defined in Appendix).  Last, we include firm and year 

fixed effects to account for time-invariant firm characteristics and common time trends. 𝜀𝑖𝑗 is the 

error term, for which we assume heteroskedasticity and within firm dependence.  

We estimate model (1) through a Two Stage Least Square approach (2SLS). Specifically, we 

perform a first stage regression in which we regress the endogenous variable Peers_Rem against 

an instrumental variable (IV) and the set of control variables as follows: 

𝑃𝑒𝑒𝑟𝑠_𝑅𝑒𝑚−𝑖𝑗𝑡 = 𝛽0 + 𝛽1𝐼𝑉−𝑖𝑗𝑡 + 𝛽2𝑋𝑖𝑗𝑡−1 + 𝛽3�̅�−𝑖𝑗𝑡−1 + 𝐹𝑖𝑟𝑚𝐹𝐸 + 𝑌𝑒𝑎𝑟𝐹𝐸 + 𝜀𝑖𝑗  

Then, in the second stage, we regress Rem on the fitted values of Peers_Rem from the first stage 

and on the same set of control variables as in the first stage: 

𝑅𝑒𝑚𝑖𝑗𝑡 = 𝛽0 + 𝛽1𝑃𝑒𝑒𝑟𝑠_𝑅𝑒𝑚̂
−𝑖𝑗𝑡 + 𝛽2𝑋𝑖𝑗𝑡−1 + 𝛽3�̅�−𝑖𝑗𝑡−1 + 𝐹𝑖𝑟𝑚𝐹𝐸 + 𝑌𝑒𝑎𝑟𝐹𝐸 + 𝜀𝑖𝑗  

This approach is indispensable to overcome the issue that arises in the attempt to infer whether 

the average outcome of group j influences the outcome of firm i which is part of group j, namely 

the reflection problem (Manski, 1993). This is a particular type of endogeneity for which the 

presence of correlation between the firm’s measure and group’s measure does not imply causality, 

due to reciprocal influence. As in previous studies, our strategy relies on identifying a source of 

variation in peers’ real earnings management, which is exogenous to firm’s i own real earnings 

management. We adopt peer firms’ idiosyncratic stock returns as such source of variation and 

employ it as an instrument for 𝑃𝑒𝑒𝑟𝑠_𝑅𝑒𝑚−𝑖𝑗𝑡 in the Two Stage Least Square estimation of model 

(1). 

The idiosyncratic stock returns are estimated according to Leary & Roberts’ (2014) market 

model, which takes the form: 



 

16 

 

𝑟𝑖𝑗𝑡 = 𝛼𝑖𝑗𝑡 + 𝛽𝑖𝑗𝑡
𝑀 (𝑟𝑚𝑡 − 𝑟𝑓𝑡) + 𝛽𝑖𝑗𝑡

𝐼𝑁𝐷(�̅�−𝑖𝑗𝑡 − 𝑟𝑓𝑡) + 𝜂𝑖𝑗𝑡 

Where 𝑟𝑖𝑗𝑡 is the raw return for firm i in peer group j during month t;  (𝑟𝑚𝑡 − 𝑟𝑓𝑡) is the excess 

market return during month t, and (�̅�−𝑖𝑗𝑡 − 𝑟𝑓𝑡) is the excess return on an equal-weighted TNIC 

peers portfolio excluding the return of firm i. We estimate this equation for each firm on a rolling 

annual basis using historical monthly stock returns over the prior 60 months and requiring a 

minimum of 24 months. Thus, we obtain firm-specific and time-varying parameters that are 

constant within a calendar year. Next, using factor returns for the current year and estimated 

coefficients for the previous year, we compute expected and idiosyncratic monthly returns as 

follows: 

𝐸𝑥𝑝𝑒𝑐𝑡𝑒𝑑 𝑟𝑒𝑡𝑢𝑟𝑛𝑖𝑗𝑡 ≡ �̂�𝑖𝑗𝑡 = �̂�𝑖𝑗𝑡 + �̂�𝑖𝑗𝑡
𝑀 (𝑟𝑚𝑡 − 𝑟𝑓𝑡) + �̂�𝑖𝑗𝑡

𝐼𝑁𝐷(�̅�−𝑖𝑗𝑡 − 𝑟𝑓𝑡) 

𝐼𝑑𝑖𝑜𝑠𝑦𝑛𝑐𝑟𝑎𝑡𝑖𝑐 𝑟𝑒𝑡𝑢𝑟𝑛𝑖𝑗𝑡 ≡ �̂�𝑖𝑗𝑡 = 𝑟𝑖𝑗𝑡 − �̂�𝑖𝑗𝑡. 

Finally, we compound monthly idiosyncratic returns to obtain an annual measure consistent with 

our REM metric. We lag this measure one year and obtain firm’s idiosyncratic shock return. Our 

instrumental variable is the average idiosyncratic shock return of a firm’s TNIC peers. Table 3 

reports estimation statistics for the stock return factor regression as well as for the idiosyncratic 

shock return of firm i and peer firms. The mean (median) value for idiosyncratic monthly return is 

-0.001 (-0.008), in line with Leary & Roberts (2014) who report -0.002 (-0.011). 

Table 3. Stock Return Factor Regression Results 
  Mean Median SD 

𝛼𝑖𝑡 0.005 0.005 0.018 

𝛽𝑖𝑡
𝑀 0.380 0.399 0.883 

𝛽𝑖𝑡
𝐼𝑁𝐷 0.633 0.553 0.573 

Obs. Per Regression 57.45 60 6.33 

Adjusted 𝑅2 0.238 0.209 0.180 

Avg. Monthly Return 0.015 0.006 0.164 
Expected Monthly Return 0.017 0.017 0.086 
Idiosyncratic Monthly Return -0.001 -0.008 0.151 
Annual Idiosyncratic Shock Return 0.000 -0.097 0.577 

Peers Annual Idiosyncratic Shock Return -0.002 -0.021 0.191 
This table reports mean factor loadings and adjusted 𝑅2 from the regression  
𝑟𝑖𝑗𝑡 = 𝛼𝑖𝑗𝑡 + 𝛽𝑖𝑗𝑡

𝑀 (𝑟𝑚𝑡 − 𝑟𝑓𝑡) + 𝛽𝑖𝑗𝑡
𝐼𝑁𝐷(�̅�−𝑖𝑗𝑡 − 𝑟𝑓𝑡) + 𝜂𝑖𝑗𝑡 . Where 𝑟𝑖𝑗𝑡  is the raw return for firm i in peer group j 

during month t, (𝑟𝑚𝑡 − 𝑟𝑓𝑡) is the excess market return over month t, and (�̅�−𝑖𝑗𝑡 − 𝑟𝑓𝑡) is the excess return on an 

equal-weighted peer group portfolio excluding firm i’s return over month t. Peer groups are defined using Hoberg 
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and Philips’ (2010; 2016) TNIC classification. The regression is estimated for each firm on a rolling annual basis 
using historical monthly stock returns over the prior 60 months and requiring a minimum of 24 months.  Then, 
expected returns are computed using factor returns for year t and estimated coefficients for year t-1. Idiosyncratic 
returns are computed as the difference between raw returns and expected returns. The annual idiosyncratic return is 
obtained by compounding monthly idiosyncratic returns. 

 

In order for peer idiosyncratic stock return to be a valid instrument, it has to be correlated 

with Peers_Rem (relevance condition) and it must not affect Rem in any way other than through 

Peers_Rem (exclusion condition). Both conditions are likely to be satisfied. The extant literature 

documents that firms’ incentives to manage earnings largely arise from concern about capital 

market expectations and valuation (Dechow et al., 2010; Fields et al., 2001; Healy & Whalen, 1999). 

To the extent that idiosyncratic stock return captures the firm’s performance exceeding 

expectations, we expect a strong negative correlation between performance shock and subsequent 

real activities manipulation. This is because a company that is already performing beyond 

expectations is unlikely to need to resort to REM. Thus, the rationale behind our identification 

strategy is that when a firm experiences a positive return shock the incentives to adopt manipulative 

activities decrease, thus lowering abnormal intervention. Extending this relationship to peer group, 

we expect that an increase in peer firms’ idiosyncratic equity shock will lower peer firms’ use of 

real earnings management, without any direct effect on real earnings management at firm i. In 

effect, the idiosyncratic equity shock is, by construction, purely firm-specific. For each firm, it is 

obtained isolating a return component that is purged of market and peer group commonalities in 

return. Hence, average peer shocks should be an appropriate instrument in our setting since these 

shocks are uncorrelated with each other as well as serially uncorrelated and serially cross-

uncorrelated (Leary & Roberts, 2014). Furthermore, to alleviate any concern about remaining 

common variation between the idiosyncratic components of returns among firms, we include the 

firm’s own idiosyncratic equity return in all regressions. 

 

3.4 Descriptive Statistics 
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Table 4 presents the summary statistics of our final sample. The table provides firm-specific 

values and peer firm averages for the variables used in the analysis. Two aspects are noteworthy: 

first, Rem and Peers_Rem refer to year t, whereas all the remaining variables refer to year t-1, 

consistent with our model. Second, Peer-level variables are constructed as the yearly average of all 

firms in each peer group, excluding firm i’s observation.  

Table 4. Descriptive statistics 

 N Mean SD P25 P50 P75 

Firm-level variables       
Rem 37,752 -0.009 0.295 -0.077 -0.001 0.070 
Size 37,752 5.919 2.246 4.481 5.997 7.437 
Roa 37,752 0.080 0.210 0.057 0.118 0.174 
MtB 37,752 3.133 4.334 1.315 2.161 3.680 
Lev 37,752 0.199 0.206 0.011 0.158 0.313 
       
Peer-level variables       
Peers_Rem 37,752 -0.002 0.099 -0.047 -0.003 0.040 
Peers_Size 37,752 5.758 1.591 4.759 5.888 6.886 
Peers_Roa 37,752 0.046 0.165 0.024 0.103 0.146 
Peers_MtB 37,752 3.365 1.886 2.125 2.986 4.325 
Peers_Lev 37,752 0.201 0.107 0.118 0.181 0.271 
       
This table presents descriptive statistics for the main variables used in our analysis. All variables are defined in 
Appendix and are winsorized at the 1st and 99th percentiles.  Peer firm averages are calculated as the average of all 
firms within a peer group-year combination, excluding the ith observation, where the peer group is defined by 
Hoberg and Phillips (2010; 2016)’s TNIC classification. 

 

Table 5 reports the Pearson (below the diagonal) and Spearman (above the diagonal) 

correlations of the variables used in our principal analysis. Correlations generally appear reasonable, 

considering the construction of peer variables. However, quite high values are documented 

between Size and PSize (Pearson correlation coefficient: 0.64; Spearman correlation coefficient: 

0.64) and between PRoa and PSize (Pearson correlation coefficient: 0.71; Spearman correlation 

coefficient: 0.60). Since this may suggest the presence of multicollinearity, in the next section we 

investigate if excluding these variables alter our results. However, we disclose in advance that our 

estimates are unlikely to be compromised by multicollinearity. 
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Table 5. Correlation matrix 

 1 2 3 4 5 6 7 8 9 10 11 12 

1 Rem  0.03 0.10 0.00 0.03 -0.03 0.15 0.00 0.03 -0.02 0.03 -0.02 

2 Size 0.05  0.39 0.05 0.33 0.07 0.01 0.64 0.34 -0.20 0.26 -0.03 

3 Roa 0.11 0.50  0.25 0.03 0.10 0.06 0.26 0.42 -0.11 0.12 0.00 

4 MtB -0.02 -0.04 -0.06  -0.13 0.11 0.02 -0.14 -0.13 0.37 -0.13 0.01 

5 Lev 0.01 0.22 -0.01 -0.08  0.02 0.02 0.24 0.17 -0.20 0.44 0.01 

6 
IShock 

-0.02 -0.04 0.04 0.08 -0.00  -0.00 0.07 0.06 -0.04 0.05 0.03 

7 PRem 0.08 -0.01 0.02 0.02 -0.01 -0.00  -0.01 0.09 0.04 0.01 -0.02 

8 PSize 0.02 0.64 0.37 -0.15 0.16 -0.02 -0.03  0.60 -0.39 0.38 -0.04 

9 PRoa 0.02 0.41 0.51 -0.18 0.07 0.00 0.02 0.71  -0.34 0.25 0.02 

10 
PMtB 

-0.02 -0.18 -0.18 0.25 -0.11 0.00 0.09 -0.35 -0.39  -0.32 0.05 

11 PLev 0.02 0.23 0.11 -0.08 0.41 0.00 -0.03 0.35 0.18 -0.27  0.01 

12 
PShock 

-0.01 -0.03 0.01 -0.00 0.01 0.06 -0.03 -0.04 0.02 0.03 0.02  

This table reports the correlation matrix of the main variables used in the analysis. Pearson correlation coefficients 
are shown in the lower triangle while Spearman rank correlations appear above the diagonal. All variables are defined 
in the Appendix. 

 

4 Results 

4.1 Response to Peers Rem or Peers Shock 

To prove that peers’ idiosyncratic shocks do not affect Rem in firm i except through 

Peers_Rem, we perform two-way dependent sorts using quintiles of Peers_Rem and quintiles of 
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Peers_Shock. We follow the procedure outlined in Seo (2020). First, we sort all observations into 

quintiles based on Peers_Shock; then, we conditionally sort each quintile into quintiles based on 

Peers_Rem. From the intersection of these quintiles, we generate 25 groups and calculate for each 

of them the average Rem. The results are presented in Panel A of Table 6. We note that, holding 

the instrument fixed, Rem increases with Peers_Rem and that the difference between the first and 

the fifth quintile of Peers_Rem is statistically significant at the 1% level in each row. Considering 

for example the second quintile of Peers_Shock, we see an increase in Rem across the row from -

0.041 to 0.017 and that this difference is significantly different from zero at the 1% level.  

While these results show that Rem increases with Peers_Rem, holding the instrument fixed, 

in panel B we examine if Rem increases with Peers_Shock holding Peers_Rem fixed. We follow 

the same procedure except that, now, we sort all observations into quintiles based on Peers_Rem 

and then we conditionally sort each quintile into quintiles based on Peers_Shock. We calculate the 

average Rem for each of the 25 groups generated in this way. Panel B of Table 6 shows that average 

Rem does not increase with Peers_Shock, holding Peers_Rem fixed, and that the difference 

between the first and the fifth quintile of Peers_shock is not statistically different from zero. For 

example, in the second quintile of Peers_Rem the average Rem is equal to -0.008 in the first quintile 

of Peers_Shock, equal to -0.018 in the fifth quintile of Peers_Shock and the difference between 

the two values is not significantly different from zero. Therefore, firms seem to respond to real 

earnings management of their peers and not to peers’ shock. 

Table 6. Two-way dependent sorts: Peer Rem versus Peer Shock 
 Panel A 

 Peers_Rem 

Peers_Shock 1 2 3 4 5  5-1 

1 -0.049 -0.008 -0.007 0.017 0.009 0.057*** 
2 -0.041 -0.024 -0.001 0.007 0.017 0.059*** 
3 -0.047 -0.039 -0.015 0.025 0.022 0.070*** 
4 -0.050 -0.008 -0.017 0.014 0.026 0.076*** 
5 -0.056 -0.025 -0.006 0.004 0.016 0.073*** 

All -0.049 -0.021 -0.009 0.013 0.018 0.067*** 
       

Panel B       
 Peers_Shock 
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Peers_Rem 1 2 3 4 5  5-1 

1 -0.047 -0.042 -0.052 -0.044 -0.060 -0.013 
2 -0.008 -0.023 -0.036 -0.009 -0.018 -0.010 
3 -0.007 -0.004 -0.018 -0.021 -0.003 0.004 
4 0.015 0.005 0.021 0.015 0.006 -0.010 
5 0.008 0.022 0.021 0.028 0.019 0.011 

All -0.008 -0.009 -0.013 -0.006 -0.011 -0.003 
This table presents the average real activities manipulation for 25 groups of observations in each panel. The groups 
are formed by the intersection of quintiles based on peer firms average idiosyncratic return shock (Peers_Shock) and 
peer firms average real activities manipulation (Peers_Rem). In panel A, all firm-year observations are first sorted 
into quintiles based on Peers_Shock, as denoted in the first column. Next, each quintile is conditionally sorted into 
quintiles based on Peers_Rem, as denoted in the top rows. The column labeled “5 – 1” presents the mean difference 
of the average real activity manipulation between the fifth and the first quintile of Peers_Rem. The column laeled 
“All” row presents the average real activities manipulation for each Peers_Rem quintile.  In Panel B, all firm-year 
observations are first sorted into quintiles based on Peers_Rem, as denoted in the first column. Next, each quintile 
is conditionally sorted into quintiles based on Peers_Shock, as denoted in the top rows. The column labelled “5-1” 
column presents the mean difference of the average real activity manipulation between the fifth and the first quintile 
of Peers_Shock. The column labelled “All” presents the average real activities manipulation for each Peers_Shock 
quintile. *, **, *** represent significance at the 10%, 5% and 1% level, respectively.    

 

4.2 Peer effects estimate 

Columns 1 and 2 of Table 7 present Two-Stage Least Square estimation results. The first 

stage results - in which the dependent variable is peer real earnings management and the main 

explanatory variable is peer equity shocks – show that our instrument negatively predicts peers’ real 

earnings management with a level of significance of 1%, even after controlling for known 

determinants of manipulative choices. In line with our expectations, after positive return shocks 

firms lower their abnormal intervention. Thus, this evidence and the F-test of excluded instruments 

(equal to 18,59) suggest that the instrument satisfies the relevance condition.  
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Table 7. Peer effects in real earnings management 

 2sls 2sls 
 (1) 

First Stage  
(2) 

Second Stage  
(3) 

First Stage  
(4) 

Second Stage  

 Peers Rem Rem Peers Rem Rem 

Peers_Shock -0.027***  -0.026***  
 (-4.31)  (-4.15)  
Peers_Rem  0.700**  0.709** 
  (2.28)  (2.24) 
  [0.178, 1.561]     [0.169, 1.599] 
Size 0.003*** 0.045*** 0.004*** 0.045*** 
 (2.71) (8.09) (3.21) (7.67) 
Roa 0.007 0.307*** 0.005 0.283*** 
 (1.27) (6.06) (0.84) (5.68) 
MtB 0.000* -0.001 0.000 -0.001 
 (1.76) (-1.01) (1.44) (-1.03) 
Lev -0.008* 0.017 -0.005 0.013 
 (-1.77) (0.83) (-1.20) (0.58) 
I_Shock -0.000 -0.009** -0.001 -0.008* 
 (-0.45) (-2.05) (-0.49) (-1.88) 
Peers_Size -0.006*** 0.000 -0.004*** -0.002 
 (-4.63) (0.14) (-2.98) (-0.49) 
Peers_Roa 0.120*** -0.120** 0.111*** -0.123** 
 (7.37) (-2.46) (6.82) (-2.56) 
Peers_MtB 0.009*** -0.005* 0.009*** -0.005* 
 (11.34) (-1.65) (11.28) (-1.66) 
Peers_Lev -0.072*** 0.041 -0.081*** 0.045 
 (-5.29) (1.15) (-5.77) (1.16) 
Noa   0.003** 0.033*** 
   (1.97) (5.75) 
Zscore   -0.006** -0.010 
   (-2.47) (-1.27) 
BigN   -0.003 -0.002 
   (-1.00) (-0.28) 
OpCycle   0.000*** -0.000 
   (3.11) (-0.80) 
AuTenure   0.001 -0.000 
   (0.36) (-0.04) 
Peers_Noa   0.022*** 0.003 
   (13.41) (0.28) 
Peers_Zscore   -0.008** -0.007 
   (-2.40) (-0.90) 
Peers_BigN   -0.011 0.009 
   (-1.60) (0.65) 
Peers_OpCycle   0.000*** -0.000* 
   (2.61) (-1.72) 
Peers_AuTenure   -0.004** 0.010*** 
   (-2.39) (2.67) 
Firm FE Yes Yes Yes Yes 
Year FE Yes Yes Yes Yes 
Industry FE No No No No 
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As expected, the second stage results reveal the presence of causal peer effects in real 

earnings management decisions, thus supporting the theoretical arguments we have discussed in 

the literature section. We find that Peers_Rem coefficient is positive and significant at the 5% level 

(coefficient=0.700, t=2,28). This effect is also economically meaningful. A one standard deviation 

increase in peer real earnings management leads to a 0.235 standard deviation increase on a given 

firm’s real earnings management (0.700*0.099/0.2954; Mitton, 2020). To corroborate the reliability 

of this relation, even in the case of potential weak instrument, we have calculated the Lagrange 

multiplier version of the weak instrument robustness test: in Table 7 we report the confidence 

interval for the peer effect estimate as derived from the Anderson-Rubin test. With respect to firm-

specific control variables, we find a positive and significant coefficient at the 1% level on firm Size 

and Roa. The estimates suggest that one standard deviation increase in Size (Roa) is associated with 

a standard deviation increase in real earnings management equal to 0.342 (0.219). Both associations 

seem intuitive. On one hand, the higher complexity of larger firms makes it easier to engage in real 

manipulation and, at the same time, more challenging to be uncovered. On the other, higher 

margins of more profitable firms make less costly to temporarily deviate from optimal business 

practices. To provide context for Peers_Rem economic significance, its effect is comparable to 

 
4 Where 0.700 is the estimated regression coefficient on Peers_Rem, 0.099 is sample standard deviation of Peers_Rem 

and 0.295 is sample standard deviation of Rem. 

F-Test of excluded 
instrument 

18.59  17.25  

Observations 37,752 37,752 37,546 37,546 
This table reports the 2SLS estimation results for model (1) with two different sets of control variables. Column 1 
and Column 2 presents, respectively, the first and second stage results of our main model. Column 3 and Column 4 
presents, respectively, the first and second stage results of our main model with additional control variables. The 
dependent variable is indicated at the top of each column. The endogenous variable is peer real activities 
manipulation (Peers_Rem) and the instrument is peer idiosyncratic equity return (Peers_Shock). Below the t-statistics 
of Peers_Rem is reported a 95% confidence set for the IV coefficient that is robust to weak instruments. Firm-
specific variables correspond to firm i’s value in year t. Peer firms average correspond to average value of all firms 
within a peer group-year excluding firm i. The dependent variable and the endogenous variables refer to year t while 
all other variables are lagged one year.  All variables are defined in Appendix.  *, **, *** represent significance at the 
10%, 5% and 1% level, respectively. T-statistics robust to heteroskedasticity and within-firm dependence in 
parentheses. 
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firm-specific determinants routinely included in the literature as primary determinants of real 

manipulation such as Size and Roa. The coefficients on peer-level controls are not significant 

except for Peers_Roa and Peers_MtB (significant at 5% and 10% level, respectively), which have 

an effect economically weaker than those previously noted (-0.067 and -0.032, respectively). 

Overall, these results indicate that peers’ characteristics have a negligible effect and that peer 

influence originates directly from peers’ actions.  

In columns 3 and 4 of Table 7 we test if the peer effect is robust to the inclusion of 

additional explanatory variables that may influence the extent of real activities manipulation. In this 

less parsimonious model, we add several variables generally used as proxies for relative costs of 

REM (e.g. Vorst, 2016; Zang, 2012); namely, an indicator for net operating assets greater than 

sample median (Noa), an indicator for Altman’s (Altman, 1968) Z-score critical values (Zscore), 

the length of the operating cycle (OpCycle), an indicator variable for firms audited by a big auditing 

firm (BigN) and an indicator variable for audit tenure greater than sample median (AuTenure), 

both at firm and peer level. The results confirm our previous findings. Peers_Rem coefficient is 

still positive and significant at the 5% level (coefficient=0.709, t=2,24) and its magnitude and 

economic significance remains unchanged with respect to the previous specification. Hence, 

omitted variables do not seem to be responsible for the effect described. 

Next, we evaluate the sensitivity of our findings to a different fixed effects structure. 

Precisely, in estimating model (1), we replace firm-fixed effects with industry-fixed effects to 

ascertain that industry-specific factors are not behind our estimates5. Column 1 of Table 8 shows 

that our conclusion is robust to alternative fixed effects choices: Peers_Rem coefficient is 

statistically significant at the 5% level also in this specification (coefficient=0.777, t=2.30). Finally, 

 
5 Since our TNIC-based “industries” are time-varying and firm-specific, controlling for industry-fixed effects is 

equivalent to employing a firm-fixed effects structure. Hence, industry-fixed effects are defined according to the 4-

digit SIC codes in this estimation. Using 3-digits or 2-digits SIC codes does not affect our results. 
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we address concerns arising from the high correlation between some of our independent variables 

by reestimating model (1) after excluding the variables identified as problematic above (Size, PSize, 

Proa). Results reported in Column 2 of Table 8 indicate that multicollinearity is unlikely to influence 

our results. Indeed, the exclusion of those variables affects neither the economic nor the statistical 

significance of Peers_Rem (coefficient=0.787, t=2.41). 

Table 8 Peer effects in real earnings management – Alternative specifications 

Second Stages (1) (2) 
 Rem Rem 

Peers_Rem 0.777** 0.787** 
 (2.30) (2.41) 
Firm-specific characteristics Yes Yes 
Peer firm characteristics Yes Yes 
Excluded variables No Yes 
Firm FE No Yes 
Year FE Yes Yes 
Industry FE Yes No 
F-Test of excluded 
instrument 

15.19 17.46 

Observations 37,752 37,752 
This table reports the second stage estimation results for alternative specifications of model (1) estimated through 
2SLS. In Column 1, model (1) is estimated replacing firm fixed effects with industry fixed effects (based on SIC 4-
digits classification). In Column 2, model (1) is estimated removing the control variables showing high levels of 
correlations (i.e. Size, Proa, and PSize). *, **, *** represent significance at the 10%, 5% and 1% level, respectively. 
T-statistics robust to heteroskedasticity and within-firm dependence in parentheses. 

 

4.3 Peer effect and external monitors 

REM requires considerable efforts on the side of managers to alter operations and then 

mask the motivations behind such deviations. Managers have to deal with the consequences of 

auditors perceiving their management as aggressive (Commerford et al., 2018; Greiner et al., 2017; 

Kim and Park, 2014) and with the questions raised by analysts and investors about the 

appropriateness of their investment and operational choices (Dyck et al., 2010; Bushee, 1998). 

When external scrutiny is greater, the cost of misreporting increases because managers’ actions are 

more likely to be investigated and misbehaviours revealed. Ultimately, even if external monitors 

were unable to completely recognize the distortions, management still would have to interact with 

them, so even their mere qualified presence would be likely to generate in management a greater 

reluctance to deviate from operational normality. In these cases, the effort needed to conceal the 
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suboptimal nature of these choices and the higher likelihood of being caught are especially onerous 

and able to dissuade firms from mimicking peers.  

Hence, in this section, we examine whether the presence of external monitors represents a 

protection from peer influence in real earnings management. To this end, we augment Eq. (1) with 

the interaction term between Peers_Rem and External Monitors Proxy (Peers_Rem*ExtMonit) 

and with the External Monitors Proxy (ExtMonit). Then, we estimate model (1) through a 2SLS 

approach with two endogenous variables, namely Peers_Rem and Peers_Rem*ExtMonit. Based 

on extant literature on real earnings management (e.g. Bushee, 1998; Irani and Oesch, 2016; 

Greiner et al., 2017), we expect that monitors’ presence will mitigate the extent to which firms are 

influenced by peers. To assess this effect, we utilize three proxies: auditor industry specialization, 

institutional ownership and analyst coverage.  

Recent evidence indicates that auditors are able to detect Rem and that its presence 

concerns them, primarily due to augmented perceived risk (e.g. Commerford et al., 2016). Rem 

identification leads to increases in audit fees (Greiner et al., 2017) as well as in the likelihood of 

audit resignation (Kim & Park, 2014). And, even if auditors cannot contest real operations, Rem 

presence affects their judgements, making them more suspicious of unrelated accounts and 

adjusting their opinions accordingly (Commerford et al., 2018), contributing to the deterrence of 

Rem. The more auditors understand client’s operation and know industry’s operations (e.g. Balsam 

et al., 2003) the higher is this dissuasive effect of auditors. Hence, we proxy for auditors’ ability to 

see through real earnings management and to act as constraints to such practice with auditor 

industry specialization. Following the extant literature (Burnett et al., 2012; Gul et al., 2009), 

industry specialization is assumed, on an annual basis, when the auditor has the largest market share 

(in terms of clients’ total assets) in the two-digit SIC industry group. Hence, auditor industry 

specialization is an indicator variable equal to one for firm-year audited by the national industry 

specialist and zero otherwise.  
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The second proxy captures the monitoring role of institutional owners. They are widely 

considered as sophisticated investors, able to provide high control and great influence on 

managerial actions (e.g. Ramalingegowda & Yu, 2012; Hartzell & Starks, 2003) and not 

“functionally fixated” on earnings (Hand, 1990). Regarding real earnings management, their 

involvement reduces myopic choices (e.g. Bushee, 1998; Roychowdhury, 2006) as long as being 

more informed than common shareholders allow them to have a better understanding of 

consequences of value-destroying choices (Zang, 2012). By virtue of this “sophistication” and 

preference for long-term profitability, institutional ownership should deter mimic behaviours in 

real activities manipulation. Hence, our second proxy is the percentage of shares held by 

institutional investors at the beginning of the year. 

Similar arguments can be proposed for financial analysts. Dyck et al. (2010) document that 

analysts are among the more active players in revealing corporate fraud. Because of specialized 

expertise in the industry they cover as well as accounting and finance knowledge, they might be 

able to scrutinize firms’ financial reports, possibly grasping abnormal activities. In effect, the extant 

literature has demonstrated analysts’ potential to affects firms’ choices (e.g. Chen et al., 2015) 

including accruals manipulation (e.g. Yu, 2008; Irani and Oesch, 2013). Yet, the ability of analysts 

to detect Rem remains an opened question (Irani and Oesch, 2016; De Jong et al., 2014). Thus, we 

can expect a monitoring effect stemming from their presence. Hence, our third measure of external 

monitoring mechanism is analyst coverage.  

 

Table 9. Peer effects and external monitors 

 (1) (2) (3) 
 Rem Rem Rem 

 Ind_Spec Inst_Own Analysts 
Peers_Rem 1.214** 1.328** 1.156** 
 (2.26) (2.25) (1.96) 
Peers_Rem*ExtMonit -1.384* -2.278** -0.513 
 (-1.84) (-2.04) (-1.42) 
ExtMonit -0.002 0.010 -0.004 
 (-0.35) (0.76) (-1.31) 
F-Test of excluded instrument 10.10 

 
10.07 11.21 
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Firm-specific characteristics Yes Yes Yes 
Peer firm characteristics Yes Yes Yes 
Firm and Year FE Yes Yes Yes 
Observations 37,752 37,752 37,752 
This table reports the 2SLS second stage results for model (1) with two endogenous variable (Peers_Rem and the 
interaction term Peers_Rem*ExtMonit) and the additional variable ExtMonit. The two instruments are peer 
idiosyncratic return shocks (Peers_Shock) and the interaction between Peers_Shock and ExtMonit. In the first 
column ExtMonit is based on Industry specialized auditors; in the second column is based on Institutional ownership 
and in the third column on Analyst coverage. All variables are defined in Appendix. *, **, *** represent significance 
at the 10%, 5% and 1% level, respectively. T-statistics robust to heteroskedasticity and within-firm dependence in 
parentheses. 

 

Table 9 presents the regression results of these additional tests. Column 1 – in which 

ExtMonit captures auditor’s industry specialization - shows a negative and significant coefficient 

at the 10% level on the interaction term Peers_Rem*ExtMonit. As expected, higher audit quality 

constrains imitative behaviour in real activities manipulation. This is consistent with Kim and Park 

(2014), Greiner et al. (2017) and Commerford et al. (2018), who document that real activities 

manipulation attracts auditor scrutiny and affects the way auditors fulfil their tasks. In column 2 

we use the percentage of shares held by institutional investors as proxy for external monitor and 

observe that the effect of the interaction term Peers_Rem*ExtMonit is negative and significant at 

the 5% level. In line with existing studies documenting a negative effect of institutional investors 

on real earnings management (e.g. Bushee, 1998, Roychowdhury, 2006; Zang, 2012), we find that 

institutional owners exert a mitigating role on peer influence. Finally, in column 3 we evaluate the 

role of analysts and find that the interaction term Peers_Rem*ExtMonit is not statistically 

significant at conventional level. Analyst coverage does not seem to play any role in mitigating peer 

effect in real activities manipulation. This is likely due to analysts finding it more difficult to 

distinguish abnormal operations from normal ones, as posited by De Jong et al. (2014). Overall, 

these results confirm that external monitors can exert a mitigating effect on peer influence in real 

earnings management. Firms with external monitors are less likely to experience peer pressure or, 

at least, to respond to peer pressure. 

 

5 Conclusions 
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Our study examines whether real activities manipulation practices are influenced by peers’ 

corresponding choices. Rem represents an interesting policy to investigate peer effects since it 

implies detrimental consequences for firms’ value. We show that peers’ choice has a statistical and 

economic significant impact on a firm’s real manipulation decisions, comparable to firm-specific 

determinants routinely utilized in empirical literature to explain this manipulative choice. Next, we 

find that peer influence in real earnings management is mitigated by the presence of external 

monitors (namely, specialized auditors and institutional owners), suggesting that improved controls 

can be effective in deterring imitation of value-destroying actions. Overall, firms appear willing to 

deviate from otherwise optimal policies and to bear negative consequences deriving from real 

manipulation in order to keep up with their peers. This mimic behaviour is consistent with 

analytical studies modelling earnings management as a strategic game with multiple firms in which 

the optimal amount of manipulation depends on peers’ manipulation choices (e.g. Bagnoli & Watts, 

2000; Gao & Zhang, 2019).  

Our findings should be of interest to researchers and regulators as well as a wide range of 

accounting data users concerned about financial statements reliability, and to shareholders and 

internal parties that bear the real costs of real earnings management. 
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Appendix – Chapter 2 

Variable definitions 

Abn_Prod Following Huang et al. (2020), Abnormal Production Cost are the residuals from 
the following first-order autoregressive model incorporating fixed effects: 

𝑃𝑟𝑜𝑑𝑖,𝑡 = 𝛼0 + 𝛼1𝑃𝑟𝑜𝑑𝑖,𝑡−1 + 𝛼21/𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑡−1 + 𝛼3𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 + 𝛼4∆𝑆𝑎𝑙𝑒𝑠𝑖,𝑡

+ 𝛼5∆𝑆𝑎𝑙𝑒𝑠𝑖,𝑡−1 + 𝜀𝑖,𝑡 

Where 𝑃𝑟𝑜𝑑𝑖,𝑡 is the sum of COGS and change in inventory during the year 

scaled by lagged total assets; 𝑃𝑟𝑜𝑑𝑖,𝑡−1 is its lagged value; 𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑡−1 is lagged 

total assets; 𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 is sales during the year scaled by total assets; ∆𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 is the 

sale growth scaled by lagged total assets; and ∆𝑆𝑎𝑙𝑒𝑠𝑖,𝑡−1 is its lagged value.  

We strictly follow the procedure outlined in Huang et al. (2020): “First, every 
firm’s production cost is differenced from the cross-sectional mean for that year. 
Second, for every firm, the annual deviation of production cost from the cross-
sectional mean is differenced from the corresponding deviation in the previous 
year. The explanatory variables in the model are also differenced twice in the same 
manner. The model is estimated every year. The firm-year residual minus the 
mean value of the residual across all years for the corresponding firm yields 
abnormal production costs”. 

Abn_Disx Following Huang et al. (2020), Abnormal Discretionary Expenditures are the 
residuals from the following first-order autoregressive model incorporating fixed 
effects: 

𝐷𝑖𝑠𝑥𝑖,𝑡 = 𝛼0 + 𝛼1𝐷𝑖𝑠𝑥𝑖,𝑡−1 + 𝛼21/𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑡−1 + 𝛼3𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 + 𝜀𝑖,𝑡 

Where 𝐷𝑖𝑠𝑥𝑖,𝑡 is the sum of SG&A, R&D and Advertising expenses, all scaled by 

lagged total assets; 𝐷𝑖𝑠𝑥𝑖,𝑡−1 is its lagged value; 𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑡−1 is lagged total assets; 

𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 is sales during the year scaled by total assets.  

We follow the same procedure described for Abnormal Production Cost. Then, 
as in Huang et al. (2020), the firm-year residual minus the mean value of the 
residual across all years for the corresponding firm is multiplied by -1. 

Rem Abn_Prod+Abn_Disx 
Size ln(at) 
Roa oibdp /at 
Leverage (dltt+dlc)/at 
MtB (csho*prcc_f)/seq 
Noa (seq+dltt+dlc-che)/L.sale 
Zscore (0.3*ni/at)+(1*sale/at)+(1.4*re/at)+1.2*((act-lct)/at)+0.6*((prcc_f*csho)/lt) 
BigN An indicator variable equal to one for firm-years with a BigN auditor and zero 

otherwise 
OpCycle (invt/(cogs/365))+(rect/(sale/365)) 
AuTenure The length in years of the auditor-firm relationship 
Industry 
specialized 
auditor 

An indicator variable equal to one for firm-year audited by the national industry 
specialist and zero otherwise. 

Institutional 
Ownership 

The percentage of shares held by institutional investors at the beginning of the 
year. 

Analyst 
coverage 

Analyst coverage at the beginning of the year 

 



 

31 

 

Chapter 3. 

Peer Effects and Real Earnings Management in Private Firms 

1 Introduction 

This paper investigates whether private firms engage in real earnings management practice 

as a result of peer effect. The accounting literature recognises the pervasiveness of accrual and real 

earnings management practices and their negative impact on the quality of financial reporting also 

in the field of private firms (Haga et al., 2018).  Tax minimisation, facilitating debt contracting, 

organizational structure, dividend distribution, are all fundamental factors that prior research 

identifies as drivers of earnings management in these settings. Minimising the tax payable is only 

one important incentive that shape private firms’ financial reporting (Ball & Shivakumar, 2005). 

Kosi and Valentincic (2013) show that the write-offs of private Slovenian firms remain significant 

still after an adverse fiscal change. Mafrolla and D’amico (2017) document that private Italian, 

Spanish and Portuguese firms successfully manage earnings to achieve better borrowing capacity. 

More widely, Gassen and Fülbier (2015) show that European private firms report smoother 

earnings when larger shares of creditor financing are present. Bigus and Häfele (2016) further 

support the claim that earnings management serves a debt contracting role in German private firms. 

Bonacchi et al (2019) demonstrate that also organizational structure drive earnings management 

practice, by showing that private stand-alone European firms register the lowest level of earnings 

quality in comparison with private groups and public firms. Yet these analyses fail to consider 

whether mimicking competitors’ earnings managment is a concurrent factor that explain the spread 

of earnings management activities among private firms.    

In contrast, a promising field of study shows how extensively firms’ choices can affect 

peers. Firms interact with their peers in the same industry and in the same geographical area. They 

can observe how competitors act and, unavoidably, peers can influence their corporate policies to 
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such an extent that imitative phenomenon is a well-known theme in business sciences (Lieberman 

and Asaba, 2006). Several theoretical studies explain the imitating behaviour of firms (Lieberman 

and Asaba (2006). The empirical studies are still at an early stage and are mainly focused on public 

firms. Graham and Harvey (2001)’ reports that the major part of chief executive officers they 

interviewed refers that the choice of the financial structure of their peer is a critical element they 

consider to take their own choice. Leary e Roberts (2014) collect archival evidence that confirms 

that the financial structure’ choice of competitors is the most important factor explaining the firm’s 

own financial structure decision. Mimicking intensifies especially when firms are smaller and less 

profitable. Evidence of peer effect is also documented in the field of tax planning (Armstrong et 

al., 2019; Bird et al., 2018), dividend distribution (Grennan, 2019), buyback of own shares (Adhikari 

e Agrawal, 2018) share split decisions (Kaustia e Rantala, 2015). Yet, none of these studies relate 

to private firms, despite the fundamental role that these firms play in the world economy, and none 

of them focus on potentially damaging activities such as real earnings management. We provide a 

bridge between these two streams of research by investigating whether peer effect has to be 

included among the factors that explain the diffusion of real earnings management in private firms.   

We focus on private stand-alone Italian firms. This institutional setting ensures 

fundamental features that are suitable at the same time for inferences that are generalizable to the 

broader population of private firms in continental Europe and for coping with the methodological 

challenges of capturing peer effect.  First, private firms dominate the entrepreneurial system in 

Italy, as it happens in most continental European countries (Hope & Vyas, 2017). Second, this 

setting offers a rich coverage of private firms’ financial statements adopting the same accounting 

regime (Beuselinck, Elfers, Gassen, Pierk, 2021). In 2019, 15% (23%) of (continental) European 

observations covered in the Amadeus database – a popular source in accounting studies – are from 

independent private Italian firms. They have to comply with local GAAP (as prescribed by the 

Civile Code and Organismo Italiano di Contabilità, OIC), which are shaped by the European 

directives, as it happens in all EU countries. Using accounting data from a homogeneous 
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accounting regime facilitates the identification of causal peer effect thus avoiding confounding 

effects of cross-country regulatory differences. Third, these firms heavily rely on bank and trade 

credit to finance their investments. At the same time, in line with the accounting tradition of most 

continental European countries, Italian GAAP are closely related to tax rules (Gavana et al., 2013). 

High corporate taxation provides strong incentives for Italian private firms to minimise taxable 

income and ultimately the tax burden (Mura et al., 2013).  

To analyse whether real manipulative activities are driven by corresponding peers’ 

behaviours, we adopt a Two Stage Least Square approach (2SLS) in which peers’ idiosyncratic 

earnings before tax, depreciation, and amortization (EBIDTA) over total assets serves as 

instrument for peers’ earnings management. Using a sample of around 30,000 private stand-alone 

firms during the period 2014-2019, we document that peer effects are statistically and economically 

significant in earnings management decisions. Our results indicate that private Italian firms engage 

in real manipulation activities to respond to peers’ earnings manipulation activities. This is a 

harmful management practice as its implications are not limited to the decreasing quality of 

financial reporting but can ultimately compromise to the long-run firm survival. Consistently with 

analytical studies, peer pressure for manipulation appears a powerful enough incentive to push 

peers toward manipulative actions, despite the negative long-term consequences of this technique. 

Overall, the presence of peer effect as determinant of earnings management suggests a problematic 

scenario where not only firms’ choices are detrimental for the quality of their own financial 

statements and their own prosperity, but they spread over their competitors thus potentially 

affecting the financial reporting quality and the prosperity of the firms in the same industry.  

The study contributes to the extant literature in three main respects. First, we extend the 

literature on earnings management documenting the crucial role exerted by industry peers in 

shaping real activities manipulation decisions. Previous studies have shown that the content of 

firms’ financial reporting affects peers in several ways, such as in their investment decisions (Beatty 

et al., 2013; Li, 2016) and in their use of accounting discretion (Bratten et al., 2016). However, while 
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evidence of associations among firms’ accounting misreporting has also been found (Chiu et al., 

2013; Kedia et al., 2015; Charles et al., 2018; Parsons et al., 2018), these different streams of studies 

have largely neglected to consider the potential effects of real earnings management on private 

firms’ competitors. Thus, building on this work, our study examines the impact of peers’ real 

earnings management in private firms. Second, documenting that firms’ mimic behaviours are also 

common to these firms’ decisions, we add to the growing literature on peer effects in corporate 

policies. This literature has documented peer influence in several domains (e.g. Leary & Roberts, 

2014; Armstrong et al., 2019; Seo, 2020), but it is still unclear if these mimicking behaviours are 

optimal for firms (Fairhurst and Nam, 2020). Due to the explicit detrimental nature of this 

manipulative strategy, we provide evidence concerning the optimality of mimicking behaviours, 

adding to the literature above and emphasizing the perils of peer influence. Third, we contribute 

to the accounting literature on private firms, highlighting the worrying implications of the spread 

of real earnings management as a result of peer effect. 

The remainder of the paper is organized as follows: Section 2 reviews related literature; 

Section 3 develops the hypothesis to be tested; Section 4 presents the sample and research design; 

Section 5 reports the empirical results; Section 6 concludes. 

 

2 Background information and related literature 

A large and expanding stream of research has shown how pervasively firms’ choices can 

affect peers, providing a rich picture of circumstances under which companies consider it 

appropriate to engage in mimicking behaviours. Nevertheless, despite this increasing interest in 

peers’ influence, little is known about potential peer effects in private firms (Aghamolla and 

Thakor, 2022). This is surprising since literature has long recognized private firms’ peculiar 

characteristics, which makes findings related to public firms not always generalizable to the former. 

The same is true for financial reporting incentives (Burgstahler, Hail and Leuz, 2006; Hope, 

Thomas and Vyas, 2013). In effect, private firms are not subject to capital market pressure, have 
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generally lower ownership dispersion and greater managerial ownership. Their managers’ 

compensations are not tied to share price so that the typical public incentives play a minor role in 

private firms. However, financial reports are the primary (often the unique) source of information 

for stakeholders in private firms, making accounting information economically important. In this 

sense, stakeholder-related agency problems are not absent, and incentives to manage earnings also 

arise for these firms (Coppens and Peek, 2005). One of the most important motives for 

misreporting in private firms is related to financing concerns. Through financial statements, firms 

signal their creditworthiness to actual and future creditors, which means that their borrowing 

capacity and the related cost depend on this signal (Mafrolla and D’Amico, 2017). Even if trade 

credit often represents an important complementary source of financing (Hope and Vyas, 2017), 

Italian private firms rely heavily on bank loans. For this reason, opportunistic adjustments in 

reported earnings can play a central role in firms’ debt contracting. Among external parties, also 

customers and employees’ information requests may put some pressure to report favourable 

financial results, to the extent that robust performance is reassuring about the company’s ability to 

meet all different forms of obligations (Coppens and Peek, 2005). While the latter pressure is far 

less significant than the former, it still encourages companies towards higher performance. And 

yet, in our setting accounting earnings are also the starting point for taxes determination. This 

generates two distinct objectives: the aforementioned one, to improve financial results, and the 

opposite one, to minimize financial results and, consequently, the tax burden. Tax considerations 

are proven to be especially important for private firms and, for this reason, they may have a strong 

incentive to report a lower income. 

 

3 Hypothesis 

Earnings management choices are likely to influence peers’ decisions for several reasons. 

Observing competitors’ earnings management allows firms to acquire important information about 

manipulative activities that can be incorporated into their own strategies. Among industrial peers 
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the similarity of operations is expected to be high, and firms may ascertain how and to what extent 

specific techniques can be successfully implemented (Kedia et al., 2015; Chiu et al., 2013). By 

interacting with peers, firms may learn about the most suitable strategies to manage earnings, the 

benefits of misreporting and other relevant and innovative information, which can lead to 

mimicking behaviours in earnings management strategies. Beyond information sharing, firms might 

mimic peers to keep pace with competitors in their search for financial sources as well as in the 

product market. In fact, through accounting numbers, firms signal their creditworthiness to actual 

and future creditors so that their borrowing capacity and the related cost depend on this signal 

(Mafrolla and D’Amico, 2017). While this means that companies have sufficient motivation to 

improve their image in the eyes of financial institutions, if competitors engage in misrepresentation, 

this motivation inevitably increases, because lenders generally acquire and compare information 

about future clients and similar firms before conceding funds (Bagnoli and Watts, 2000). Therefore, 

if firms artificially inflate their results, peers may feel temped to respond accordingly with inflated 

earnings. In addition, competing in the product market can also lead firms to mimic peers’ 

misreporting activities. This is particularly true for real activity manipulation that has the potential 

to hurt competitors (Schaffer, 1989; Einhorn et al., 2018; Bagnoli and Watts, 2010). For example, 

if competitors grant customers price discounts or more favourable credit terms, their peers, feeling 

threatened by these behaviours, could decide to do so as well, thus imitating peers’ strategies. There 

are also situations where imitating peers may become an effective safeguard against external 

controls. The tax incentive of minimizing the tax payable that commonly stimulates private firms’ 

earnings management may become more difficult to detect by fiscal authorities and auditors when 

it is the result of mimicking competitors’ aggressive tax accounting. Under these circumstances, 

firms will effectively protect each other complicating the tasks of external monitors. Based on the 

discussions above, we formalize our hypothesis as follows: 

H: Earnings management decisions are influenced by peers’ earnings management decisions. 
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4 Data and Research Design 

4.1 Sample construction 

The sample used in this study is drawn from the AIDA database, managed by Bureau Van 

Dijk, and it is the result of the application of various selection criteria. The selection procedure 

begins with all Italian private limited liability companies covered by the database during 2011-2019. 

First, we exclude financial firms and utilities due to their highly regulated environments and 

different financial reporting incentives. Next, to avoid any confounding effect due to the 

application of different or simplified accounting rules, we exclude firms that do not comply with 

Italian GAAP and firms that release an abridged version of financial statements.  Then, we exclude 

firms that are part of a business group because their earnings management activities are proved to 

be influenced by the parent company’s interests and directives (Bonacchi et al., 2018). Furthermore, 

we restrict our attention to purely private firms, that is, firms with no public debt, because the 

presence of public debt affects reporting behaviours and makes these companies differ from the 

others (Badertscher et al., 2019; Givoly et al., 2010). We also impose that each firm-year observation 

has the data necessary to compute all the variables used in the analysis. This implies that, due to lag 

requirements in the construction of our REM proxy, we limit our analysis to the period 2014-2019. 

Finally, since we intend to examine peer group dynamics, we require each firm-year observation to 

have at least two peers so that each group has a minimum of three firms. 

These exclusion criteria yield a homogenous sample of medium-large sized purely private 

standalone firms where incentives to manipulate earnings should be dictated by similar dynamics 

and subject to analogous limitations. Since, according to Bonacchi et al. (2019), standalone private 

firms exhibit the lowest earnings quality, this is where the problem of peer mimicking should be of 

greater concern and worthy of special investigation. Table 1 (Panel A) shows our sample selection 

process. The final sample consists of 140,716 firm-year observations, corresponding to 25,168 

unique firms, over the period 2014-2019.  
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Table 1. Sample selection and group size statistics  

Panel A: Sample selection  

 Observations 

All Italian private companies covered by AIDA during the period 2011-2019. 2,100,941 

  
Less observations of firm-years:  
In financial and utility industries; With simplified financial statements; 
Adopting IFRS 

(1,833,902) 

With consolidated financial statements (23,832) 
With public debt (9,335) 
Without data available for all the variables; With less than two peers (93,049) 
Without at least two observations with full data availability (107) 

 
Final sample  140,716 

   

Panel B: Group size statistics   

 Mean P5 P25 P50 P75 P95 SD 

#Peers 1,489.68 136 328 943 1,589 4,774 1,574.63 
Panel A reports our sample selection procedure. The final sample drawn by AIDA database consists of 
140.716 firm-year observations corresponding to 25,168 unique firms over the period 2011-2019. Panel B 
reports statistics on sample peer groups based on ATECO 2-digit classification. 

 

For each firm-year observation, we define peers based on industry classification: 

specifically, we identify as a firm’s peer any firm that belongs to the same two-digit ATECO 

classification (which is the Italian version of the European classification Nace Rev 2) in each sample 

year. This results in 65 industry groups whose size ranges from a minimum of 3 units to a maximum 

of 4,776 units. Table 1 (Panel B) reports peer group statistics. On average, each peer group consists 

of 1,490 firms, with a standard deviation of 1,575 peers, and approximately half of the firms have 

at least 943 peers. 

Industry peers are likely to be highly relevant in our setting of private firms because they 

compete for external financing, customers, workforce and general recognition. The extant literature 

has emphasized that industry peers are the natural starting point for a variety of performance 

comparisons carried out by either external or internal parties (Jennings et al., 2020; Gong et al., 

2019; Albuquerque, 2009). Hence, in the absence of any prior studies focusing on how firms 

interact or which peers matter most, industrial membership is likely to be the best criterion to 

identify peer firms.  
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4.2 Real earnings management metric 

Following previous literature (Bonacchi et al., 2018), we consider the abnormal cash flow 

from operations as the proxy for real manipulative strategy (Roychowdhury, 2006) and, precisely, 

for firms’ attempt to generate additional sales or accelerate them through unsustainable policies. 

The measure is estimated following the approach proposed by Huang et al. (2020) and Kothari et 

al. (2016), where abnormal behaviour is identified by the residuals of the corresponding first-order 

autoregressive model incorporating fixed effects. Specifically, we estimate abnormal cash flow from 

operations as follows: 

𝐶𝐹𝑂𝑖,𝑡 = 𝛼0 + 𝛼1𝐶𝐹𝑂𝑖,𝑡−1 + 𝛼21/𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑡−1 + 𝛼3𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 + 𝛼4∆𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 + 𝜀𝑖,𝑡 

Where cash flow from operations is computed starting from the firm’s net income, adding 

depreciation and amortisation, and subtracting the change in net working capital. 𝐶𝐹𝑂𝑖,𝑡 is cash 

flow from operations scaled by lagged total assets; 𝐶𝐹𝑂𝑖,𝑡−1 is its lagged value; 𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑡−1 is 

lagged total assets; 𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 is sales during the year scaled by total assets and ∆𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 is the sale 

growth scaled by lagged total assets. First, every firm’s variable in the model is differenced from 

the cross-sectional mean for that year. Second, for every firm, the annual deviation of each variable 

from the cross-sectional mean is differenced from the corresponding deviation in the previous 

year. Then, the model is estimated yearly, yielding a time-series of residuals for every firm. Finally, 

for each firm, the mean value of the residual across all years is subtracted from the firm-year 

residual and then multiplied by -1, yielding abnormal cash flow.  

It is worth noting that this estimation approach allows us to overcome one of the 

recognized drawbacks of misreporting measures. Specifically, earnings management proxies are 

typically criticized for potential misspecification and implausible magnitude estimates (Cohen et al., 

2020; Srivastava, 2019; Owens et al., 2017; Kothari et al., 2016). While the complexity of 

distinguishing between a firm’s manipulation and its competitive strategy or fundamental factors is 
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always a concern, employing fixed effects in the estimation model helps to mitigate these issues 

and ensure desirable properties to final proxies, as also pointed out by Siriviriyakul (2021). 

 
 
4.3 The peer effects model 

In line with peer effect literature (Leary and Roberts, 2014; Seo, 2020), we employ the 

following structural model to test whether earnings management practices in private firms are 

influenced by corresponding peers’ choices:  

𝐴𝑏𝑛𝐶𝐹𝑂𝑖𝑗𝑡 = 𝛽0 + 𝛽1𝑃𝑒𝑒𝑟𝑠_𝐴𝑏𝑛𝐶𝐹𝑂−𝑖𝑗𝑡 + 𝛽2𝑋𝑖𝑗𝑡−1 + 𝛽3�̅�−𝑖𝑗𝑡−1 + 𝐹𝑖𝑟𝑚𝐹𝐸 + 𝑌𝑒𝑎𝑟𝐹𝐸 +

𝜀𝑖𝑗 (1) 

Where 𝐴𝑏𝑛𝐶𝐹𝑂𝑖𝑗𝑡 is our proxy for real earnings management for firm i in peer group j in year t 

and  𝑃𝑒𝑒𝑟𝑠_𝐴𝑏𝑛𝐶𝐹𝑂−𝑖𝑗𝑡 is the average real earnings management of firms in peer group j in year 

t excluding firm i . 𝑋𝑖𝑗𝑡−1 and �̅�−𝑖𝑗𝑡−1 are vectors of lag values of firm’s i characteristics and peer 

firms’ characteristics, respectively. In this way, we control for observable factors that previous 

studies have shown to impact firms’ manipulation, such as firm size (Size), growth opportunities 

(Sale_growth), leverage (Lev), the firm’s marginal tax rate (MTR), age (Age), and the presence of 

loss (Loss) (Bonacchi et al., 2018; Cohen & Zarowin, 2010; Cheng et al., 2016; Zang 2012). Also, 

we replicate the same control variables for peer groups (Peers_Size, Peers_Salegrowth, Peers_Lev, 

Peers_MTR; Peers_Age, Peers_Loss,) to isolate firms’ responses to peer characteristics from firms’ 

responses to peers’ actions (All variables are defined in Appendix). While we keep the model as 

parsimonious as possible, we expect our covariate to explain firms’ earnings management decisions 

effectively. Firms’ size and, to a lesser extent, age should negatively affect firms’ ability to engage 

in earnings management practices since larger and older firms face a stronger demand for high-

quality earnings from external parties and their actions are generally more scrutinized and visible. 

Also, while firms that experience higher growth should be less tempted to engage in misreporting 

due to the naturally optimistic prospects, firms that have already incurred a loss should be less likely 
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to manage earnings because they might have already suffered poor performance consequences. On 

the contrary, we expect leveraged firms to exhibit a great use of earnings management because they 

need to avoid being perceived as low performing by their lenders (Mafrolla and D’Amico, 2017). 

Moreover, private firms’ misreporting activities are especially tied to tax minimization, which we 

account for with the firm’s marginal tax rate. According to private firms’ literature, the need to 

minimize taxable income is stronger for firms with higher marginal tax rates. For this reason, we 

expect a negative relation between MTR and the firm’s income increasing misreporting (Bonacchi 

et al., 2019). Last, we include firm and year fixed effects to account for time-invariant firm 

characteristics and common time trends. 𝜀𝑖𝑗 is the error term, for which we assume 

heteroskedasticity and within firm dependence.  

We estimate model (1) through a Two Stage Least Square approach (2SLS). Specifically, we 

perform a first stage regression in which we regress the endogenous variable Peers_AbnCFO 

against an instrumental variable (IV) and the set of control variables as follows: 

𝑃𝑒𝑒𝑟𝑠_𝐴𝑏𝑛𝐶𝐹𝑂−𝑖𝑗𝑡 = 𝛽0 + 𝛽1𝐼𝑉−𝑖𝑗𝑡 + 𝛽2𝑋𝑖𝑗𝑡−1 + 𝛽3�̅�−𝑖𝑗𝑡−1 + 𝐹𝑖𝑟𝑚𝐹𝐸 + 𝑌𝑒𝑎𝑟𝐹𝐸 + 𝜀𝑖𝑗  (2) 

Then, in the second stage, we regress AbnCFO on the fitted values of Peers_AbnCFO from the 

first stage and on the same set of control variables as in the first stage: 

𝐴𝑏𝑛𝐶𝐹𝑂𝑖𝑗𝑡 = 𝛽0 + 𝛽1𝑃𝑒𝑒𝑟𝑠_𝐴𝑏𝑛𝐶𝐹𝑂̂
−𝑖𝑗𝑡 + 𝛽2𝑋𝑖𝑗𝑡−1 + 𝛽3�̅�−𝑖𝑗𝑡−1 + 𝐹𝑖𝑟𝑚𝐹𝐸 + 𝑌𝑒𝑎𝑟𝐹𝐸 +

𝜀𝑖𝑗  (3) 

This approach is indispensable to overcome the issue that arises in the attempt to infer 

whether the average outcome of group j influences the outcome of firm i, which is part of group j, 

namely the reflection problem (Manski, 1993). This is a particular type of endogeneity for which 

the presence of correlation between the firm’s measure and the group’s measure does not imply 

causality, due to reciprocal influence. As in previous studies, our strategy relies on identifying a 

source of variation in peers’ earnings management, which is exogenous to firm’s i own real earnings 

management. We adopt peer firms’ idiosyncratic profitability as such source of variation and 
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employ it as an instrument for 𝑃𝑒𝑒𝑟𝑠_𝐴𝑏𝑛𝐶𝐹𝑂−𝑖𝑗𝑡 in the Two Stage Least Square estimation of 

model (1). 

 

4.4 The instrumental variable 

The instrumental variable utilised in this study is peers’ idiosyncratic profitability, which is 

constructed following Fiordelisi and Ricci (2014), as EBITDA6 over total assets (Roa). First, each 

firm’s measure of profitability (Roa) is decomposed into a systematic component (industry-specific) 

and an idiosyncratic component (firm-specific) by the following regression: 

𝑅𝑜𝑎𝑖𝑗𝑡 = 𝛽0 + 𝛽1𝑃𝑒𝑒𝑟𝑠𝑅𝑜𝑎−𝑖𝑗𝑡 + 𝜀𝑖𝑗𝑡 (4) 

Where 𝑅𝑜𝑎𝑖𝑗𝑡 is the profitability of firm i in peer-group j in year t, and PeersRoa is the average 

profitability of firms in peer-group j in year t, excluding firm i. Following Fiordelisi and Ricci’s 

approach (2014), we estimate Eq. (4) for each year, obtaining a common beta for all the firms in 

the sample. Then, idiosyncratic profitability is obtained for each firm as the difference between 

observed Roa at time t and fitted Roa at time t: 

𝜀�̂�𝑗𝑡 =  𝑅𝑜𝑎𝑖𝑗𝑡 −  �̂�0 − �̂�1𝑃𝑒𝑒𝑟𝑠_𝑅𝑜𝑎−𝑖𝑗𝑡 (5) 

Finally, we lag 𝜀�̂�𝑗𝑡 one year and obtain the profitability shock experienced by each firm in time t-1 

(IShock). Our instrument is constructed by aggregating IShock experienced by firms in group j in 

time t-1, excluding firm i (PShock). 

We believe this is a valid instrumental variable in our setting since peer profitability shocks 

are expected to influence peers’ earnings management (relevance condition) but not the focal firm’s 

 
6 In our context, the use of EBITDA, rather than net profit, has two main advantages. First, EBITDA has been widely 

appreciated as an indicator of core business performance to compare companies across and within sectors. Second, 

EBITDA omits items, such as depreciation and amortization, which depend heavily on management discretion and 

(potentially) manipulative intentions. Then, these reasons and the intent to be consistent with Fiordelisi and Ricci 

(2020) guided our choice. 
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earnings management (exclusion condition). In effect, the extant literature has documented that 

attenuating the impact of performance shocks is for firms a primary reason for managing earnings 

(Gerakos and Kovrijnykh, 2013). Since firms use their discretion to hide poor economic 

performance and ameliorate their financial results (Burgstahler et al., 2006), when they experience 

unusually low profitability, their need to resort to misreporting activities increases. In these cases, 

the interest in showing better results prevails and increases the need of income-increasing earnings 

management. For this reason, we expect a strong negative correlation between performance shocks 

experienced by firms and their subsequent earnings management activities. At the same time, since 

we consider only idiosyncratic components in the construction of performance shock, we do not 

expect any influence from the instrument to focal firm earnings management, thus ensuring the 

exogeneity condition. Anyway, to alleviate any concern about remaining common variation 

between the idiosyncratic components of profitability among firms, we include the firm’s own 

performance shock in all regressions. 

 

4.5 Descriptive statistics 

Table 2 presents an overview of firms included in our sample and the summary statistics 

for real earnings management proxy and main control variables used in the analysis, for which we 

provide firm-specific and peer group values. On average, the firm’s total assets are about 22 million 

euros, sales are roughly 25 million euros, debt is 12 million, and net income is 706 thousand euros. 

Return on assets is, on average, 9%, firms’ annual growth is about 6%, firm age is 26 years, and the 

percentage of firm-years observations experiencing a loss is 16. As expected (e.g. Bianchi et al., 

2020), the mean leverage value is considerable, accounting for 61% of total assets, thus suggesting 

the primary importance of debt incentives for our private firms. 

Although the larger size of our sample makes a direct comparison difficult, we observe that 

the sampled companies are similar to those in previous studies analyzing Italian (Minichilli et al., 

2022; Bianchi et al., 2020; Bianchi, 2018) and other European (Bigus and Hafele, 2018; Bigus et al., 
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2016; Gassen and Fulbier, 2015) private settings. For example, Bianchi (2018) reports a mean value 

of total assets equal to 26 million euros, a firm’s average age of 23 years and sales growth of roughly 

5%. In our sample, the mean (median) value of real earnings management proxy is equal to -0.005 

(0.001). This suggests that firms’ real misreporting is roughly 0.5% of total assets or, alternatively, 

16% of net income. As regards peer group variables, we note that, by construction, their averages 

are close to their firm-specific counterpart, though aggregation lowers their standard deviation. 

Two aspects are noteworthy: first, earnings management proxies (both at firm and peer-level) refer 

to year t, whereas all the remaining variables refer to year t-1, consistent with our model. Second, 

peer-level variables are constructed as the yearly average of all firms in each peer group, excluding 

firm i’s observation. 

Table 2. Descriptive statistics 

 N Mean SD P25 P50 P75 

       
Total Assets 140.716 22.102.110 35.985.160 6.236.173 11.650.720 22.181.470 
Sales 140.716 24.874.930 40.601.860 7.124.444 13.275.380 24.654.240 
Net income 140.716 706.493 1.989.313 18.548 197.496 797.762 
Debt 140.716 12.491.330 21.090.870 2.981.790 6.375.435 12.667.630 
Return on Assets 140.716 0.086 0.089 0.039 0.072 0.123 
Age (years) 140.716 26.38 15.27 14 25 36 
       

 
Firm-level variables       
AbnCfo 140.716 -0.005 0.532 -0.051 0.001 0.050 
I_Shock 140.716 0.011 0.088 -0.035 -0.003 0.048 
Size 140.716 9.191 1.434 8.698 9.319 9.963 
Sale_growth 140.716 0.080 0.381 -0.047 0.034 0.133 
Lev 140.716 0.610 0.231 0.444 0.642 0.792 
MTR 140.716 0.765 0.424 1.000 1.000 1.000 
Age 140.716 3.073 0.693 2.639 3.219 3.584 
Loss 140.716 0.160 0.366 0.000 0.000 0.000 
Asset_growth 133.075 0.062 0.209 -0.040 0.031 0.126 
Noa 133.075 1.434 3.638 0.495 0.736 1.108 
Zscore 133.075 2.039 1.200 1.284 1.875 2.605 
Op 133.075 4.955 1.019 4.618 5.049 5.406 
       
Peer-level variables       
Peers_AbnCfo 140.716 -0.000 0.076 -0.017 -0.001 0.013 
P_Shock 140.716 0.009 0.014 0.002 0.007 0.013 
Peers_Size 140.716 9.090 0.529 8.837 9.166 9.444 
Peers_Sale_growth 140.716 0.098 0.051 0.065 0.089 0.120 
Peers_Lev 140.716 0.612 0.051 0.575 0.612 0.652 
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Peers_MTR 140.716 74.992 7.822 71.333 76.845 80.518 
Peers_Age 140.716 3.005 0.219 2.862 3.060 3.161 
Peers_Loss 140.716 16.704 6.704 11.600 14.794 19.231 
Peers_Asset_growth 133.075 0.076 0.029 0.056 0.073 0.088 
Peers_Noa 133.075 1.585 1.459 0.929 1.098 1.369 
Peers_Zscore 133.075 2.037 0.369 1.793 1.971 2.425 
Peers_Op 133.075 4.961 0.439 4.813 4.976 5.194 
This table presents descriptive statistics for firms’ characteristics and the main variables used in our 
analysis. Real earnings management proxy (both at firm and peer-level) refers to year t, whereas all the 
remaining variables refer to year t-1, consistent with our model. Except for Peers_Loss and Peers_MTR 
(percentage of peer firms experiencing a loss; percentage of peers exhibiting a marginal tax rate higher 
than the statutory tax rate), peer firm averages are calculated as the average of all firms within a peer group-
year combination, excluding the ith observation, where the peer group is defined by ATECO 2-digit 
classification. All variables are defined in Appendix and are winsorized at the 1st and 99th percentiles. 

 

5 Results 

5.1 Peer effects estimate  

In this section, we examine whether firms’ real manipulative choices influence their peers’ 

choices. To this end, we estimate Eq. (1) using abnormal cash flow from operations as dependent 

variable and peers’ abnormal cash flow from operations as main explanatory variables. Table 3 

reports the Two-Stage Least Square estimation results. In the first-stage estimation, peers’ shock 

(PShock) negatively predicts peers’ misreporting activities with a level of significance of 1%, even 

after controlling for known determinants of manipulative choices. Apparently, firms adopt earnings 

management after experiencing a positive shock return. This is consistent with Gerakos and 

Kovrijnykh’s (2013) theory, according to which profitability shocks lead firms to mitigate such 

exceptional performance. Overall, this evidence and the F-test of the excluded instrument (greater 

than 10 in both cases) suggest that the instrument satisfies the relevance condition and that a 

potential weak instrument is not an issue. 

In line with our expectations, the second stage results reveal causal peer effects in real 

earnings management. Peers_AbnCfo is positive and statistically significant at the 1% level (Coeff: 

1.041, t: 2.75), pointing to a positive association among peers’ manipulative choices. These peer 

effects are also economically meaningful. Precisely, a one standard deviation increase in peers’ 

earnings management leads to an increase in a given firm’s earnings management equal to 0.142 
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standard deviation. This suggests that finding out peers’ manipulative choices gives firms valuable 

insight into how effectively engage in real misreporting. Also, it is likely that observing peers that 

are deviating from the optimal business path allows firms to rationalize such strategies and alleviate 

worries about the unsustainability of their choices.    

Table 3. Peer effect in real earnings management 

 (3) 
First Stage 

Peers_AbnCfo 

(4) 
Second Stage 

 AbnCfo 

   
Peers_AbnCfo  0.997*** 
  (2.70) 
  [0.311, 1.741] 
PShock -0.431***  
 (-13.78)  
IShock -0.009 0.222*** 
 (-1.09) (3.02) 
Size 0.002 -0.179 
 (1.83) (-1.63) 
Peers_Size 0.112** -0.082 
 (2.11) (-0.88) 
Sale_growth -0.001 -0.009 
 (0.66) (-0.58) 
Peers_salegrowth 0.304*** -0.251* 
 (3.80) (-1.71) 
Lev -0.003 0.482*** 
 (-0.72) (6.64) 
Peers_Lev 0.160*** 0.013 
 (5.19) (0.05) 
MTR 0.001 -0.017*** 
 (0.60) (-3.73) 
Peers_MTR 0.001*** -0.001 
 (3.41) (-0.95) 
Age 0.018*** 0.128** 
 (3.73) (2.22) 
Peers_Age 0.046* -0.073 
 (1.66) (-0.60) 
Loss 0.001 -0.023*** 
 (0.59) (-3.59) 
Peers_loss 0.002*** -0.003* 
 (2.67) (-1.68) 
F-test exclud. Instrument 190.03  
Observations 140,716 140,716 
Firm FE Yes Yes 
Year FE Yes Yes 
This table reports the 2SLS estimation results for model (1). Column 1 and Column 2 present, respectively, the first 
and second stage results of model (1). The dependent variable is indicated at the top of each column. The endogenous 
variable is peers’ earnings management (Peers_ACfo), and the instrument is peers’ profitability shock (PShock). 
Firm-specific variables correspond to firm i’s value in year t-1. Peer firms’ average corresponds to the average value 
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of all firms within a peer group, excluding firm i. The dependent variable and the endogenous variables refer to year 
t while all other variables are lagged one year. Below the t-statistics of Peers_AbnCFO is reported a 95% confidence 
set for the IV coefficient that is robust to weak instruments. All variables are defined in Appendix. *, **, *** represent 
significance at the 10%, 5% and 1% level, respectively. T-statistics robust to heteroskedasticity and within-firm 
dependence in parentheses.  

 

The results on control variables are generally consistent with previous studies (Haga et al., 

2018). The negative but statistically insignificant coefficient on firm size suggests that larger firms 

are less likely to engage in earnings management, presumably due to higher political costs (Watts 

and Zimmerman, 1978). On the contrary, more leveraged firms are more likely to engage in sales 

manipulation. This is not surprising, given that financing concern and related agency problem are 

a primary force behind private firms’ misreporting (Mafrolla and D’Amico, 2017). We find that a 

greater marginal tax rate reduces sales manipulation, thus highlighting the interest of private 

companies in avoiding artificial higher earnings and, consequently, high taxes (Bonacchi et al., 

2019). Additionally, we observe that while Age is positively associated with real misreporting, loss 

reporting has a significant negative effect on firms’ real strategies, in line with our expectations. As 

regards peer-level control variables, in all cases, their coefficients are only marginally significant 

(statistically or economically), suggesting that competitors’ characteristics are not a driving force 

behind firms’ decisions. Overall, firm-level factors traditionally documented in prior studies 

confirm their role in shaping private firms’ earnings management decisions, even though our results 

shed new light on an additional motivation behind aggressive financial reporting choices. 

Accordingly, our findings indicate that peers’ actions are a significant determinant of manipulative 

policies in private firms and that real earnings management practices spread into industries.  

 

5.2 Robustness tests 

In Table 4, we present the second stage results for three robustness tests. In the first 

analysis, we estimate a less parsimonious version of Eq. (1), adding assets growth, net operating 

assets, Altman’s Z-score (Altman et al., 2017), and the length of operating cycle (both at firm and 

peer-level) as control variables. Results of this test, reported in column 1, show that Peers_AbnCfo 
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coefficient is still economically and statistically significant at the 1% level. Hence, omitted variables 

do not seem to be responsible for the effect described.  

In the second analysis, we add to Eq (1) additional and contemporaneous control variables 

(both at firm and peer-level) to ascertain that the timing of variable measurement does not affect 

peer effect identification. Results are reported in column 2. Also in this case, the results are 

consistent with the previous one: Peers_AbnCfo coefficient confirms its statistical significance at 

the 1% level. Next, in the third analysis, we test if peer effects estimate is robust to a different 

companies’ response time. By hypothesizing that firms need longer to detect the manipulative 

actions of peers and/or to react to them, we reestimate model (1) lagging Peers_AbnCfo and the 

instrument one year. Precisely, we test if peers’ decisions at time t-1 influence a firm’s decision at 

time t, thus allowing for the possibility that peers exert their influence with one year’s lag. Results 

in column 3 indicate that peer effects determine a given firm’s choice even with a year lag. Indeed, 

peer influence appears to persist over time, even if weakened. Overall, the robustness tests validate 

our previous findings and confirm the presence of a significant peer effect among real earnings 

management choices. 

Table 4. Robustness tests 

Second stages (1) 
AbnCfo 

(2) 
AbnCfo 

(3) 
AbnCfo 

    
Peers_AbnCfo 0.919*** 0.620*** 0.547** 
 (2.98) (3.00) (2.11) 
F-test excluded instrument 114.78 331.25 176.82 
Control variables. Firm- and Group-level Yes Yes Yes 
Additional Controls Firm- and Group-level  Yes Yes No 
Contemporaneous variables Firm- and Group-level No Yes No 
Lagged Effect No No Yes 
Firm FE Yes Yes Yes 
Year FE Yes Yes Yes 
Observations 133,075 131,821 119,013 
This table presents the results of the second-stage estimation of three robustness tests using the 2SLS model. Column 
1 presents the results of the main model (1) estimated by adding several control variables (asset growth, net operating 
assets, Altman Z-score, operating cycle length) at both firm and peer levels. In columns 2, the results are obtained 
by adding to the control variables used in the previous test their contemporaneous values (both at firm and peer 
levels). Column 3 reports the results for model (1) assuming that peers exert their influence with a year lag. *, **, *** 
represent significance at the 10%, 5% and 1% level, respectively. T-statistics robust to heteroskedasticity and within-
firm dependence in parentheses. 
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5.3 Income-increasing, income-decreasing strategies and reporting incentives 

Until now, we have documented a robust positive association among firms’ real earnings 

management strategies without explicitly discerning the effect of peers in income-increasing 

earnings management strategies from that in income-decreasing ones. However, in a private firm 

setting, especially in one such as Italy with a high level of book-tax conformity, the incentives to 

overstate earnings are likely to coexist with those to understate them. This makes it appealing to 

understand whether peer effects differ in the two opposite directions. To this end, we split real 

earnings management measures into two variables according to whether the misreporting is 

positive (AbnCfo (+)) or negative ((AbnCfo (-))7. Then, we construct peers’ misreporting measures 

using only positive or negative peers’ amount of earnings management and reestimate Eq. (1). 

Table 5 reports second-stages results. We find that peer effects exist, regardless of the misreporting 

direction. However, while Peers_AbnCfo (+) coefficient is positive and statistically significant at 

the 10% level (coeff: 0.430; t: 1.74), Peers_ACfo (-) is positive and statistically significant at the 5% 

level (coeff: 1.715; t: 2.18). The economic significance of these coefficients points to similar 

conclusion: indeed, peer effects appear to be more decisive in income-decreasing strategies.  

Table 5. Peer effect in Income Increasing and Income Decreasing strategies 

 Income Increasing Income Decreasing 

Second stages (1) 
AbnCfo(+) 

(2) 
AbnCfo(-) 

   
Peers_AbnCfo (+) 0.430*  
 (1.74)  
Peers_AbnCfo (-)  1.715** 
  (2.18) 
P_Shock (First Stage) -0.395*** 0.341*** 
 (-3.05) (7.70) 
Control variables. Firm- and Group-level Yes Yes 
Firm FE Yes Yes 
Year FE Yes Yes 
Observations 71,602 69,112 
This table reports the second stage results for model (1) estimated separately for income increasing strategies and 
income decreasing strategies. *, **, *** represent significance at the 10%, 5% and 1% level, respectively. T-statistics 
robust to heteroskedasticity and within-firm dependence in parentheses. 

 
7 Note that we take absolute values for construct negative AbnCfo (-). 
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To further investigate what drives these mimicking behaviors, we perform some cross-

sectional tests examining firms’ reporting incentives. The extant literature has long identified 

information requests stemming from lenders and tax authorities as the most powerful in 

conditioning firms’ reporting decisions. Hence, by virtue of the reasoning presented in the 

hypothesis section, we expect that the incentives to follow peers’ strategies will be stronger when 

firm-specific incentives would already require greater alignment with peers’ financial results. This 

is the case when firms wish to obtain new financing since creditworthiness assessments by 

prospective lenders commonly start from a comparison of similar companies. Or, when firms have 

strong tax incentives to reduce income but must balance their efforts to minimize the tax burden 

with the need to not deviate overly from the others’ results to not attract tax authorities’ scutiny. 

Thus, we examine these two different reporting incentives (the tax-related one and the 

financing-related one) employing as proxies the firm’s level of tax aggressiveness (Balakrishnan et 

al., 2019) and the presence of a sizeable increase in long-term bank financing (similarly to Bonacchi 

et al., 2018, and Bianchi, 2018). We test our expectation by augmenting Eq. (1) with the interaction 

term between Peers_AbnCfo (split among income-increasing and income-decreasing misreporting) 

and the proxy for specific reporting incentive (Peers_AbnCfo*Rep.Incent.Proxy) and with the 

reporting incentive proxy itself (Rep.Incent.Proxy). Then, we estimate model (1) through a 2SLS 

approach with two endogenous variables, namely Peers_AbnCfo and 

Peers_AbnCfo*RepIncentProxy, and two instruments, namely PeersShock and 

PeersShock*RepIncentProxy. We present our results in Table 6. 

Table 6. Peer effect and Reporting Incentives 

 Tax aggressiveness Increased bank financing 

 Income 
Increasing 

Income 
Decreasing 

Income 
Increasing 

Income 
Decreasing 

Second stages (1) 
AbnCfo (+) 

(2) 
AbnCfo (-) 

(3) 
AbnCfo (+) 

(4) 
AbnCfo (-) 

     
Peers_AbnCfo (+) 0.454  0.269  
 (0.80)  (1.27)  
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Peers_AbnCfo (-)  1.843**  1.741** 
  (2.18)  (2.20) 
Peers_AbnCfo*Rep. 
Incentive Proxy 

7.766 1.451* 0.959** -0.184 

 (0.20) (1.93) (2.00) (-0.77) 
Rep. Incentive Proxy -1.052 -0.200** -0.080 0.017 
 (-0.20) (-1.97) (-1.36) (0.56) 
Control variables. Firm- 
and Group-level 

Yes Yes Yes Yes 

Firm FE Yes Yes Yes Yes 
Year FE Yes Yes Yes Yes 
Observations 71,602 69,112 71,602 69,112 
This table reports the 2SLS second stage results for model (1) estimated separately for income increasing strategies 
and income decreasing strategies with two endogenous variables (Peers_AbnCfo and the interaction term 
PeersAbnCfo*RepIncPorxy) and the additional variable Rep. Incentive Proxy. The two instruments are peer 
idiosyncratic shocks (PShock) and the interaction between PShock and RepIncProxy. *, **, *** represent significance 
at the 10%, 5% and 1% level, respectively. T-statistics robust to heteroskedasticity and within-firm dependence in 
parentheses.  

 

In columns 1 and 2, where RepIncentProxy represents the level of corporate tax 

aggressiveness, we observe an insignificant coefficient for the interaction term in income-increasing 

strategies and a positive and statistically significant coefficient for the interaction term (coeff:1.843; 

t:1.93) in income-decreasing strategies. Apparently, tax-aggressive firms are more likely to follow 

peers in misreporting strategies aimed at understated earnings. This is perfectly reasonable because 

engaging in income-decreasing REM, when peers are doing likewise, allows aggressive firms to 

create a more effective safeguard against external controls. The more peers’ earnings will be 

adjusted downwards, the fewer tax authorities will consider the income of tax-aggressive firms 

abnormal. Moreover, an additional mechanism may be behind these results. While the onerous real 

manipulation does not seem to be employed for the tax-related purpose (as suggested by the 

negative coefficient on Rep. Incentive Proxy), knowing about peers’ choices provides greater 

incentives to tax-aggressive firms in exploiting room for REM. This is probably because when 

peers deviate from the optimal path, it became less costly for the single firm to use real 

misreporting, even for tax-related purposes. 

In columns 3 and 4, RepIncentProxy identifies firms that have experienced a substantial 

increase in long-term bank financing during the year. As expected, we find that firms with stronger 
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incentives to overstate earnings for debt-contracting reasons are more susceptible to peer income-

increasing influence (coeff: 0.959, t: 2.00). Enhancing financial results through real misreporting 

seems to be an inevitable practice to signal own firm’s creditworthiness when peers have artificially 

inflated their results. On the contrary, the interaction term is not statistically significant in the 

income-decreasing case. Logically, when peers and focal firms are engaging in minimizing 

strategies, there is no additional effect due to the financing-related incentive.  

 

6 Conclusion 

We introduce peer effect to the accounting literature of private firms and show the 

importance of its role in propagating real earnings management among private Italian firms. We 

document that the association between peer effect and earnings management is statistically and 

economically meaningful. These findings withstand a battery of alternative tests where we control 

for the possibility that timing of variable measurement affects peer effect identification and for 

different set of factors that commonly explain earning management in private firms: debt 

contracting, tax incentives, size, organizational structure, etc. Yet, peer effect is also responsible for 

the low earnings quality of private firms, and future analyses cannot ignore this phenomenon.   

Our evidence is important because it highlights that private firms that manage earnings do 

not only lower the earnings quality of their financial statements or potentially compromise their 

survival but they spread this practice and its negative effects over the entire sector. This is an issue 

for private firms’ regulators, and stakeholders. For standard setters that aim at increasing the quality 

of financial reporting among private firms it becomes crucial to shape and enforce accounting 

standards having in mind the most imitated firms. This perspective will also help fiscal authorities, 

auditors, financial institutions and other direct users of private firms’ financial statements. Future 

research can fruitfully identify the factors and channels that can mitigate the contagion of peer 

effect. 
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Appendix – Chapter 3 

Variable definitions 

Abn_Cfo Abnormal Cash Flow from Operations are the residuals from the following 
first-order autoregressive model incorporating fixed effects: 

𝐶𝐹𝑂𝑖,𝑡 = 𝛼0 + 𝛼1𝐶𝐹𝑂𝑖,𝑡−1 + 𝛼21/𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑡−1 + 𝛼3𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 + 𝛼4∆𝑆𝑎𝑙𝑒𝑠𝑖,𝑡

+ 𝜀𝑖,𝑡 

Where 𝐶𝐹𝑂𝑖,𝑡 is computed starting from the firm’s net income, adding 

depreciation and amortisation, and subtracting the change in net working 

capital. CFO is scaled by lagged total assets; 𝐶𝐹𝑂𝑖,𝑡−1 is its lagged value; 

𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑡−1 is lagged total assets; 𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 is sales during the year scaled by 

total assets; ∆𝑆𝑎𝑙𝑒𝑠𝑖,𝑡 is the sale growth scaled by lagged total assets. 

Roa EBITDA /Total assets 
Size ln(total assets) 
Leverage Total debt/Total assets 
Sales_growth ΔSales/Sales(t-1) 
Age Ln(1+Age) 
Loss An indicator variable equal to one if the firm reports a loss, zero otherwise 
MTR An indicator variable equal to one if the firm’s effective tax rate (tax expense 

from income statement divided by earnings before taxes) is equal to or higher 
than the statutory tax rate, zero otherwise 

At_growth ΔTotAssets/TotAssets (t-1) 
Noa (Stockholders’ equity - Cash and short-term investments + Long-term and 

short-term debt)/Lagged Sales) 
Z-score (0.717 * Current assets less current liabilities divided by total assets)+(0.847 * 

Retained earnings divided by total assets)+(3.107 * earnings before interest and 
taxes divided by total assets)+(0.420 * book value of equity divided by total 
liabilities)+(0.998 * sales divided by total assets) 

lnOpCycle Ln((Inventory/(COGS/365))+(Receivables/(Sales /365))) 
Tax 
aggressiveness 

The firm’s mean industry ETR (total tax expense/earnings before taxes) less 
the firm’s ETR, where ETR is the sum of tax expenses over years t, t-1, and t-
2 divided by the sum of earnings before taxes over years t, t-1, and t-2; and 
cumulative ETR are constrained to take a value between 0 and 1. 

Increased 
bank financing 

An indicator variable equal to one when the change in long-term bank debt 
experienced during the year is in the upper quintile of sample distribution, zero 
otherwise. 
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Chapter 4. 

The Impact of Peer Effects on Earnings Smoothing8 

Forthcoming on Rivista Italiana di Ragioneria e di Economia Aziendale 

 

1 Introduction 

This study investigates the relationship between peers’ mimicking and aggressive reporting 

behaviour resulting in income smoothing. While studies in social psychology have long recognized 

the fundamental role exerted by the peer group on individual behaviour, accounting studies have 

only recently adopted this frame, thus beginning to verify when and how companies are able to 

influence their peers (defined as the companies engaged in the same industry and competing in the 

same market). From those studies, it appears that the imitative effect plays a significant role in 

corporate choices such as financial structure (Leary and Roberts, 2014), dividend policy (Grennan, 

2019), tax planning (Bird et al., 2018; Armstrong et al., 2019) and social responsibility practices 

(Cao et al., 2019). However, existing empirical research has only dealt with companies listed on 

regulated markets and has not yet focused on the influence the peer group can exert in 

disseminating non-virtuous or potentially harmful business practices for the stakeholders involved. 

In effect, despite the importance of the imitative effect on manipulative policies being theorized 

by some analytical studies (Bagnoli and Watts, 2000; Gao and Zhang, 2019), empirical studies on 

the same policies, known in the international literature as earnings management studies (Capalbo, 

2016; Quagli and Avallone, 2020), have as an implicit assumption that firms adopt such practices 

consciously and independently of the behaviour of competing firms. Indeed, the relevant 

 
8 Although the paper is a joint effort by the authors, we specify that sections 1, 2, 6 can be attributed to Alessandro 

Mura and sections 3, 4, 5 to Viviana Ecca. 
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econometric models do not present efforts to control for peer influence. Empirical studies that 

illustrate how unlisted companies widely adopt accounting policies that aim to smooth the 

fluctuations in earnings over time, both in Europe (Burgstahler and Dichev, 1997; Coppens, Peek 

2005; Gassen and Fülbier 2015) and in Italy (Mura and Roberto 2020) are subject to the same 

limitation. 

Building on this strand of research, this work aims to determine whether peer influence is 

one of the reasons for the widespread use of earnings smoothing practices among unlisted Italian 

companies. This is an alarming accounting practice due to its effects on the reliability and neutrality 

of financial statements. In this respect, the generated annual income and the associated temporal 

variability that should result from the consistent application of the valuation criteria proposed by 

the Civil Code and the accounting standards (OIC) (Melis, 2015) are often sacrificed to show 

instead a trending income - not infrequently a small profit - that averages the trends of several 

administrative periods (Mura e Roberto, 2020). Through this accounting policy, unlisted companies 

seek to reconcile the users’ expectations of their financial statements, such as providers of financing 

and operating credit, tax authorities, etc. For this reason, it is expected that the strains for a given 

company towards reporting a positive and stable income will further intensify when its competitors 

extensively adopt the same policy. 

The subsequent analysis is based on a sample of unlisted Italian companies over the period 

2014-2019. Earnings smoothing is measured by the ratio of the variability of net income to the 

variability of operating cash flows determined on a three-year average, as is typically done in 

earnings smoothing analyses. The most complex methodological issues relate to the difficulties of 

separating not only the simultaneous effect that the peer group may exert on the firm from that of 

the firm itself on the peer group, but also the effect exerted by the peer group from that of the 

concurrent factors that may drive the adoption of earnings smoothing policies. For these reasons, 

we employ a two-stage least squares (2SLS) instrumental variable estimation approach, in which 

the peer average idiosyncratic component of the EBITDA scaled by total assets is used as an 
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instrumental variable for the average peer smoothing. The results of alternative tests reinforce each 

other in showing that peer influence is statistically and economically significant. The imitative effect 

appears to be co-responsible for the spread of financial reporting practices incompatible with the 

true and fair representation that financial statements should aim for according to the Civil Code 

and accounting standards (Coronella, 1996; Congiu, 2013). This is a further factor to be included 

in research aimed at understanding the reasons and incentives behind the spread of aggressive 

financial reporting policies. Similarly, in terms of regulation and external controls, a complex 

phenomenon emerges that can further complicate the effectiveness of policies and actions aimed 

at strengthening the degree of enforcement and safeguarding the quality of external reporting of 

unlisted companies. 

The paper is structured as follows: the next section reviews the studies on corporate peer 

effect and earnings smoothing and develops the research hypothesis; section 3 is dedicated to the 

methodological issues; section 4 reports the empirical results and their interpretation; section 5 

focuses on the robustness analyses. The last section contains summary reflections on the findings, 

the limitations of the work, and suggestions for future research. 

 

2 Existing literature and research hypothesis 

2.1 Literature 

The basis of several game-theoretic studies is that corporate decisions are not made in 

isolation but rather constitute reactions to the choices of competing firms. Lieberman and Asaba 

(2006) review several theories explaining the imitative propensity of firms, the most salient among 

which is the rivalry-based theory, in which firms replicate the behaviour of their rivals to maintain 

competitive parity and contain risk. Under certain circumstances, any differentiation strategy is 

discontinued because - although potentially more profitable - it is more complex and riskier. The 

empirical contributions, however, are in their beginnings and all focus on companies listed on 

financial markets. Graham and Harvey (2001) point out that a substantial number of CFOs, 
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interviewed in their qualitative survey, consider the choices on the financial structure of 

competitors as a critical element on which to base their own decisions. Leary and Roberts (2014) 

empirically show that the financial structure adopted by competing firms is the most important 

determinant of the financial structure of the individual firm. Interestingly, the imitation of this 

choice seems to intensify among smaller and less profitable companies. Evidence of peer group 

influence has also been found in the context of tax planning (Armstrong et al., 2019; Bird et al., 

2018), dividend payments (Grennan, 2019), share repurchase (Adhikari and Agrawal, 2018) and 

stock split decisions (Kaustia and Rantala, 2015). 

However, empirical studies investigating the reasons and incentives that encourage the 

adoption of aggressive reporting behaviours, and in particular income smoothing practices, do not 

attempt to model the role of the peer group. The existence of stable and slightly increasing income 

series has been widely documented in numerous institutional contexts (Burgsthaler and Dichev, 

1997; Coopens and Peek, 2005; Prencipe et al., 2011). There are international comparative studies 

in which the quality of countries’ accounting systems is assessed by the degree to which earnings 

smoothing practices are prevalent. In this sense, Leuz et al. (2003), by analyzing the financial 

statements of a sample of listed companies from 31 different countries, identify three clusters in 

which the level of earnings smoothing is associated with homogeneous institutional factors. Italy 

is placed in the cluster of countries with the highest level of earnings smoothing, which is associated 

with the following institutional characteristics: underdeveloped financial markets, low level of 

regulatory enforcement, high ownership concentration and low investor protection. A strong 

diffusion of income smoothing practices has also been found among unlisted companies in the 

majority of European countries (Gassen and Fülbier 2015). It appears to be linked to the need to 

satisfy lenders’ expectations, given its signalling capacity to provide reassuring indications about 

the company’s reliability. Mafrolla and D’amico (2017) highlight that Italian, Portuguese and 

Spanish non-listed companies adopt aggressive accounting policies, thus successfully raising new 

capital from the banking system, albeit at a higher cost. In the context of unlisted Italian companies, 
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Mura and Roberto (2020) show the widespread presence of income smoothing practices over the 

period 2004-2017 by analyzing irregularities in the distribution of net income and change in income 

from year to year. This analysis shows that the area of small profit is the one with by far the most 

frequent observations of the entire distribution, in statistically significant terms. Similarly, the area 

of small loss turns out to be much less populated than expected, an anomaly that signals the 

considerable accounting effort companies devote to meet the area of profits. In a complementary 

way, the distribution of annual earnings changes shows the widespread presence of observations 

reporting very small earnings changes distributed between positive and negative, signalling 

anomalous accounting behaviour aimed at maintaining stable earnings results over time (Mura and 

Roberto, 2020). 

 

2.2 Hypothesis development 

Considering the existing evidence on peer effects and earnings management outlined 

above, it seems interesting to link the two strands of research in order to empirically verify whether 

an association exists between the two phenomena, as seems plausible according to rivalry theory. 

In effect, the same factors identified to explain the use of income smoothing policies that 

characterize unlisted Italian firms on a theoretical (Sòstero, 1998) and empirical (Mura and Roberto, 

2020) level seem to be reinforced in the peer influence framework. Showing a positive and stable 

net income can be a desirable objective not only from the perspective of the individual company 

that individually aims to reconcile the expectations of lenders, suppliers, tax authorities and other 

stakeholders, but also from the perspective of the company that emulates the earnings management 

policies of rivals in order to maintain its competitive position. In particular, if competing firms 

resort to income smoothing practices to show a positive and stable income in order to reassure 

lenders about their creditworthiness, it is likely to be expected that the individual firm will imitate 

the practices of its competitors in order to maintain its competitive position, and thus its chances 

of access to financing credit, unchanged. Similarly, when rival firms smooth income to continue to 
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obtain operating credit from their suppliers at the time and manner desired, they will likely affect 

the financial reporting behaviour of the individual firm, which will have the same need not to see 

its terms of supply and deferred payment adversely affected. Even when income levelling is 

instrumental to tax minimization, acting like one’s competitors can be an effective strategy to 

demonstrate to tax authorities the regularity of one’s performance and its consistency with that of 

those firms operating in the same sector and serving the same markets. This reasoning leads to the 

following hypothesis: 

H: Italian private firms adopt income smoothing strategies mimicking their peers’ strategies. 

 

3 Methodology 

3.1 Sample selection 

The sample used in this study is drawn from the AIDA database, managed by Bureau Van 

Dijk. Starting from the population of private companies covered by the database, financial and 

utility companies were excluded, as they are characterized by different reporting incentives and 

regulations. Then, companies adopting IAS/IFRS, companies that are allowed to file abridged 

financial statements for the entire period of analysis and companies belonging to a corporate group 

were removed to obtain an as homogenous sample as possible. After these exclusions, the final 

sample consists of 113,693 observations, corresponding to 22,969 companies, over the period 

2014-20199. The firms thus identified belong to 64 industrial sectors defined by the first two 

ATECO digits, which constitute the peer groups used in the study. 

 

3.2 Income smoothing measure 

 
9 The analysis is conducted over the period 2014-2019, but variables construction requires the use of accounting 

information that refers to the period 2011-2019: this is because the independent variables are lagged one year with 

respect to the dependent variable, which is constructed with values from a three year time window. 
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Following previous studies (Leuz et al., 2003; Francis et al., 2004; Burgstahler et al., 2006), 

income smoothing is measured as the standard deviation of net income divided by the standard 

deviation of cash flow from operations, where net income and cash flow are both scaled by lagged 

total assets and measured over the last three years. Lastly, the income smoothing measure is 

multiplied by -1 so that a larger value represents more income smoothing. The idea is that the 

greater the use of income smoothing practices, the lower the volatility of earnings compared to the 

volatility of cash flows.  

 

3.3 The peer effect model  

To ascertain the presence of peer effect, we follow previous studies (Leary and Roberts, 

2014) and model a firm’s earnings smoothing as a function of peers’ income smoothing, own firms’ 

and peers’ characteristics. The structural model to be estimated is as follows: 

𝑆𝑚𝑜𝑜𝑡ℎ𝑖𝑗𝑡 = 𝛽0 + 𝛽1𝑃𝑒𝑒𝑟𝑠_𝑆𝑚𝑜𝑜𝑡ℎ−𝑖𝑗𝑡 + 𝛽2𝑋𝑖𝑗𝑡−1 + 𝛽3�̅�−𝑖𝑗𝑡−1 + 𝐼𝑛𝑑𝐹𝐸 + 𝑌𝑒𝑎𝑟𝐹𝐸 +

𝜀𝑖𝑗 (1) 

in which 𝑆𝑚𝑜𝑜𝑡ℎ𝑖𝑗𝑡  is income smoothing for firm i, in peer group j, in year t; 

𝑃𝑒𝑒𝑟𝑠_𝑆𝑚𝑜𝑜𝑡ℎ is the average income smoothing of firms in peer group j in year t excluding firm 

i. 𝑋𝑖𝑗𝑡−1 and �̅�−𝑖𝑗𝑡−1 are vectors of lag values of the firm’s i characteristics and peer firms’ 

characteristics, by which we control for known factors that determine income smoothing policies. 

Precisely, we control for size, leverage, the growth rate of sale and asset, age and the presence of 

loss, both at the firm (Size, Lev, ΔSales, ΔAssets, Age, Loss) and peer level (PeersSize, PeersLev, 

PeersΔSales, PeersΔAssets, PeersAge, PeersLoss). Then, we control for unobserved industry-

invariant characteristics and economy-wide factors that potentially influence income smoothing 

strategies through year and industry fixed effects. Finally, 𝜀𝑖𝑗  is the error term, for which we assume 

heteroskedasticity and within firm dependence. Note that the inclusion of peers’ characteristics and 

industry fixed effects is instrumental to peer effect identification. In fact, eventual similarities in 
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income smoothing practices among firms belonging to the same group could be due to factors 

other than real imitative behaviours. On the one hand, the influence firms are exposed to may arise 

not only from the action of their peers (the effect of interest in the present study) but also from 

their characteristics; on the other hand, institutional and contextual factors common to all firms in 

the peer group might be co-responsible for the observed similarity in their practices. Hence, by 

including peer characteristics and industry fixed effects, we attempt, as far as possible, to limit the 

room for alternative interpretations.   

The model (1) is estimated using the two-stage least squares method with instrumental 

variable (IV-2SLS). This approach requires two regressions to be implemented. In the first stage, 

the endogenous variable PeersSmooth is regressed on an instrumental variable (IV) and the set of 

control variables. In the second stage, Smooth is regressed on the fitted value of PeersSmooth 

resulting from the first stage and on the same control variables used in the first stage. 

As previously mentioned, the choice to employ such a regression method (IV-2SLS) is 

motivated by the simultaneous causality that characterizes the relationship under investigation 

(Manski, 1993). Indeed, it has to be remarked that the choice of the ith company is affected by the 

choices of peers, and, at the same time, the choices of peers are affected by the ith company, as 

their peers. To interrupt this simultaneity and adequately estimate the effect of interest, it is 

therefore essential to identify a source of variation in the variable PeersSmooth, a variation from 

which the ith firm is unaffected. In other words, the approach employed aims to test how firms’ 

responses to a shock influence the behaviour of peers not subject to the variation.  

Building on existing analyses (e.g. Gerakos and Kovrijnykh, 2013), we identify this source 

of variation in the profitability shock experienced by the peer group, which is then employed as an 

instrumental variable (IV). In this regard, it should be noted that although the instrumental variable 

approach makes it possible to deal with the reflection problem, the success of this estimation 

method inevitably lies in the validity of the chosen instrumental variable. This leads to two 

considerations. First, identifying a variable that contemporaneously affects the endogenous variable 
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(i.e. PeersSmooth) without affecting the dependent variable (Smooth) is not a trivial task. Second, 

while the instrumental variable relevance is testable (for example, by F-test), its exogeneity is not10. 

In this sense, instrumental variable methods are not exempted from criticism. In order to avoid 

some of those issues, the following section explains the construction and the reasons supporting 

the validity of the instrumental variable used in this study. 

 

3.4 The instrumental variable 

The instrumental variable used in the analysis is constructed according to Fiordelisi and 

Ricci (2014)’s decomposition approach. First, the profitability measure (Ebitda/Assets)11 of each 

firm is separated into a systematic (common to the peer group) and an idiosyncratic (specific to 

firm i) component based on the following regression: 

𝐸𝑏𝑖𝑡𝑑𝑎/𝐴𝑠𝑠𝑒𝑡𝑠𝑖𝑗𝑡 = 𝛽0 + 𝛽1𝑃𝑒𝑒𝑟𝑠 𝐸𝑏𝑖𝑡𝑑𝑎/𝐴𝑠𝑠𝑒𝑡𝑠−𝑖𝑗𝑡 + 𝜀𝑖𝑗𝑡 (2) 

Where 𝐸𝑏𝑖𝑡𝑑𝑎/𝐴𝑠𝑠𝑒𝑡𝑠𝑖𝑗𝑡 is the profitability of firm i in peer group j in year t; 

𝑃𝑒𝑒𝑟𝑠 𝐸𝑏𝑖𝑡𝑑𝑎/𝐴𝑠𝑠𝑒𝑡𝑠−𝑖𝑗𝑡 is the average profitability of firms belonging to peer group j in year t, 

excluding firm i. Following Fiordelisi and Ricci (2014) eq. (2) is estimated annually, yielding a 

common beta for all the firms in the sample. For each firm, the idiosyncratic profitability (𝜀𝑖𝑗𝑡) is 

computed as the difference between the observed value of Ebitda/Assets at time t and the fitted 

value of Ebitda/Assets at time t: 

 
10 Relevance is defined as the extent to which the instrumental variable can explain the variation in the endogenous 

variable, whereas exogeneity refers to the absence of correlation between the instrumental variable and the error term 

(ε). 

11 The profitability measure employed in the study is the ratio of earnings before interest, taxes, depreciation, and 

amortization (Ebitda) to total assets, as in Fiordelisi and Ricci (2004). This is because Ebitda allows a comparison of 

the profitability of companies belonging to the same or different sectors and prescinds from items potentially subject 

to opportunistic accounting adjustments (such as depreciation). 
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𝜀�̂�𝑗𝑡 =  𝐸𝑏𝑖𝑡𝑑𝑎/𝐴𝑠𝑠𝑒𝑡𝑠𝑖𝑗𝑡 −  �̂�0 − �̂�1𝑃𝑒𝑒𝑟𝑠 𝐸𝑏𝑖𝑡𝑑𝑎/𝐴𝑠𝑠𝑒𝑡𝑠−𝑖𝑗𝑡 

By lagging 𝜀𝑖𝑗𝑡 one year, we obtain the profitability shock experienced by each firm in time t-1 

(IShock). Then, the instrumental variable (IV) is obtained by averaging profitability shock 

experienced by firms belonging to peer group j, excluding firm i, in year t-1 (PShock). 

A prerequisite for the subsequent inference to be valid is that the instrument used (PShock) 

is correlated with the endogenous variable PeersSmooth (relevance) but it is not correlated with 

Smooth other than through PeersSmooth (exogeneity): in this case, both conditions seem to be 

satisfied. At the heart of income smoothing strategies lies the intention to dampen earnings 

fluctuations to ensure that the reported earnings are, from year to year, slightly positive and 

relatively constant (Fudenberg and Tirole, 1995; DeFond and Park, 1997). It follows that, in the 

event of extremely positive performance, as captured by Ebitda/Assets idiosyncratic component, 

that objective should be pursued through more intensive use of income smoothing strategies 

(Gearkos and Kovrijnykh, 2013). Thus, while a positive association between peers’ profitability 

shock and their subsequent resort to income smoothing is expected, no effect is expected on the 

ith firm. This is because peer shock aggregates purely firm-specific components. In any case, to 

mitigate the risk that peers’ idiosyncratic components contain relevant information for firm i, we 

include in each regression firm’s i performance shock.  

 

3.5 Descriptive statistics 

Table 1 presents descriptive statistics for the variables used in the main analysis. The mean 

value for Smooth is -0.457, in line with that reported by Burgstahler et al. (2006) for Italian private 

companies (-0.496). Similarly, independent variables distributions do not differ significantly from 

those of analogous studies (e.g. Bigus and Hafele, 2018; Burgstahler et al., 2006), thereby ensuring 

our sample representativeness. For the sake of brevity, peer-level statistics are not reported, 
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although we note that their mean value is very close to the firm-level value, although aggregation 

lowers their standard deviation. 

Table 1. Descriptive statistics 

 N Mean SD P25 P50 P75 

Smooth 113,693 -0.457 0.685 -0.525 -0.229 -0.090 
Size 113,693 9.690 0.990 9.085 9.575 10.186 
Leverage 113,693 0.597 0.223 0.434 0.627 0.776 
ΔSale 113,693 0.060 0.294 -0.043 0.031 0.118 
ΔAssets 113,693 0.054 0.187 -0.038 0.029 0.116 
Age 113,693 3.203 0.640 2.833 3.332 3.638 
Loss 113,693 0.155 0.362 0.000 0.000 0.000 
IShock 113,693 0.001 0.079 -0.042 -0.011 0.035 
PShock 113,693 0.002 0.008 -0.001 0.001 0.003 
This table presents descriptive statistics for the variables used in the analysis. In accordance with Model (1), while 
Smooth refers to year t, the other variables refer to year t-1. Smooth is the reciprocal ratio between net income 
standard deviation and cash flow standard deviation, where net income and cash flow are scaled by lagged total assets 
and the standard deviations are measured over a three-year time window. Size is the logarithm of total assets. 
Leverage is the ratio between total debt and total assets. ΔSales is the difference between sales at time t and sales at 
time t-1, scaled by sales at time t-1. ΔAssets is the difference between total assets at time t and total assets at time t-
1, scaled by total assets at time t-1. Age is the logarithm of one plus firm’s age. Loss is an indicator variable equal to 
one if the firm reports a loss, 0 otherwise. With the exception of PeersLoss (percentage of peers reporting a loss), all 
variables are constructed as the average value of firm-level characteristics for firms in group j, excluding firm i. For 
IShock and PShock, see section 3.4. All variables are winsorized at the 1st and 99th percentiles. 

 

4. Results 

4.1 Main analysis 

Columns 1 and 2 in Table 2 show, respectively, first-stage and second-stage results for 

model (1). From the first stage result – in which the dependent variable is PeersSmooth, and the 

primary explanatory variable is PeersShock – it emerges that the instrumental variable is positively 

associated with peers’ income smoothing practices with a level of significance of 1%. In accordance 

with existing studies (Gerakos and Kovrijnykh, 2013), the results suggest that firms intensify their 

use of smoothing policies after having experienced a positive shock in their profitability. 

Considering the instrument’s significance level and the F-test equal to 149 (well above the threshold 

of 10), the instrument appears to satisfy the relevance condition. 

Table 2. Peer effects in Earnings Smoothing 

2SLS (1) (2) 
 First Stage 

PeersSmooth 
Second Stage  

Smooth 
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PShock 0.459***  
 (12.24)  
PeersSmooth  2.651*** 
  (3.26) 
IShock 0.005** -0.807*** 
 (2.36) (-17.16) 
Size1 0.000*** -0.004 
 (2.90) (-1.10) 
PeersSize 0.032*** -0.032 
 (5.33) (-0.57) 
Leverage -0.000 0.235*** 
 (-1.07) (15.06) 
PeersLeverage 0.061 -0.363 
 (1.16) (-1.15) 
ΔSales 0.000 0.018** 
 (0.00) (2.32) 
PeersΔSales 0.062*** -0.124 
 (4.82) (-1.12) 
Age -0.000 0.016*** 
 (-0.28) (3.38) 
PeersAge -0.045* 0.048 
 (-1.91) (0.33) 
Loss 0.001 -0.390*** 
 (1.84) (-44.08) 
PeersLoss -0.002*** 0.007*** 
 (-9.73) (3.66) 
ΔAssets -0.071*** 0.059 
 (-2.76) (0.35) 
PeersΔAssets -0.001 -0.005 
 (-1.66) (-0.40) 
Observations 113,693 113,693 
F-test excluded instrum. 149.91  
Industry FE Yes Yes 
Year FE Yes Yes 
This table reports the 2SLS estimation results for model (1): Column 1 and Column 2 present, respectively, the first 
and second stage results. The dependent variable is indicated at the top of each column. The endogenous variable is 
peer smoothing (PeersSmooth) and the instrument is peer idiosyncratic profitability (PShock). Smooth and 
PeersSmooth refers to year t, and the other variables to year t-1. See Table 1 for the definition of the variables. *, **, 
*** represent significance at the 10%, 5% and 1% level, respectively. T-statistics robust to heteroskedasticity and 
within-firm dependence are in parentheses. 

 

As expected, second stage results reveal peer influence in income smoothing choices: 

PeersSmooth coefficient is positive and statistically significant at the 1% level (coeff=2.65, t=3.26). 

In line with the rivalry theory discussed by Lieberman and Asaba (2006), Italian private firms mimic 

peers’ income smoothing strategies. This effect is also economically meaningful: a one standard 
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deviation increase in peers’ income smoothing leads to a 0.31312 standard deviation increase in 

firm’s i income smoothing. Regarding firm-level control variables, the results show that Leverage, 

Age, ΔSales and Loss significantly explain the use of income smoothing strategies, as in previous 

research (e.g. Bigus and Hafele, 2018). In line with our expectations, leverage is positively associated 

with income smoothing strategies (coeff=0.235, t=15.06), thus confirming that this aggressive 

reporting behaviour is often a response to lenders’ concerns about corporate riskiness (Gassen and 

Fulbier, 2015). Similarly, growth opportunities and age are positively associated with this 

accounting policy (coeff.=0.018, t=2.32; coeff=0.016, t=3.38, respectively). On the one hand, 

growing companies exposed to wider income fluctuations may perceive a greater need to dampen 

variation in earnings stream. On the other, mature companies may be able to make greater use of 

these accounting policies due to their long experience in managing the results of alternating 

economic phases. Moreover, it is precisely in the maturity stage that it is supposed to be more 

advantageous for firms to prove a well-established capacity to generate stable streams of income, 

which should dispel any doubt regarding their eventual decline. Finally, results reveal a lower 

propensity of losing firms to smooth income (coeff=-0.390, t=-44.08), demonstrating the different 

incentives that guide them. In this sense, it is very likely that, after a loss year, firms may want to 

depart from such a result and report a positive income, although small, avoiding income smoothing 

strategies. Overall, it is evident that, despite the statistical significance of control variables, these 

are economically less significant than PeersSmooth (the economic significance is equal to: 0.077 

for Leverage; 0.008 for ΔSales; 0.015 for Age and 0.206 for Loss). Thus, results show that peers’ 

behaviour is crucial in driving private Italian firms towards income smoothing policies, with an 

impact even more significant than commonly recognized determinants. Peer-level control variables 

corroborate this interpretation. In fact, excluding PeersLoss (coeff=0.077, t=3.66), whose 

 
12 Economic significance is determined as the product of the estimated coefficient of PeersSmooth and the 

standard deviation of PeersSmooth, divided by the standard deviation of Smooth ((2.651 x 0.081)/0.685). 
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economic significance is extremely contained (equal to 0.064), no control variables at the peer level 

reach conventional levels of statistical significance. From this main analysis, it is clear that peer 

influence originates directly from peers’ actions and not from peers’ characteristics, thus pointing 

out that income smoothing is, at least partially, a strategic response to competitors’ behaviours. 

 

4.2 Discussion 

This analysis reveals a scenario in which the willingness of firms to resort to income 

smoothing strategies is deeply affected by peers’ behaviours. While this result aligns with our 

research hypothesis (section 2.2) and the intuition about firms’ power to influence each other, they 

reveal an unforeseen peers’ leading power. Indeed, competitors’ behaviour is the most important 

driver of income smoothing strategy. In this sense, firms’ decision-makers seem to give up, at least 

in part, the complete and informed use of their discretion for an imitative strategy in which industry 

peers determine the course to take.  

In line with our previous reasoning, the need to signal to lenders and various stakeholders 

its own capacity to generate a stable earnings stream – as stably as peers, one would say – as well 

as the common interest to not distance itself from peers’ results for fiscal reasons, make the 

imitative phenomenon understandable. And yet, it is difficult to uphold the validity, from a firm’s 

perspective, of behaviour whose distinctive feature is to conform to the crowd, with scant attention 

to the contingencies and specific conditions in which the company operates; moreover because 

earning smoothing is less likely to be desirable under any circumstances.  

In any case, beyond the complexity of assessing the underlying decision-making process, 

that imitative behaviour, once framed in the context of aggressive reporting choices, is even more 

worryingly because it jeopardizes the usefulness of financial statements for all report users. If a 

firm’s reporting process does not aim to provide a true and fair view of the corporate’s condition 

but, on the opposite, aims to misrepresent performance, the essential informative role reports 

should play fails. In this sense, the imitative phenomenon under examination becomes able to 
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compromise in a pervasive way the quality of financial information – with evident prejudice against 

those taking action based on that data – and to undermine the application of and compliance with 

existing regulations systematically. 

 

5 Robustness tests 

To examine the robustness of these findings, we reestimate equation (1) under three 

different specifications. Table 3 presents second stage results for each of them; we report only 

coefficient and t-statistics for the variable of interest for parsimony. In the first robustness test, we 

include several additional control variables, both at the firm and peer level, generally associated 

with income smoothing policies (Baik, Choi and Farber, 2020): namely, tangibility, the length of 

the operating cycle, sales volatility, operating cash flow, net operating assets. In the second test, we 

add the contemporaneous values of control variables at the firm and peer levels. Lastly, we employ 

an alternative proxy for income smoothing practices. We follow Lang et al. (2012)’ approach and 

identify the discretionary component of earnings smoothing, separating it from the innate 

component unaffected by misreporting intents. Residuals from a regression in which the dependent 

variable is income smoothing (Smooth), and the explanatory variables are those factors that, 

according to literature (Lang et al., 2012), determine the innate smoothing, constitute this new 

measure (ResSmooth). In the third test, we replace Smooth with ResSmooth and PeersSmooth 

with PeersResSmooth (constructed as the average of ResSmooth for firms belonging to peer group 

j in year t, excluding firm i). 

Collectively, these robustness tests confirm our main result. Peer influence in income 

smoothing practices is statistically significant at the 1% level regardless of the test performed. 

Above all, the peer effect coefficient (2.65 in the main analysis; 2.53, 2.82, and 2.70 in the different 

robustness tests) remains constant across different specifications, thus assuring the stability of our 

findings. Overall, these additional results corroborate the analysis and confirm the role firms play 

in influencing earnings smoothing choices of their peers. 
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Table 3 – Peer effects in Earnings Smoothing – Robustness tests 

2SLS (1) Second Stage (2) Second Stage (3) Second Stage 
 Smooth Smooth ResSmooth 

PeersSmooth 2.529*** 2.816***  
 (3.17) (3.42)  
PeersResSmooth   2.696*** 
   (3.00) 
T-statistics PShock (8.91) (11.39) (11.58) 
F-test excluded instrument 79.43 129.76 134.03 
Control variab. – Firm- and group 
level 

Yes Yes Yes 

Contemp. control. var. - Firm- and 
group level 

No Yes No 

Addit. control. var. - Firm- and 
group level 

Yes No No 

FE – (Ind., Year) Yes Yes Yes 
Observations 113,423 113,461 112,900 
This table reports the 2SLS second stage results for model (1) robustness tests. In Colum 1, model (1) is estimated 
with additional control variables (Tangibility, Length of the operating cycle, Sales volatility, Operating cash flow, Net 
operating assets), both at the firm and peer level. In column 2, model (1) is estimated by adding contemporaneous 
control variables at firm and peer levels. In column 3, model (1) is estimated by replacing Smooth with ResSmooth 
(discretionary smoothing for firm i) and PeersSmooth with PeersResSmooth (discretionary smoothing for firms in 
group j, excluding firm i). *, **, *** represent significance at the 10%, 5% and 1% level, respectively. T-statistics 
robust to heteroskedasticity and within-firm dependence are in parentheses.  

 

6 Conclusions   

The empirical analysis reported in the previous sections has shown that the peer group has 

a statistically significant and economically relevant influence in triggering the spread of earnings 

smoothing practices among unlisted Italian companies. These findings are corroborated by 

alternative multivariate tests that also confirm the role played by factors that are commonly found 

in existing studies to explain the adoption of income smoothing strategies (Gassen and Fulbier, 

2015; Bigus and Hafele, 2018; Baik, Choi and Farber, 2020). Specifically, Italian private firms resort 

to a greater extent to income smoothing strategies when leverage and growth opportunities are 

higher, in their maturity phase, and in the absence of prior year loss. Nevertheless, mimic effects 

play a central role. 

In line with rivalry-based theories, in which firms mimic peers to deal with competition, 

contain business risk and maintain the status quo, Italian private firms seem to resort to income 
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smoothing practices to respond to competitors’ decisions. These results raise concerns because 

they highlight a worryingly mimic propensity of behaviours non-conforming with existing 

regulations. While the contagion of virtuous behaviours seems desirable because of its positive 

consequences on firms’ prospects, the imitative phenomenon in harmful behaviour cannot be 

encouraged. In other words, earnings management policies do not seem to have distorting effects 

only on the earnings quality of the aggressive firms. These policies spread within industries, thus 

affecting the decision-making processes of all stakeholders. Under these circumstances, peer 

influence represents a worrying obstacle that deters external financial reporting from the goal of 

true and fair representation on which current legislation is focused. This increases the complexity 

of the environment within which regulators and authorities define their policies and orient their 

effort to enhance the degree of enforcement.  In this regard, it becomes crucial to trace the identikit 

of the most imitated companies. These are the companies on which to focus efforts in terms of 

regulation, controls and sanctions to interrupt the contagion of harmful practices. 

The empirical evidence presented in this chapter also has worrying implications from the 

perspective of financial statement analyses. They base their validity on the quality of the financial 

reports of the companies being compared. Particularly in sectorial analyses, it becomes essential to 

quantify and neutralize the artificial influence of peers on accounting measures to guarantee the 

signalling reliability of the indices emanating from them. 

Despite several robustness tests, this study is just the first step towards a better 

understanding of peer influence in earnings management practices in private firm settings. Its first 

limitation is that it does not attempt to identify distinctive characteristics of leading firms on which 

future studies may focus. Moreover, further research may investigate which factors enhance or 

mitigate contagion effects in earnings smoothing and other misreporting practices. 
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Chapter 5. 

Conclusions 

Recently, a growing literature in accounting has provided a causal interpretation for the 

commonality of behaviors among peer companies. Mimicking appears largely responsible for the 

spread of different corporate practices, to the extent that, to anyone familiar with these studies, the 

idea that companies may undertake most of their decision in isolation seems now almost odd. 

Nevertheless, it is not so well documented if peer influence also extends over corporate choices 

that may not be in the firms’ best interest. Building on this premise, this thesis contributes to the 

broader literature on peer effects in corporate choices by providing new insights into the 

interdependencies of firms’ misreporting decisions, and to the narrow debate on the optimality of 

mimicking behaviors by exploring the controversial tool of real earnings management.  

Through three empirical investigations, publicly held and privately held companies’ 

propensity to mimic peers’ earnings management are investigated, thus revealing the social 

component of misreporting across different countries, institutional settings, and financial reporting 

pressures. Specifically, the analyses presented in the first chapter have shown that US listed 

companies engage in real activities manipulation following peers’ choices. Apparently, and indeed 

in line with game-theoretic predictions (Bagnoli and Watts, 2000; Gao and Zhang, 2019), 

companies perceive undertaking suboptimal actions as a necessary evil to avoid falling behind 

peers’ current earnings performance. However, while the trade-off between misreporting costs and 

benefits experienced by firms turns strongly in favour of mimicking behaviours, further evidence 

suggests that this outcome can be mitigated, although not changed. In fact, additional analyses 

show that higher misreporting costs, represented by external monitors’ presence, weaken the 

intensity of firms’ mimicking such detrimental practices.  

Similarly, the empirical findings of the second chapter have highlighted that private firms 

are not immune from peer influence. In this case, firms exert a clear role in driving peers’ 
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misreporting choices and thus reinforcing each other in this commitment. Interestingly, peer 

influence intensifies in income-decreasing earnings management, suggesting that mimicking 

behaviours are not the mere results of a tournament among companies in which firms exaggerate 

their earnings. On the contrary, companies end up shaping their peers’ incentives and opportunities 

to misbehave financially. Coherently with the above interpretation, cross-sectional evidence 

emerges that firms address the pressure they are exposed to in a manner consistent with their 

reporting incentives. For instance, income-decreasing peer pressure motivates tax-aggressive firms 

to engage vigorously in income minimization; income-increasing peer pressure persuades firms 

wishing to raise new financing to adjust their numbers upwards. 

Finally, the third chapter has offered a key insight into how influential peers can be in 

shaping other firms’ choices. More specifically, the analysis reveals that the pervasiveness of income 

smoothing among Italian private firms is due to peer effects. Firm characteristics appear to explain 

only partially firms’ engagement in such practice, whereas peers’ misreporting actions are distinctly 

the leading driver of income smoothing policies. Notably, these findings support the intuition that 

the intensity of peers’ influence may be due to the attractiveness of each imitative behavior, in 

which case the strong signaling power of income smoothing, the absence of economic drawbacks, 

and its potential positive receptions from external parties would all ease the spread of accounting 

misbehaviors. 

Overall, the findings of this thesis make clear how the critical issues arising from a firm’s 

use of financial misreporting strategies do not end with the focal firm but produce far-reaching 

effects, commonly overlooked under the assumed independence of corporate decision-making 

processes. Remarkably, this phenomenon occurs even in questionable misreporting strategies, such 

as the real ones, resulting in two major problems. First, the propagation of such practices 

compromises earnings quality across and within industries. With an opaquer financial reporting 

environment companies might (or not) be significantly adversely affected but, certainly, 

stakeholders are. Ultimately, all external users’ decisions that rely on distorted information in firms’ 
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earnings reports become less effective and reasonable. Second, by making suboptimal business 

choices to influence earnings, firms not only sacrifice economic resources in the short term but 

also undermine their prospects in the long term. Indeed, even when optimal conditions are 

restored, companies may be unable to remedy the effects of previously made choices. Thus, when 

peer effects take place, at a minimum, internal parties and shareholders are systematically harmed 

and their interests ignored.  

In sum, due to peer influence, any negative effects usually resulting from financial 

misbehaviour are amplified and extended to more and more companies and related stakeholders. 

Moreover, the multiplier effects in the inefficient use of resources may easily affect the economy 

in its entirety, causing even companies to fall victim to the imitative mechanisms they have 

triggered.  

For these reasons, the empirical findings presented in this thesis should interest a broad 

audience of regulators, policymakers, researchers, and financial statement users. For instance, 

financial statement analyses basing their validity on the earnings quality of the companies being 

compared should be taken with extreme caution if peers have such an influential role. Also, in 

accounting research investigating misreporting choices, peers’ interactions should be explicitly 

recognized, and their impact neutralized, to clearly analyze any other specific aspect. Most 

importantly, since peer effects determine social multipliers, our findings have considerable 

implications for regulators and policymakers interested in curbing firms’ financial misbehaviors. 

Although our knowledge of the dynamics underlying imitative phenomena is still at an early stage, 

these insights should be taken into proper consideration and employed, at least prospectively, in 

regulatory and policy decision-making to prevent and manage corporate misbehaviors in a more 

effective way. Obviously, more analyses are necessary for a deeper understanding of the issue and 

the complete exploitation of peers’ interactions for policy implementation purposes. In this sense, 

subsequent studies could also build upon the three main limitations of our investigation. 
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We acknowledge that the first empirical investigation would be valuably enriched if 

additional sources of heterogeneity on the benefits and costs side of the trade-off experienced by 

firms were examined. While external monitors have proven to be effective constraints in REM 

mimic propensity, several other factors might play an important role as well, either in enhancing or 

dampening the imitative phenomenon. Hence, uncovering which factors matter in the decision to 

follow peers appears to be a promising area for further research.  

As regards the second analysis, database limitations and research design made it unfeasible 

to employ a more extended time, thus resulting in a sample period of only six years. However, the 

paucity of peer effects studies in private settings and the potential of peer influence to involve 

significantly more companies and do more harm than elsewhere would make it essential to extend 

the timespan of this analysis. Overall, there is significant room for additional research on peer 

influence in private firms’ choices. 

Finally, the main constraint of the third study is the lack of evidence as to which companies 

are the most emulated. Along this line, identifying the triggering, or the most influential, companies 

might be an important step towards a better understanding of the mimic phenomenon. 
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